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In the post-pandemic era, hMOOC (hybrid MOOC) is developed by 

integrating MOOC into on-campus learning and taken as MOOC 3.0. However, the 

majority of previous literature pays attention to the theoretical discussion of hMOOC 

design rather than the empirical research of hMOOC success. Therefore, this thesis 

aims to explore undergraduate learners’ actual perceptions towards hMOOC learning 

and build a mechanism to examine the predictors and outcome of the learner 

engagement and knowledge sharing. A mixed methods design was conducted to make 

a broad and in-depth survey. For quantitative research, 750 samples were selected in 

Fujian, China by adopting a self-administered questionnaire through wenjuanxing 

website. Afterwards, descriptive, reliability, validity, path and mediation analysis 

were conducted on the basis of SPSS and AMOS program for hypothesis testing. For 

qualitative research, a semi-structured interview was conducted towards 6 

undergraduate students from top, medium and low rank of universities in Fujian, 

China. An inductive analysis was made by coding significant themes. The findings of 

quantitative and qualitative research are shown as follows. 

As for the functions of MOOC in hMOOC learning, statistical analysis 

demonstrated that most of Chinese learners suggested MOOC had provided the added 

value and driver to traditional classroom learning, indicating the strong support of 

Chinese government and institution in fund, policy, teaching facilities and etc. in 

hMOOC learning. Qualitative results further revealed another function of MOOC 

under the context of hMOOC learning, “connector”, demonstrating the strong 

tendency of interaction between student-student and student-instructor in hMOOC 

learning. As for the relationship between presage and process of hMOOC learning, 

quantitative findings indicated motivation belief, system and relational quality 
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positively affected learner engagement. However, instructor quality negatively 

affected learner engagement, in that task quantity and task difficulty assigned by the 

instructor was beyond the acceptance of learners, which is obtained in qualitative 

results. What’s more, content quality indirectly affected learner engagement via 

motivation belief, stating that only if learners consider MOOC content in consistence 

with their value belief, they will invest in their input. Meanwhile, motivation belief, 

content, instructor, and relational quality positively affected knowledge sharing, but 

system quality predicted knowledge sharing negatively. Qualitative results further 

confirmed that some learners dislike centralized MOOC platform, but preferred 

decentralized platforms, such as Bilibili platform. As for the relationship between 

process and product of hMOOC learning, it’s found that there existed positive 

relationship between learning process and product of MOOC learning. However, 

learner engagement did not significantly predict academic performance statistically. 

Qualitative finding supported that even if learners enjoyed the hMOOC learning, they 

may not obtain good performance due to other factors, such as personal proficiency. 

As for the interrelationship between presage, process and product of hMOOC 

learning, both quantitative and qualitative results reported that learner engagement 

affected knowledge sharing positively. Learner engagement and knowledge sharing 

were two active mediators influencing the relationship between motivation belief and 

satisfaction, and between relational quality and satisfaction. 

This research provided four theoretical contributions to hMOOC research as 

well as practical implications in hMOOC learning for administrators, instructors, 

MOOC designers, technicians, and learners. As for limitation, this research is 

conducted only in Fujian Province of China. Further study can be conducted toward 

the whole country in China or make a cross-country comparison by taking cultural 

factors into consideration. Furthermore, mixed methods were adopted all from the 

self-report of learners, which cannot avoid subjective bias toward hMOOC learning, 

so a longitudinal study can be employed in the future by observing the hMOOC 

learning class for at least one semester. 
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CHAPTER 1 

 

INTRODUCTION 

 

The United Nations Educational, Scientific, and Cultural Organization has 

recently launched an initiative that more research should be carried out towards higher 

education UNESCO (2020), as the quality of higher education will contribute to better 

futures in the complex world. Nowadays, with the rapid development of information 

technology and Internet, great importance has been attached to improving the 

accessibility and adaptability of education (Kop, Fournier, & Mak, 2011) , bringing 

down the educational costs (Yuan & Powell, 2013), and even transforming traditional 

methods to promote lifelong learning and education quality (Garrison & Kanuka, 

2004; Charles R Graham & Robison, 2007). Thus, e-learning has become prevalent 

towards the learners in higher education. E-learning refers to a dynamic and 

immediate learning environment where students can improve their learning quality 

based on the Internet through which resources and services are provided together with 

exchange and collaboration in a virtual world (Jeong & Hong, 2013). Online and 

blended learning (OBL) is regarded as one type of e-learning, involving various 

instructional activities or courses by adopting technology to innovate learning 

(Boelens, Wever, & Voet, 2017). The most prevailing OBL at present is MOOC 

(Massive Open Online Course), which refers to open, large-scale courses provided by 

instructors and scholars in higher education, institutions, or organizations. In the era 

of post pandemic, the sustainability of MOOC is under a hot discussion.  Hybrid 

MOOC (hMOOC) is developed by integrating MOOC into on-campus learning and 

taken as MOOC 3.0 (Sandeen, 2013). Thus, hMOOC belongs to a kind of blended 

learning, aiming to enhance more interaction, engagement, and knowledge sharing 

(Halverson & Graham, 2019; B. Wu, 2021), which denotes the application of MOOC 

for sustainability.  
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1.1 Research Background 

1.1.1 Development of MOOC  

Being one of the most significant technological disruptions in Higher 

E ducation  in  the  past ten  years, M O O C  provides open access to anyone who 

participates in it via Internet and smart device without taking learners’ age, gender, 

education background or geographic location into consideration (Deng, Benckendorff, 

& Gannaway, 2019). MOOC can be subdivided into cMOOC (connective MOOC), 

xMOOC (instructor-directed MOOC), hMOOC etc due to diverse features and 

applications of MOOC (Sandeen, 2013).  

The term MOOC refers to Connectivism and Connective Knowledge, which is 

an online course designed and delivered by George Siemens and Stephen Downes at 

the University of Manitoba in 2008 (Daniel, 2012; Liyanagunawardena, Adams, & 

Williams, 2013). They intend to explore more opportunities for the large number of 

participants to conduct an interaction by means of online tools so that a richer learning 

environment will be created in comparison to the traditional learning environment. 

Accordingly, the first generation of MOOC was grounded in connectivism theory, 

which is titled as cMOOC in the hope of assisting learners in integrating resources, 

exchanging ideas, and managing knowledge (Stephen Downes, 2008). Thus, cMOOC 

tends to be more autonomous, open and interactive in teaching. 

As for the second generation, it comes from the three courses for free online 

that were offered by Stanford University in 2011. One course, titled as Introduction to 

Artificial Intelligence, offered by Dr. Peter Norvig and Sebastien Thrun, was launched 

and received over 160,000 students registering for it from all over the world. More 

than 20,000 students completed the course. Afterwards, Dr. Thrun, together with 

David Stavens and Michael Sokolsky, established a company named as Udacity in 

February 2012 which started to develop and provide free MOOCs (Pappano, 2012). 

Thereafter, two other Stanford computer science professors, Dr. Andrew Ng and 

Daphne Koller, started a company called Coursera in the same year, which also 

cooperated with some universities for offering various types of MOOCs. Meanwhile, 

MIT developed the MITx platform and edX was formed when they partnered with 

Harvard for providing MOOCs. All these platforms provide xMOOCs, providing high 

https://www.udacity.com/course/cs271
https://www.udacity.com/course/cs271
http://norvig.com/bio.html
http://en.wikipedia.org/wiki/Sebastian_Thrun
http://en.wikipedia.org/wiki/Sebastian_Thrun
https://www.udacity.com/
http://cs.stanford.edu/people/ang/
http://ai.stanford.edu/~koller/
https://www.coursera.org/
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quality resources, clear instructional design, centralized platform and services (Ng & 

Widom, 2014). xMOOC puts less emphasis on the interaction between students but 

more on the possibilities of obtaining a large number of learners. As the number of 

MOOC reached the peak after the three MOOC providers (edX, Coursera, and 

Udacity) were founded, this made 2012 dubbed as “the Year of MOOC” (Pappano, 

2012). 

Since 2012, MOOC has experienced the high development as they provide 

those people, who did not have the opportunity previously to go to school for 

economic reasons or lack of qualifications, with a variety of options for professional 

development and lifelong learning, as well as the opportunity to receive open (higher) 

education. Until 2020, because of the pandemic, M OOC providers have entered 

another stage of fast development by absorbing large audience for the free online 

courses offered by top universities. According to data from Classcentral, providers, 

such as Coursera, edX, Future Learn, etc, launched over 2800 courses (totally 16.3 K 

courses), 19 online degrees (totally 67 degrees), and 360 micro-credentials (totally 

1180) in 2020, attracting about 180 million learners involving 950 universities, 

excluding China. Accordingly, MOOC reached a broader population during the 

pandemic, which made 2020 named as “the second year of the MOOC”(Shah, 2020b).  

Nevertheless, MOOC also suffers from much criticism for the low completion 

rate and inactive engagement on line (Anders, 2015).Therefore, based on social-

cognitive constructivism, there appears a new generation of MOOC: hMOOC 

(Francisco José García-Peñalvo, Fidalgo-Blanco, & Sein-Echaluce, 2018), which is 

created to improve applicability and sustainability of MOOC by integrating MOOC 

into on-campus learning and balancing the strengths and weaknesses of cMOOC and 

xMOOC (Lane, 2012). As one type of blended learning, hMOOC is beneficial to 

strengthen the relationship between learners and instructors, bring more engagement 

and knowledge sharing behavior, and finally enhance effective learning results 

(Tomkins & Getoor, 2019).  
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1.1.2 Development of MOOC in China 

The development of MOOC in China can be dated back to November 2011, 

when Chinese universities offered 20 online courses through the Open Courseware 

platform. However, XuetangX (2022), as the first MOOC platform in China, was 

launched in October 2013 by Tsinghua University. Since then on, other Chinese 

leading universities, such as Peking University (PKU) and Shanghai Jiaotong 

University (SJTU) also established their own MOOC platforms or joined th e 

international MOOC Alliance, which made the year 2013 named as “The year of the 

MOOC” in China (Guo, 2014). According to the data released at the first global 

MOOC conference in Beijing in 2020, China has more than 30 MOOC platforms, 

34,000 such courses and 540 million participants in these courses, and 150 million 

university students have received credits making the country rank No. 1 in the world 

when taking the size of MOOCs into account (Shah, 2020a). 

Since China is the largest higher education market in the world (25 million 

undergraduates) and has the largest Internet population (390 million users) (Wong, 

2020), MOOC has considerable influence and strong potential in higher education 

without doubt.  In China, the name MOOC not only means large-scale online courses, 

but also means anything related to e-learning and education technology. Part of the 

reason for the rise of MOOC in China is that educational supply falls short of demand 

(Reich, 2015). China shares the similar marketable skills in comparison to the US, 

such as computer programming, web design, and data science. Nevertheless, China 

also has the other features which make itself stand out of the MOOC market.  

To begin with, the surge of Chinese MOOC is attributed to the development of 

educational apps and online platforms in recent years. Instructors can select a 

collaboration platform that supports live streaming, or they can shoot video lessons 

beforehand for students who can’t access the internet in real time. Shortly after, live 

stream classes become prevalent at schools and universities nationwide. 

China has several long traditions being beneficial to the development of 

MOOC. First, it has been a long history of distance education in China, so MOOC is 

regarded as an extension of that work instead of a novel phenomenon. Second, under 

the deep influence of the Confucian tradition, Chinese education usually puts high 

emphasis on the hard work of instructors who act as revered orators while students 

https://www.classcentral.com/help/moocs
https://pdfs.semanticscholar.org/07ff/a996d12fff4691ead559912a41cdf31d54b3.pdf
https://en.wikipedia.org/wiki/OpenCourseWare
https://www.classcentral.com/report/xuetangx/
https://www.classcentral.com/university/tsu
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should memorize and synthesize the knowledge transcended from their instructors. As 

a consequence, equity has been achieved as teachers demonstrate the presentations 

and provide equal opportunities for students to hear and process them (Hansen & 

Reich, 2015; Reich, 2015). Accordingly, such conventional approach (being teacher-

centered) narrows the gap between listening in a lecture hall and listening online, 

which makes xMOOC learning easily acceptable to many Chinese learners.  

Besides the above two features, MOOC in China is also a government-spurred 

educational innovation in the hope of resolving education equity. “Quality revolution” 

of online education in China is coming. Chinese government has made policies to 

support the construction, operation and development of online education. For 

example, China’s Ministry of Education announced an initiative to recognize the 

nation’s best M OO C  in July 2017. The “Six Excellences and One Top” plan 2.0 

released in 2018 from the China’s Ministry of Education clearly states that higher 

education has shifted from scale expansion to connotative development. It is highly 

recommended building about 4,000 online “golden courses” (national excellent 

MOOCs), and about 6,000 online and offline hybrid courses etc., reflecting the pursuit 

of improving educational system quality and openness from the Chinese government. 

It is reported that about 1875 national recognized MOOCs and 868 hybrid courses 

have been confirmed by the end of 2020 in China. More importantly, the release of 

China MOOCs Action Declaration in 2019 marks the strategic position of MOOC in 

China’s national education, which emphasizes the application, construction, learning, 

and management of MOOC and incorporates MOOC in the national education 

development strategy. According to the statement of Y. Wu (2018), who led China’s 

Higher Education Department, MOOC is critical to reform China's traditional, 

cramming teaching model with the focus on quality, fairness, and openness as well as 

the student-centered learning and teacher-led instruction.  

Besides that, in response to the pandemic crisis, the Chinese government has 

called on the entire country to “suspend classes without stopping teaching and 

learning”, prompting teachers and students across the country to carry out online 

education on an unprecedented scale. Chinese universities will also provide high-

quality English courses to students around the world through international online 

teaching platforms and promote a large number of open online courses. Two online 
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teaching websites, www.icourse163.org and www.xuetangx.com, are first included in 

the program. According to the news report from Chinadaily (2020), a committee will 

be established by the Ministry of Education in China so as to push forward the 

platform and curricula construction. Meanwhile, an expert team will be set up to 

direct the operation and management of the platform. 

In short, the MOOC in China having got such a rapid development within 8 

years is attributed to 3 features: information and technology innovation, Chinese long 

traditions, and government support, which will drive MOOC easily adapted in China 

by expanding the access of resources adoption and enhancing equity in higher 

education. In the post-pandemic era, China’s education has entered a new stage of 

high-quality development. Integrating the advantages of MOOC and online education 

into traditional classroom learning will help build a lifelong learning system for all 

with more flexible methods, richer resources, easier learning, and foster learning 

opportunities beyond schools anytime and anywhere. 

Nevertheless, relatively little is known about the actual learning experience 

and results for the on-campus learners who take a hybrid course by integrating 

MOOC into classroom. More empirical research should be conducted towards MOOC 

and hMOOC (Cornelius, Calder, & Mtika, 2019), so as to explore more factors 

affecting the quality of online and blended learning, which will ensure the 

sustainability of e-learning and improve the quality and flexibility of higher 

education. 

 

1.1.3 Previous Research on MOOC 

The early MOOC research (2008-2012) gave priority to introduction and 

concept, case studies, educational theory, technology, participant and provider 

(Liyanagunawardena, Lundqvist, & Williams, 2015; Schuwer et al., 2015) . For 

example, Fini (2009) made an early attempt to explore the technological dimensions 

of MOOC through a case study of CCK08 course. Kop et al. (2011) adopted a data-

mining method to research participants learning through network based on two 

MOOCs and concluded that there exist deficiencies in support structure. Also, they 

suggested four types of learning activities of MOOC: aggregation, remixing, re-

purposing and feeding forward.  
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After that, more empirical studies have been explored particularly for the 

predictors of retention or dropout in MOOC between 2014 and 2016 (Khe Foon Hew 

& Cheung, 2014; Yuan, Powell, & Olivier, 2014). K. Jordan (2014) discussed factors 

affecting enrollment and completion of MOOC and found that MOOC completion 

rates were quite low, that is, merely 6.5% of enrollers completed the course, which 

was in consistence across time, university rank, and total enrolment, but negatively 

correlated with course length. Greene, Oswald, and Pomerantz (2015) adopted 

survival analysis to examine the predictors of retention and achievement in a MOOC 

and found that learners' expected investment (including level of commitment, 

expected number of hours devoted to the MOOC, and intention to gain a certificate) 

was related to retention. On the contrary, Hone and El Said (2016) found that MOOC 

course content and instructors would predict MOOC retention significantly while 

perceived effectiveness played a mediating role. However, there were no significant 

differences in completion rates concerning gender, level of study (undergraduate or 

postgraduate) or MOOC platform.  

Since 2016, some scholars have found that MOOC completion rate cannot be 

regarded as a sole measure of success of MOOC learning (Henderikx, Kreijns, & 

Kalz, 2017). Other measures should be included such as learner engagement, user 

satisfaction, learning performance or adoption of MOOC (T. Phan, S. G. McNeil, & 

B. R. Robin, 2016). Therefore, more predictors have been examined. For example, de 

Barba, Kennedy, and Ainley (2016) explored the effect of motivation and participation 

on students' performance in a MOOC and the findings indicated that participation was 

a strongest predictor of performance, and motivation and situational interest played 

mediating roles between them. Sunar, White, Abdullah, and Davis (2016) investigated 

learners' social behaviors in MOOC and the impact of engagement on course 

completion. They found that social interaction was a vital factor affecting completion. 

M. Yang, Shao, Liu, and Liu (2017) investigated the quality factors that supported the 

acceptance of MOOC. H. H. Yang and Su (2017) probed willingness of learners to 

attend a practice-oriented course delivered through a M O OC platform  and 

investigated relationships among perceptions, behavioral intentions, and actual 

behavior. Watson, Watson, Janakiraman, and Richardson (2017) found course length, 

pace, scope, and difficulty affected MOOC learning. Williams, Stafford, Corliss, and 
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Reilly (2018) revealed that age was positively correlated with MOOC participation, 

motivation was different among course disciplines and the relationship between 

learner goals and engagement is also diverse in various types of MOOC. J. Y. Hsu, 

Chen, and Ting (2018), adopted the social support theory to examine behavioral 

intention for MOOC and found that sense of community influenced learners' behavior 

intention. L. Ma and Lee (2019) further studied the adoption of MOOC, extending 

current investigation to innovation and technology adoption for facilitating the spread 

of MOOC in developing countries.  Rabin, Kalman, and Kalz (2019) conducted an 

empirical investigation of the antecedents of learner-centered outcome and identified 

how MOOC participant characteristics and pre-course disposition affected participant 

learning behaviour in the course. In addition, how do all of these variables predict the 

learning outcomes: learner satisfaction and intention-fulfillment? Y. Sun, Ni, Zhao, 

Shen, and Wang (2019) developed a model that indicated the MOOC engagement 

consisted of psychological engagement and behavioral engagement and probed the 

antecedents of students’ engagement in MOOC. Similar research has been conducted 

by many scholars to discuss the learner engagement under the context of MOOC 

learning (de Freitas, Morgan, & Gibson, 2015; Khalil & Ebner, 2017; Y. Sun, Guo, & 

Z hao , 2020). In  add ition ,  D. Lee, Watson, and Watson (2020) exam in ed  th e 

relationships among the use of self-regulated learning strategies, task value and  self-

efficacy by MOOC learners from a social cognitive perspective. K. P. Gupta and 

Maurya (2020) conducted a longitudinal study of students' behavioral intention by 

investigating the factors underlying the adoption, completion and continuance of 

MOOC. Shi, Tong, and Long (2021) adopted mixed methods to examine the 

relationship between blended synchronous learning and cognitive engagement by 

taking motivation as a mediator.  From the above review, it is concluded that MOOC 

research is under the rapid development from the facilitator and indicator to learning 

progress and outcome. The majority of research is conducted in quantitative research 

instead of qualitative research and mixed methods.  
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1.1.4 Previous Research on hMOOC 

hM O O C  as an effective application of MOOC belongs to a kind of blended 

learning, which also has gained much attention of scholars with its much advantage 

over cMOOC and xMOOC, including increased flexibility and personalization due to 

diversified learning pathways (Horn & Staker, 2017); rich MOOC resources as digital 

textbooks (Sandeen, 2013); a balanced mixture of high-quality instructional materials 

and social learning experiences (Anders, 2015); enhanced socially-engaging 

experiences contributing shared value and knowledge of learners (Stacey, 2014). 

Some scholars start to study the impact of hMOOC (Zhang, 2013), or make a 

comparison between hMOOC learning and traditional learning (Joseph & Nath, 

2013). However, more study focuses on the design of hMOOC and discusses its 

effectiveness (Sandeen, 2013). To name only a few, Anders (2015) summarized 

content-based, community/tasked-based, and network-based types of hMOOC; Zhang 

(2013) proposed 5 models, and Kloos, Muñoz-Merino, Alario-Hoyos, Ayres, and 

Fernández-Panadero (2015) documented 6 hybrid models.  Nevertheless, most of the 

literature lays the emphasis on theoretical discussion. As for empirical research, 

Francisco José García-Peñalvo et al. (2018) presented a case study based on an 

adaptive hM OOC model and confirmed the feasibility of this model for the 

improvement of current MOOC. Zhou et al. (2018) designed an enhanced variance of 

MOOC, named as Collaborative Open Online Courses (COOC), by combining the 

advantage of high-quality online resources and face-to-face classroom teaching. They 

carried out an experiment and found that by adopting third party’s platform such as 

GitHub, COOC not only took advantage of the strength of MOOC and classroom 

learning, but also promoted the collaborative construction and improvement of 

courses for learners. Conijn, Van den Beemt, and Cuijpers (2018) conducted 

quantitative research to explore student performance in a blended MOOC. They 

defined student performance as obtaining personal objectives. The results showed that 

all aggregated MOOC activity frequencies were positively related to on‐campus exam 

grade. Accordingly, it is concluded that the majority of scholars comes into the 

agreement with the importance of hMOOC as an educational innovation and will 

make the quality education assessable all round the world (V. Gupta & Jain, 2017) .  
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1.2 Research Gap 

Even though scholars and practitioners show strong interest in the potential of 

e-learning, such as hMOOC, more research is on the theoretical discussion of 

hM OOC learning design rather than the  empirical research of hMOOC learning 

success, which is highly recommended by the Ministry of Education in China. 

Meanwhile, with “quality revolution” of online education in China, the analysis and 

evaluation of MOOC learning and its functions in hMOOC learning from the 

perspective of learners is very crucial. Learner engagement is regarded as one of 

important determinants and learning process affecting MOOC learning success, which 

has gained increasing attention in recent years (Buelow, Barry, & Rich, 2018). 

However, there are not many studies exploring the learner engagement of hMOOC in 

China and other developing countries. Admittedly, there exist some surveys exploring 

internal factors of learner engagement, such as self-efficacy and engagement, task-

value and engagement (M. L. Johnson & Sinatra, 2013), or external factors such as 

system or technical factors (Henrie, Halverson, & Graham, 2015) , most of which is 

for traditional classroom learning or online learning instead of blended learning in the 

US or European countries. In China,  some scholars explored the relationship between 

motivation regulation and learner engagement or the effect of teacher support on 

learner engagement in the hybrid context (Ren, 2021; Sha, Kan, & Li, 2020), but such 

research is quite scant and few studies are examined towards the effect of learner 

engagement on hMOOC learning outcome. T h u s , m o re  re sea rch  is  n eed ed  to 

understand the factors affecting learner engagement and discuss its outcome in 

Chinese hMOOC learning contexts.  

Meanwhile, knowledge sharing is mostly explored in commercial and public 

fields for donating and collecting knowledge within a group or organization. 

Relatively few studies are concentrated on the impact of knowledge sharing in the 

education sector. However, hMOOC learning provides more opportunities for learners 

to exchange their experience and information through MOOC platform, which is 

essential to ensure the quality of hMOOC learning. Therefore, it is significant to 

examine knowledge sharing in the education field, reflecting learners’ active online 

learning process.   
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Furthermore, the previous literature tends to conduct the empirical research of 

MOOC or hMOOC learning in a single research method. For example, Manwaring et. 

al (2017) explored the student engagement in a quantitative research and Eriksson, 

Adawi, and Stohr (2017) adopted a qualitative study to explore the reasons of 

students’ dropping out of MOOC. However, it is not enough to adopt only one 

research method for making a holistic analysis and offering a broad but in-depth 

understanding towards hMOOC learning success. Therefore, mixed methods can be 

adopted by adding more variables to build a mechanism including the determinants 

and outcomes of learner engagement and knowledge sharing in this research, so that 

some hidden evidence will be revealed and the interrelations will be explored between 

the various constructs, the result of which will reflect the real experience of learners, 

and provide a more comprehensive understanding towards hMOOC success.   

 

1.3 Research Objectives and Research Questions  

To address the research gap, this thesis aims to conduct an empirical research 

by exploring undergraduate learners’ actual perceptions towards hMOOC learning in 

the Chinese context and build a mechanism to examine the predictors and outcome of 

the learner engagement and knowledge sharing based on an adapted 3P model via 

mixing the theory of expectancy value, IS success model, social capital theory, 

knowledge sharing and engagement. A mixed-methods design will be conducted to 

make a broad and in-depth survey from the prospective of hMOOC learners. T h e 

main objectives of this study are:  

1)  To clarify the main functions of MOOC in hMOOC learning; 

2)  To explore the factors affecting the learning process of hMOOC; 

3)  To explore the effect of learning process on the product in hMOOC 

learning;  

4) To understand the interrelationship among presage, process and 

product of hMOOC learning. 

These objectives are proposed to help build a holistic view towards the factors 

influencing hMOOC learning success by mixing quantitative and qualitative findings. 

Based on the above objectives, the research questions are proposed as follows:  
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1) RQ 1: What are the undergraduate learners’ perceptions about 

MOOC functions in hMOOC learning of the Chinese universities?  

2)  RQ 2: How do learning presage (personal, environmental and social 

factors) affect learning process (learner engagement and knowledge sharing) in 

hMOOC learning of the Chinese universities?  

3)  RQ 3: How do learning process affect learning product (emotional 

and academic outcome) in hMOOC learning of the Chinese universities? 

4) RQ 4: What is the interrelationship among presage, process and 

product of hMOOC learning in the Chinese universities?  

 

1.4 Significance of the Study 

1.4.1 Theoretical Significance 

Firstly, 3P model, originally designed for traditional learning in higher 

education, now is adapted into the Chinese context of non -traditional hMOOC 

learning.  

Secondly, based on the original framework of “presage-process-product”, 

more dimensions are included by integrating the theory of expectancy valu e, IS 

(information system) success model, social capital theory, knowledge management 

and leaner engagement, which will enrich the connotation of presage and process. For 

example, in the presage, personal factors and instructor factors are often discussed in 

the previous literature, but now environmental factors are included based on IS 

success model which is closely related to technology quality. Knowledge sharing is 

also added based on knowledge management theory, regarded as a process construct 

together with learner engagement. Therefore, 3P model is modified by improving the 

constructs of presage and process.  

Thirdly, IS success model is originally adopted for examining the quality of 

information system, being composed of service quality, system quality, information 

quality (Delone & Mclean, 2003). However, IS success model is adapted by combing 

service quality and system quality together in this research and changing information 

quality into content quality, so that system and content quality are two dimensions 

revealing the environmental quality of hMOOC learning, which has different 
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connotations in comparison to the original IS success model.  

Finally, a functioning mechanism is developed and examined by combining 

the quantitative and qualitative results to explore the predictors and outcome of 

learner engagement and knowledge sharing under the context of hMOOC learning. 

 

1.4.2 Practical Significance  

To begin with, hMOOC learning is taken as an interacting ecosystem. 

Learning outcomes are composed of academic performance and learner satisfaction, 

revealing the academic and emotional results after hMOOC learning. This kind of 

comprehensive assessment of learning will provide an all-around understanding for 

the hMOOC instructors and assessors towards the quality of hybrid learning, deepen 

the application of MOOC into the classroom and thus promote the process of e-

learning in higher education of China.  

In addition, the quantitative and qualitative findings of this research will help 

instructors and administrators of higher education to conduct a more efficient 

management towards e-learning so as to improve the quality of e-learning, 

particularly hMOOC learning in higher education. 

What’s more, it will improve the engagement and sharing behavior of learners 

in hMOOC learning which may help keep the sustainability and development of e-

learning.  

  



 

 

CHAPTER 2 

 

LITERATURE REVIEW 

 

In this section, research context is first addressed which will clarify the 

difference among cMOOC, xMOOC and hMOOC. Besides that, the situation of 

MOOC application, especially hMOOC in China is further introduced. Afterward, 

based on the illustration of related theory and literature, a theoretical framework and 

conceptual model are to be built accordingly.  

 

2.1 Research Context 

Francisco José García-Peñalvo et al. (2018) indicates that a MOOC usually is 

composed of some essential components that are necessary to help manage and 

organize the online course including 1) space for organizing resources and activities; 

2) the design, scope and management of resources; 3) the design, scope and 

management of activities; 4) the pedagogical methodology; and 5) course 

sustainability. Based on these elements, different models of MOOC will be analyzed 

as follows based on the development of MOOC.  

 

2.1.1 cMOOC Model  

As the first generation of MOOC, cMOOC refers to connective MOOC and 

shares the features of autonomy, openness, diversity, and interactivity, but has flexible 

and distributed content (S Downes, 2013), which includes CCK08, PLENK2010, 

MobiMOOC (2011 and 2012), EduMOOC (2011), Change11, LAK12, CFHE12, and 

Oped12 (Rodriguez, 2012). They have the following features.  

1)  Space for organizing resources and activities. cMOOC learners are 

encouraged to collect and share their own meaningful information creatively through 

MOOC platform (S Downes, 2013).  
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2)  The design, scope and management of resources. cMOOC centers 

on content and takes the instructor as a mediator. The instructor will not prepare and 

manage the resources purposely. Instead, participants contribute the resources through 

recommending, searching, identifying and creating, so that the content of the course is 

enriched with the contribution of learners. Therefore the resources are characterized 

by being generated, open, decentralized and networked (Rodriguez, 2012).  

3)  The design, scope and management of activities. The participants 

will create the activities depending on their own needs while the instructor does not 

play a fundamental role. It involves activities such as (1) aggregation (access to lots of 

content resources), (2) relation (reflection on the aggregated content through 

blogging, discussion boards, and related technology), (3) creation (assignments or 

expectations that participants would create new ideas, and (4) sharing (of created 

content with other participants) (Kop, 2011).Therefore, the activities may be 

personalized and not the same in their outcomes (Francisco José García-Peñalvo et al., 

2018). 

4)  The pedagogical methodology. S Downes (2013) considered that 

knowledge was the set of connections that together formed a network. The 

connections keep changing, developing and strengthening when participants gain the 

increasing experience, which will bring more knowledge creation. Kop (2011) 

believed that connectionism advocated a learning organization, in which knowledge 

system can be transferred from educators to learners and learning was not limited to a 

single environment. Instead, knowledge is spread through the Internet, and people’s 

participation in it constitutes learning. Therefore, cMOOC is based on the theory of 

connectivism and informal training, with a high emphasis on human initiative, learner 

participation, and creativity through a dynamic connectivity network afforded through 

online technology. cMOOC encourages the activities of participants, and the 

evaluation of learning performance depends on the results of resources contributed by 

the participants. 

5)  Course sustainability. The course is recycled and used repeatedly, 

through which the resources generated by the learners become web resources. Thus, 

they can be put into use for the more learners in a continuous and autonomous 

manner. 
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To sum up, the strength of cMOOC includes facilitating self-directed learning, having 

participant-driven and community-generated learning materials while the weakness is 

the organization of learning may be disorder and decentralized, and information flow 

involves both high and low quality. 

 

2.1.2 xMOOC Model 

As the second generation of MOOC, xMOOCs provide instructor-directed 

courses and have been delivered by adopting a centralized X platforms, such as 

Coursera and edX, and services including learning managements systems (LMS) 

(Anders, 2015; Fidalgo-Blanco, Sein-Echaluce, & García-Peñalvo, 2015). Rodriguez 

(2012) adopted AI-Stanford, CS101 from Udacity, and other MOOCs from EdX and 

Coursera in order to make a xMOOC analysis. He finally concluded that xMOOCs 

may be more appropriate for learning where there were clear right and wrong 

answers. The features are as follows. 

1)  Space for organizing resources and activities. The operation of 

xMOOC is based on cloud-based learning management platforms, such as Edx and 

Coursera in the US, Futurelearn in the UK, icourse in China, open2study in Australia, 

and school.jp in Japan. Through these platforms, all the resources and activities are 

organized by the instructor, which is composed of several modules and sections in a 

sequential way.  

2)  The design, scope and management of resources and activities. 

xMOOC provides open access to anyone who enrolls in the MOOC, where the 

structured resources and activities are provided. Based on a platform, the instructor 

provides a sequence of video lectures about 4-10 minutes, clear learning objectives 

and curriculum plan, additional reading materials, integrated unit quizzes, online 

discussion forum, summative testing and etc.  

3)  The pedagogical methodology. Anderson and Dron (2011) try to 

classify the three generations of distant education and consider that cognitive-

behaviorism is one of significant theories, which means that learning is hierarchical, 

centrally controlled by experts and can be replicated and transmitted at scale to 

learners. Accordingly, this theory is quite applicable to xMOOC, in that xMOOC is 

characterized by content-base, declarative knowledge, instructor-directed and 
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determined learning, being highly structured and controlled, but having a 

comparatively low level of autonomy. 

4)  Course sustainability. The course can have pre-set start and end 

dates. When the course is finished, it can be restarted and carried out with the same 

setting adopting minimal changes in resources and activities. Therefore, xMOOC has 

a long and recycled usage for broader online participants.  

In short, xMOOC seeks to maximize economies of scale on the supply side, 

where large numbers of learners can be served with big investments in high-quality 

educational products or services (Anders, 2015). The strength of xMOOC is to 

provide high quality resources and clear instructional design including learning 

objectives, weekly online activities and e-assessment. However, xMOOC currently is 

under scrutiny due to lack of enough social engagement, applied practice and 

formative feedback (Guàrdia, Maina, & Sangrà, 2013; Hollands & Tirthali, 2014; 

Stacey, 2014).  

 

2.1.3 hMOOC Model  

hMOOC refers to hybrid MOOC, and sometimes named as MOOC 3.0 

(Sandeen, 2013), which integrates MOOC or MOOC-related technologies into 

traditional higher education and it is the reuse of MOOC for hybrid education 

(Fidalgo-Blanco, Sein-Echaluce, & García-Peñalvo, 2016; Perez-Sanagustin, Hilliger, 

Alario-Hoyos, Kloos, & Rayyan, 2017). Some researchers call it bMOOC (blended 

MOOC) that is aimed to bring in-class interactions and on-line e-learning component 

together (Conijn et al., 2018), so it belongs to a kind of blended learning, the purpose 

of which is to balance the advantage and disadvantage of both the xMOOC and 

cMOOC in order to cater for specific audiences (Lane, 2012). There are various types 

of derivations under hMOOC. For example, Haavind and Sistek-Chandler (2015) 

blended project-based learning and MOOC, which makes it named as pMOOC (T. 

Phan et al., 2016) while Fox (2013) recommended SPOC (small private online 

course), which merely involves a small number of participants after paying a sum of 

fees for enrolling and considering MOOC usage as a supplement to classroom 

learning.  
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Although there are various types of hMOOC, they still share the following 

features:  

1) Space for organizing resources and activities. The hMOOC is 

composed of formal learning including face-to-face learning and informal learning 

through a social network and a specific MOOC platform.  

2) The design, scope and management of resources. Initially, the 

instructor prepares a number of resources organized in modules and sections through 

one platform, which shares the features of MOOC. Meanwhile the resources are also 

generated by the participants in the face-to-face classroom, in the social network such 

as QQ or twitter or in some apps such as Rain Classroom and Mu Classroom (smart 

toolbox supporting blended learning) etc. in China, which can be used or reused. 

3)  The design, scope and management of activities. Various types of 

activities are designed by instructors, such as task-based or community-based 

activities, being conducted through the MOOC platform, in the classroom or in the 

social network. Meanwhile, they can be evaluated on the MOOC platform or in the 

classroom.  

4)  The pedagogical methodology. hMOOC is based on the theory of 

social constructivism which emphasizes that learning will occur under the social 

interactive context. Therefore, hMOOC with content and activity orientation belongs 

to a kind of blended learning which entails formal and offline learning accounting for 

50%-80% of the total class hours and informal and online learning occupying 20%-

50% of the total class hours.  

5)  Course sustainability. As for offline learning, instructors from the 

formal institution and organizations will provide an on-campus course based on the 

curriculum which is similar to the traditional education. However, informal learning 

shares the features of MOOC learning, which is considered as a supplement or 

extension of the formal learning and can be recycled and reused in a continuous way.  

hMOOC offers an unlimited number of possibilities for innovating the education, 

which is designed to meet various needs of institutions or personals. The following 

provides some typical hMOOC frameworks from the previous literature.  

Sandeen (2013) found out the different categories of hMOOCs in the US in 

2013. The first is credit recognition, through which the college and university would 
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grant the credit for learners when they had got the approval of faculty or completed all 

assessment required by the university. This model was first adopted by the University 

of Helsinki, Finland in 2012. The second is recognition of prior learning that 

considers MOOC completion as additional information when students apply for an 

admissions process of a university. The third is content licensing which is the most 

popular to the university. Many universities agree to include the certified MOOC 

content into campus-based credit courses in a flipped or blended model. The fourth is 

reciprocal arrangement including the sharing of online sources distributed among a 

group of MOOC content importers.  

Anders (2015) suggested 3 types of hMOOC. The first is content-based 

hybrids. It includes a blended or flipped learning (adopting xMOOC materials into 

traditional university setting) and self-organized social networks (organizing online 

and offline study group by participants). The second is community and task-based 

hybrids. The task-based hMOOC puts emphasis on activities, assignments and 

projects that promote participation in practice while community-based hybrid usually 

incorporates open network participants into a single small-group course of the 

university supporting group courses across multiple universities. The third is network-

based hybrid. It is aimed at a more dispersed and diverse audience, while maintaining 

the main emphasis on learner autonomy and the realization of open learning 

experience. 

Perez-Sanagustin et al. (2017) proposed 4 types of models from the 

perspective of institution support, that is the support from the higher education 

institution based on the curriculum. 1) MOOC is taken as a service. Participants join 

in the MOOC voluntarily, the content of which is not directly related to the course in 

the curriculum. Thus, institutions provide low support for participants. 2) MOOC is 

considered as a replacement, where the MOOC takes the place of a traditional course. 

The content of MOOC is directly related to the existing courses in the curriculum, so 

participants conduct an autonomous learning, but institutions support little. 3) MOOC 

is taken as a driver, which means that a traditional course syllabus is similar to the 

syllabus of a MOOC, so institutions provide strong support for hybridization. 4) 

MOOC is considered as an added value. Institutions provide all the support required 

to help students achieve the success in the course, but MOOC is considered as 
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additional resources and may not accord with the content of the traditional course in 

the curriculum. 

Yousef, Chatti, Schroeder, and Wosnitza (2015) discussed the usability of a 

blended MOOC environment. They found that many MOOC literature proposed 

different ways to design and embed the bMOOC environment (the same as hMOOC) 

in the field of higher education (Bruff, Fisher, McEwen, & Smith, 2013; Ghadirian, 

Ayub, Silong, Bakar, & Zadeh, 2014). However, Yousef et al. (2015) put emphasis on 

the learner-centered learning through bMOOC, in which learners took an autonomous 

way in managing their own learning activities. From the perspectives of MOOC 

participants, eight features are selected including blended learning, flexibility, high 

quality content, instructional design & learning methodologies, lifelong learning, 

network learning, openness, and student-centered learning (Yousef et al., 2015), based 

on which a framework of bMOOC is developed (see Figure 2.1). This framework 

converges the features of cMOOC, xMOOC, and face-to-face learning models, which 

leads to the model development of bMOOC. From Figure 2.1, cMOOC supports 

flexible and opening learning as well as provides space for self-organized and 

networked learning, in which learners can determine their own goals, show their view, 

and collaborate, create, and share knowledge. xMOOC tends to set a clear 

instructional design together with high-quality content, short prerecorded video, 

weekly activities and e-assessment. Face to-face learning also have some benefits 

such as direct feedback, extra support from instructors, and scaffolding. 
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Figure 2.1  Structure of bMOOC  

Source:  Yousef et al. (2015). 

 

Accordingly, it is concluded that hMOOC tends to make a convergence of 

cMOOC, xMOOC and face-to-face learning, which reveals the strength of 

community-orientation, guided social learning activities, feedback and support from 

instructors. One of the typical features of hMOOCs is disruptive and encourage more 

learners to participate with the help of technology. The success of hMOOC is largely 

determined by its effectiveness of knowledge sharing through interaction and 

communication online or offline.  

In China, the majority of MOOC belongs to xMOOC which has high quality 

content including short video, designed curriculum or teaching plan, weekly 

discussion topic and tests, weekly notice to remind students. Sometimes instructors 

provide live stream through MOOC platform for answering learners’ questions and 

promoting interaction. With the development of national elite MOOCs which have 

reached 1875 course by the end of 2020, the application of MOOC into the higher 

education has been highly recommended by the Ministry of Education in China. 

Therefore, hMOOC has aroused more attention in recent years, and the number of 

national recognized hybrid courses has reached 868 by the end of 2020. Such kinds of 
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hMOOCs usually take full use of the resources of national best MOOCs and 

instructors tend to develop various designs by integrating MOOC into classroom 

learning. Among them, SPOC is the most popular type highly supported in different 

higher educational institutions, which means universities will purchase the national 

best MOOCs and take them as SPOCs for their own students and instructors’ usage. 

Besides that, the third party, IS tools (information system tools), should be adopted 

for supporting blended learning. For example, Rain Classroom designed by the 

Tsinghua University is a good smart tool by connecting MOOCs on XuetangX (2022) 

platform with classroom learning. Mu Classroom connects MOOCs on China 

University MOOC platform with classroom learning while Xuexitong App provides 

the connection between Chaoxing Platform and classroom learning. Such IS apps are 

inseparable tools for conducting a blended learning, which has the following 

functions: 1) more interaction will be promoted in the classroom like barrage, vote, 

questionnaire, word cloud, etc.; 2) more quizzes and learning resources like audio, 

video, PPT and texts are provided through app; 3) online and offline data are both 

saved and shown through app. Therefore, instructors will try to make a personalized 

teaching based on MOOC and IS tools (Bonk et al., 2018). By customizing programs 

and evolving the teacher’s role with shared resources, hMOOC will substantially 

improve learning efficiency and student outcomes. 

Based on the previous review, the difference among cMOOC, xMOOC and hMOOC 

can be summarized in the following Table 2.1.  

 

Table 2.1  Difference of cMOOC, xMOOC and hMOOC 

Classification Pedagogical 

Theory 

Features Source 

cMOOC Connectivism 1. Sharing resources across web; 

2. Centering on content sharing 

and instructor mediating; 

3. Advocating learners to be more 

autonomous, open, diverse and 

interactive. 

(Stephen 

Downes, 

2008).  
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Classification Pedagogical 

Theory 

Features Source 

xMOOC Cognitive-

behaviorism 

1. Sharing resources on 

centralized platforms like 

Coursera, edX, Udacity; 

2. Centering on high-quality 

structured design, video lectures, 

forum discussion, summative 

testing; 

3. Advocating instructors’ 

management and design, and 

learners’ autonomous learning. 

(Pappano, 

2012; 

Rodriguez, 

2012). 

hMOOC Social 

constructivism 

1. Sharing resources on 

centralized platforms, IS apps and 

traditional classroom;  

2. Conducting blended learning: 

20%-50% MOOC learning and 

80%-50% on-campus learning; 

3. Advocating task-based or 

community-based design, content 

and activity oriented.  

(Anders, 

2015; 

Sandeen, 

2013; 

Sanagustín 

et. al., 

2017). 

 

    

 

2.2 Related Theory and Literature 

2.2.1 The Expectancy-Value Theory  

The Expectancy-Value Theory (EVT) was built by Atkinson (1957) and 

developed by J. Eccles et al. (1983), which has been used to investigate learners’ 

motivation and how it links performance, persistence and task choice directly to 

expectancy and value belief in educational psychology. Motivational beliefs (usually 

composed of expectancy belief and value belief) are one of the most important 

prerequisites for influencing learners' engagement and final outcomes in the learning 
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process (Bandura, 1982). Only by having a strong motivational belief and maintaining 

a good level of motivation can learners be more actively involved in learning 

activities. 

The model of EVT (see Figure 2.2) is composed of some social cognitive 

variables such as perception of competence and difficulty of tasks, which will affect 

expectancy and values. Meanwhile, these social cognitive elements are under the 

influence of other peoples’ attitudes and expectations, their emotional memories, and 

their own interpretations of previous performance in addition to cultural milieu, 

socializer’s belief and behaviors, and etc. Expectation of success and subjective task 

value are two main constructs which will positively affect achievement-related choice 

and performance. Here expectation of success refers to the individuals’ beliefs about 

how well they will perform the task at present or in the future. In fact, expectancy 

success is quite similar to perceived self-efficacy which indicates the judgment of 

learners’ ability to perform a certain learning activity and demonstrate competence 

(Bandura, 1986). Learners with strong self-efficacy will set high goals, work harder 

and persist longer in learning task (Bandura, 1997; Schunk, 1990).   

By contrast, the subjective task value indicates learners’ understanding of the 

importance, interest and practical value of the target learning, which is determined by 

the task characteristics and individual needs (Wigfield & Eccles, 2000). Task value, 

also called achievement value, is composed of four dimensions as follows, belonging 

to achievement motivation (Jacquelynne S. Eccles & Wigfield, 2002). 

1)  Attainment value, namely importance, refers to the importance of 

performing a task well, and is related to the relevance of engaging in a task 

(Jacquelynne S. Eccles & Wigfield, 2002). 

2)  Intrinsic interest is considered as the inmost enjoyment or pleasure 

learners can gets after engaging in an activity, or a learner’s subjective interest in the 

task. 

3)  Extrinsic utility value is taken as the usefulness of a task for 

participants concerning their short- and long-term objectives, such as academic and 

career goals. 
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4)  Cost usually refers to the negative aspects that learners encounter 

after joining in a task, such as the amount of effort they have to exert and the 

opportunities they may loose.  

Of all these four components, attainment, interest, and utility value are taken 

as the typical and attracting features of the task value which will exert a positive 

impact on the learning outcome (Jacquelynne S Eccles & Wigfield, 1995). Therefore, 

the operational definition of task value in this paper is regarded as importance, 

interest, and utility of hMOOC learning task. 

 

 

Figure 2.2  Expectancy-value Model of Achievement Choices  

Source:  Wigfield and Eccles (2000).  

 

For years, motivation beliefs have been explored in the field of traditional 

education or distance education. For example, motivation beliefs are found to have 

strong relationship with motivational regulation strategies (Tanrıseven & Dilmaç, 

2013; Wolters & Rosenthal, 2000), engagement in early adolescents education (H. 
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Patrick, Ryan, & Kaplan, 2007), student engagement in distance education (J. C.-Y. 

Sun & Rueda, 2012), and learning engagement in pre-vocational secondary education 

(Smit, de Brabander, Boekaerts, & Martens, 2017). Accordingly, self-efficacy is 

regarded as an important determinant of student learning behavior in online learning 

(Prior, Mazanov, Meacheam, Heaslip, & Hanson, 2016) while task value is also 

believed to facilitate engagement (M. L. Johnson & Sinatra, 2013). Meanwhile, some 

scholars considers that motivation belief will affect learning outcomes positively 

(Hsieh, 2014; Wigfield & Eccles, 2000). Prior research has provided empirical 

evidence to indicate that self-efficacy and task values are related to academic 

outcome, such as achievement (Metallidou & Vlachou, 2007; Spinath, Spinath, 

Harlaar, & Plomin, 2006), and academic performance (Broadbent, 2017; Olivier, 

Archambault, De Clercq, & Galand, 2019). Furthermore, they are also related to 

emotional outcome such as satisfaction (Kuo, Walker, Schroder, & Belland, 2014; 

Puzziferro, 2008). However, there still exists limited research on discussing both 

academic and emotional outcome in relation to motivation belief, particularly value 

belief (Doménech-Betoret, Abellán-Roselló, & Gómez-Artiga, 2017). Thus, under the 

context of hMOOC learning, more research needs to be explored concerning the 

relationship between motivation belief, engagement and learning outcomes.  

 

2.2.2 IS Success Model 

The earliest D & M model is originated to the year of 1992, when DeLone and 

McLean suggest including system quality and information quality into the model (see 

Figure 2.3), providing the basis of IS success model, which makes it become one of 

the mostly cited IS success model (M. Yang et al., 2017).  
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Figure 2.3  D & M’s Model of Success 

Source:  DeLone and McLean (1992). 

 

In 1997, Seddon modified the content of the D & M model and built IS use 

and IS success model. Under the framework of IS success model, user satisfaction is 

affected by six variables: system quality, information quality, perceived usefulness, 

net benefits to individuals, net benefits to organizations, and net benefits to society 

(see Figure 2.4) Perceived usefulness is considered to be influenced by the same six 

variables except itself. Rai, Lang, and Welker (2002) made an empirical investigation 

of DeLone and McLean’s and Seddon’s models of IS success in a quasi-voluntary IS 

use context (DeLone & McLean, 1992; Seddon, 1997). It was found that both models 

exhibit reasonable fit with the collected data. 
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Figure 2.4  Seddan’s IS Success Model  

Source:  Seddon (1997). 

 

With the development of Internet, DeLone and McLean took an initiative to 

update IS success model in 2003 and evaluated its usefulness under the context of the 

e-commerce. This updated IS success model of Delone and Mclean (2003) takes 

“service quality” as a new dimension referring to the support delivered by the system 

provider (see Figure 2.5). Thus, this updated model is composed of six constructs: 1) 

information quality (system output), 2) system quality (system performance), 3) 

service quality (system response and support), 4) use/intention to use, 5) user 

satisfaction, and 6) net benefits. Information, system, and service quality are thought 

of as essential variables to evaluate a system, which will affect the intention to use 

and user satisfaction. Thereafter, some benefits will be achieved, which means that 

net benefits will exert positive or negative impact on user satisfaction and further 

intention to use the information system (Delone & Mclean, 2003).Therefore, 

information, system and service quality are regarded as independent constructs.  

 



 29 

 

Figure 2.5  Updated D & M IS Success Model  

Source:  Delone and Mclean (2003). 

 

However, Delone and Mclean (2003) also suggest that this model can be 

added or deleted some factors so as to meet a particular information context. 

Accordingly, more scholars intend to improve IS success model based on different 

learning system. For example, Bhandari, Neben, Chang, and Chua (2017) confirmed 

that interface factors had significant impacts on the emotions and quality perceptions 

of users in mobile application. Mtebe and Raphael (2018) added course quality and 

instructor quality to modify the IS success model so as to explore the learners’ 

satisfaction with the e-learning system. Mohammadi (2015) suggested content and 

information quality as a desired characteristic of IS output and found that system, 

content, and information quality influenced user’s intention and satisfaction towards 

the use of e-learning. All in all, the IS success model has been found to be a robust 

model for explaining users’ continuance intention toward e-learning (B. Wu & Zhang, 

2014). For example, M. Yang et al. (2017) adopted information, system, service and 

intention to develop a research model in the context of MOOC.  

As hMOOC learning has to be involved on-line learning platform, such as 

China University MOOC and other learning tools, such as rain classroom (an app 

applied in blended learning), IS success model (1992 and 2003) is adapted to our 
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research for accessing the quality of technical system.  Firstly, information quality is 

modified as content quality. Nearly all the MOOC courses in China are divided into 

several sessions and each session will provide a short video lesson (5-15minutes) 

which is taken as teaching resources and mixed with other resources like course 

materials, online discussion topics, or self-assessment tests etc. These contents in 

addition to the face-to-face lectures are designed to provide an additional support for 

efficient learning under the hMOOC context. Therefore, content quality is defined as 

richness and update regularity of MOOC resources, authority and relevance of the 

MOOC content in relation to the classroom knowledge (M. Yang et al., 2017). 

Secondly, service quality can be taken as a kind of support provided by both 

instructors and system (Ozkan & Koseler, 2009), so sometimes it will bring confusion 

in comparison to instructor quality. Thus, service quality in this research is deleted 

and the support from the online provider is adapted into system quality, defined as 

system response and support from the MOOC providers or other app tools such as 

rain classroom (Petter & McLean, 2009).  

Thirdly, instructor quality is added in our study, as hMOOC learning 

particularly reflects instructors’ role, involving assurance and empathy (Parasuraman, 

Zeithaml, & Berry, 1988; T. Theresiawati, Seta, Hidayanto, & Z., 2020). Assurance is 

a guarantee that instructors should obtain enough knowledge and design tasks  which 

is helpful to enhance learners’ efficiency in hMOOC learning while empathy 

emphasizes instructors’ concern for students, including encouraging, motivating and 

helping the students to achieve success in the hMOOC learning (Udo, Bagchi, & Kirs, 

2011; Uppal, Ali, & Gulliver, 2018).  

Various researches have been conducted based on IS success model in the 

previous literature, especially towards e-learning, MOOC learning or other 

technology-related learning. Mohammadi (2015) integrated TAM and IS success 

model to explore the e-learning in Iran, and found that system quality and information 

quality were primary factors driving user satisfaction with e-learning. Several similar 

attempts to extend or modify this model have also been found in the prior researches 

(Hassanzadeh, Kanaani, & Elahi, 2012; Mtebe & Raphael, 2018). In recent years, this 

model has been applied to MOOC system learning (M. Yang et al., 2017). However 

there still exists limited evidence to adapt it to hMOOC learning.   
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2.2.3 Social Capital  

Social capital is the shared value, norm, trust and belonging that make social 

exchange possible. The concept of social capital has been explored by many scholars 

from economics, sociology, political science etc. The initial development of this 

theory can be credited to Bourdieu (1986), who conceptualizes the theory of capital, 

indicating that capital is not only economic, but also involves social exchanges and 

should include capital and profits in all their forms (Bourdieu, 1986). Social capital is 

defined as a property of individual instead of group, which can be gained through 

personal investment and empower a person to exert the impact on the group or 

individual for resources mobilization. 

Coleman suggested relation-choice approach to study social capital in 1988. 

He also agrees with Bourdieu in that social capital resides in the social structure of 

relations among people. However, Bourdieu puts more concerns on power and status, 

while Coleman conceptualizes social capital as a group’s collective asset and puts 

little concern on the inequality of power and status. It is suggested that individuals 

engage in social interaction, relations and network as long as benefit persists (J. B. 

Jordan, 2015).  

Putnam (2000) adopts a democratic or civic perspective to update the theory of 

social capital. Putnam, Leonardi, and Nanetti (1993) thinks of social capital as a 

public asset including the amount of participatory potential, civic orientation, and 

trust in others. He argues that social capital refers to “features of social organizations, 

such as network, norm and trust that facilitate action and cooperation for mutual trust” 

(Putnam et al., 1993, p. 35). Putnam is in agreement with the belief of Coleman in that 

social capital facilitates the interpersonal cooperation which is regarded as a kind of 

quality to be compared between cities or countries (Tzanakis, 2013). 

Social capital is composed of 3 dimensions: structural, relational, and 

cognitive dimension, which is the most widely accepted framework (Claridge, 2018) 

(see Table 2.2). Structural social capital is defined as the existence of a network 

offering an access to people and resources while relational and cognitive dimension 

indicate the capacity for resources exchange (Andrews, 2010). Cognitive and 

relational social capital may have some similarity. However, cognitive social capital 

refers to subjective understanding towards the shared value whereas relational social 
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capital emphasizes the feelings of trust among the stakeholders under a social context 

(e.g., group, organization and community). In a word, social capital can be understood 

based on the level of interconnection, quality and nature of these connection, and 

extent of common shared vision (Claridge, 2018). 

 

Table 2.2  Distinctions between Structural, Cognitive and Relational Capital 

Structural Cognitive Relational 

Social structure  Shared understandings Nature and quality of 

relationships 

1. Network ties  

2. Roles and rules 

1. Shared languages 

2. Shared values and 

belief 

1. Trust and norms 

2. Obligation and identity 

 

Source:  (Claridge, 2018, p. 19). 

 

The quality of relationship between learners in a virtual environment is 

understood based on the social capital. In this research, relational social capital is 

taken to create a new dimension as relational quality, which belongs to one of social 

factors. Relational quality gives prominence to the development and maintenance of 

successful relationship as well as mutual trust under the process of resources 

exchange (C.-M. Chiu, Hsu, & Wang, 2006; Morgan & Hunt, 1994). It is often 

adopted and applied to online community environment to explain collaborative 

behavior or knowledge sharing behavior (H. H. Chang & Chuang, 2011; Hashim & 

Tan, 2015). Its nature is similar to the characteristics of learners’ engagement in 

hMOOCs by providing openness and social interaction for building and maintaining 

networked connection (Lu & Dzikria, 2020). 

Relational quality usually is composed of trust and commitment (Morgan & 

Hunt, 1994). Trust is defined as the positive beliefs and expectations of individuals 

which is developed due to emotional action within a virtual community (J. Y. Hsu et 

al., 2018) while commitment represents one’s feeling that one has an important and 

beneficial relationship with the community and has a desire to maintain the 
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relationship (Morgan & Hunt, 1994), revealing the features of strong identification 

and belonging. Trust is regarded as a condition for cooperative interactions between 

individuals (Nahapiet & Ghoshal, 1998), which is helpful to maintain relationship 

within the virtual community. By contrast, commitment reflects the learner’s positive 

attitude toward the virtual community and his motivation to remain the relationship 

within the community (Yen, 2009). Under the hMOOC context, online community is 

essential, by providing opportunities for hybrid learners to share community, donate 

knowledge and discuss problems with each other (deWaard et al., 2011). If hybrid 

learners participate and interact each other long enough with active emotions, strong 

relational quality will be developed accordingly (Yen, 2009). On the other hand, if 

hybrid learners suffer from some bad experience during participation and interaction 

with each other, bad experience may occur which will not bring the development of 

relation. Therefore, only if learners hold strong commitment and trust towards 

hMOOC learning, can they engage more in the learning activities.  

In recent years, research on social capital and MOOC has been on the rise. 

cMOOC is considered to bring the accumulation and development of social capital 

(Joksimović et al., 2018; Joksimović et al., 2015). The role of intellectual capital and 

social capital is explored affecting the intention and adoption of MOOC (Lu & 

Dzikria, 2020), which is beneficial to MOOC designer and instructors. Chaker and 

Impedovo (2021) studied the causal relations involving self-regulated learning, social 

relations and MOOC learning achievement. It is found that social capital plays a 

moderating effect between co-regulating learning and learning achievement in a 

MOOC context. However, few studies lay the emphasis on the relationship between 

social capital and learner engagement in hMOOC learning.  

 

2.2.4 Knowledge Management  

Knowledge is widely regarded as an essential element to organizations, which 

will bring competitive advantage (Bello & Oyekunle, 2014; S. Wang & Noe, 2010). It 

is first mentioned by Nonaka and Takeuchi (1995) in the work named as The 

Knowledge Creating Company. They take information as “a flow of messages” while 

knowledge is based on information and justified by individual belief. Knowledge will 

be created though interaction and communication between individuals and groups. 
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According to Davenport and Prusak (1998), knowledge, locating in the minds of 

everyone, is similar to a melting pot by integrating experience, values, background 

information, and expert intelligence. It provides chances to incorporate and access 

new experience and information. Knowledge plays a significant role in organizations, 

as it permeates every place in tangible and intangible way, such as documents or 

records as well as practices, customs, and formula. Meanwhile, Alavi and Leidner 

(1999) suggests that knowledge is information possessed in the mind of an individual. 

It contains personalized or subjective information related to facts, procedures, 

concepts, interpretations, ideas, observations, and judgments. Knowledge can be 

transformed from the absorbed information and exported to others through 

communication. According to Cabrera and Cabrera (2002), knowledge is classified 

into tacit and explicit knowledge. Tacit knowledge includes hard-to-communicate 

skills, know-how and practical knowledge. Explicit knowledge refers to forms of 

knowledge that can be easily passed on to others (likes facts, theory and scheme). 

Therefore, knowledge management (KM) is defined as a specified process which has 

features of being systemic and organizational and is aimed to obtain, align and 

transfer both tacit and explicit knowledge, in hope that people can employ them in 

their job or learning (Alavi & Leidner, 1999). Knowledge sharing (KS) belongs to one 

section of KM, being described as a sustained process of exchanging messages and 

expertise so that individuals, groups and organizations can help and cooperate each 

other for settling problems or creating new thoughts (Cummings, 2004; Pulakos, 

Dorsey, & Borman, 2003). Among them, individual knowledge sharing, as a kind of 

behaviour (H. H. Chang & Chuang, 2011), occurs via written documents, virtual 

community and face-to-face communications in synchronous or asynchronous 

systems (Eid & Al-Jabri, 2016), which proves to play a critical role in maintaining 

organizational competitive advantages in quite a few studies (S. Wang & Noe, 2010). 

In the context of this research, knowledge sharing is conceptualized as the exchange 

of experience and information among students online (using MOOC and other IS 

tools like Rain Classroom, Mu Classroom, Xuexitong and etc.) (Arpaci, Al-Emran, & 

Al-Sharafi, 2020) particularly indicating tacit knowledge sharing behaviour , which 

will contribute considerably to students’ learning process (Majid, Yang, Lei, & 

Haoran, 2014).  
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Meanwhile, based on the form, knowledge is classified into formal and 

informal knowledge. MOOC provides open resources for higher education. All the 

video and documents through MOOC platform is regarded as formal knowledge 

which is the integration of instructors’ tacit and explicit knowledge. The informal 

knowledge occurs through the interaction and communication on MOOC discussion 

forums. As for hMOOC, informal knowledge is also found through SNS, such as QQ 

or wechat communication, through apps, such as Rain Classroom, or even in the 

classroom group work. Therefore, hMOOC will provide more alternatives for 

knowledge sharing than xMOOC. Knowledge sharing in this research highly lays 

emphasis on the process where individuals mutually exchange their explicit 

knowledge and collectively create new knowledge (Hooff & Ridder, 2004). This 

indicates that every knowledge-sharing behavior consists of both bringing (or 

donating) knowledge and absorbing (or collecting) knowledge (Vries, Hooff, & 

Ridder, 2006). Ardichvili, Page, and Wentling (2003) also suggests that knowledge 

sharing is composed of both the contribution of existing knowledge and requirement 

for new knowledge. Weggeman (2000) differentiates between a knowledge source 

and a knowledge receiver in knowledge-sharing processes. Consequently, based on 

the behavior, knowledge sharing is composed of donating (sharing knowledge with 

others) and collecting knowledge (consulting, accepting and downloading new 

knowledge from others) (Vries et al., 2006), revealing the quantity of sharing the 

explicit knowledge through MOOC discussion forum or others (H. H. Chang & 

Chuang, 2011).  

In the past two decades, there has been a tremendous increase in exploring the 

value of knowledge management and knowledge sharing in commercial and public 

fields (S. Wang & Noe, 2010). Nevertheless, little is concentrated on the impact of 

knowledge sharing in the education sector (Asrar-ul-Haq & Anwar, 2016). Therefore, 

it is significant to discuss knowledge sharing under the hMOOC learning context, 

revealing learners’ active learning process in hMOOC learning (Yusof, Ismail, 

Ahmad, & Yusof, 2012).   
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2.2.5 Learner Engagement  

2.2.5.1 Origin and Development of Learner Engagement  

Learner engagement is also called student engagement. The origin of 

learner engagement can be tracked back to the research of educational psychologist 

Ralph Tyler in the 1930s. He discussed the relationship between the requirement of 

secondary school curriculum and subsequent university success, revealing the positive 

relations between time on task for learning and student success. Later Pace (1980) 

demonstrated his findings that the “quality of effort” was a core factor leading to 

learners’ success, for which learners exerted themselves by making full use of the 

opportunities provided by the university. He argued that education was considered as 

both process and product, so it was essential to test the quality of them. Accordingly, 

the term “quality of effort” was applied as the importance of student agency in 

producing educational outcomes. Since then on, an instrument was developed named 

as “the College Student Experiences Questionnaire (CSEQ)”, to operationalize 

“student effort” (Pace, 1998:29). Besides that, student engagement is also originated 

to student involvement by Astin (1984). It concerns psychological investment and 

physical effort (Lamborn, Newmann, & Wehlage, 1992), which is an essential 

predictor of academic achievement as well as learning quality. These key concepts of 

“time on task, quality of effort, and involvement” have all been conductive to the 

conceptualization of learner engagement. 

Another important scholar contributing to the development of learner 

engagement is Tinto, who offered the concept of integration, which incorporated two 

ideas: 1) to what extent students intended to share their opinions and thoughts with 

peers and instructors; 2) to what extent students abided by the institution regulations 

and stipulations (Pascarella & Terenzini, 1991; Tinto, 1975). Tinto (1975) proposed 

that there existed academic and social integration for explaining student engagement 

in the school learning. Academic integration is characterized as learner’s academic 

performance in line with the required standards and academic criterion of the 

university while social integration is taken as learners’ perceptions towards the 

integration with peers, instructors and staff in the university as well as investment in 

the extracurricular activities. Based on the work of Tinto, the conceptualization of 

student engagement has been enriched by assimilating the ideas of learners’ 
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interaction with peers and instructors together with the degree that learners take 

advantage of academic resources and gain support from the university.  

Pascarella (1985) widened the connotation of learner engagement by 

extending Tinto’s work. Besides the variable of retention, he absorbed institutional 

characteristics and quality of learner effort together with other outcomes. According 

to Pascarella, students’ pre-college characteristics was related to the type of 

institution, both of which exerted some impacts on the institutional environment and 

interactions among faculty members, core administrators, and peers. Meanwhile, the 

quality of effort was also influenced by learner background and pre-college 

characteristics, the institutional environment, and by interactions with agents of 

socialization.  

In short, both Tinto and Pascarella lay great emphasis on students’ 

integration into the institution where interaction is particularly important among 

peers, students, and faculty. In addition, institutional values, standards, and behaviors 

are also emphasized, which lays the foundation to support the environmental 

dimensions of learner engagement. Therefore, learner engagement is an important 

construct revealing the quality of learning process and being affected by personal and 

environmental factors.  

2.2.5.2 The Indicators of Learner Engagement 

The previous literature has explored different indicators of learner 

engagement (see Table 2.3). In the early time, behavioral engagement was the first 

indicator that has aroused a particular interest for the scholars (Pace, 1980; B. Patrick, 

Skinner, & Connell, 1993). Afterwards, emotional engagement was added and taken 

as another important indicator for the learner engagement (Finn, 1989; Willms et al., 

2009; Marks, 2000; Newmann, 1992). However, most of the research centers on 

school engagement at that time. Entering 21st century, scholars started to explore more 

indicators of engagement and conducted various empirical research under the 

different learning context (online and offline). For example, Schaufeli, Martinez, 

Pinto, Salanova, and Bakker (2002) regarded engagement as a positive, fulfilling, 

work-related mentality that was depicted as vigor, dedication, and absorption. The 

construct vigor involved high levels of energy, effort and psychological elasticity 

while investing in working. By contrast, dedication was defined as being strongly 
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engrossed in one’s job and gaining a sense of significance, devotion, and challenge 

while absorption was considered as being soaked up completely and caught up in 

one’s work jolly, so that they never realized that time could pass so quickly. 

Furthermore, Fredricks, Blumenfeld, and Paris (2004) suggested that engagement was 

composed of three indicators: behavior engagement, cognitive engagement and 

emotional engagement. Behavioral engagement adopted the idea of participation, 

which indicated the involvement in academic activity and social intercourse or 

extracurricular and was essential to achieve positive academic results and avoiding 

dropping out. Emotional engagement comprised active and negative reactions against 

instructors, peers, staff, and administrator and is supposed to build up a connection 

with an institution and affect work willingness. Finally, cognitive engagement laid 

particular emphasis on investment philosophy, which made extra effort to take in 

consideration and willingness for grasping complicated concepts and mastering 

difficult techniques (Fredricks et al., 2004, p. 60). Emotional engagement is different 

from motivation concept in that it is related to flow theory. Flow is aimed at a 

subjective state of full participation, by which individuals are absorbed in an activity 

so much that they are completely unaware of the loss of time and space 

(Csikszentmihalyi & Csikszentmihalyi, 1992). Accordingly, the theory of flow 

provides an attempt to conceptualized emotional engagement as emotional investment 

or input for easier quantitative investigation.  

 

Table 2.3  Indicators of Learner Engagement 

Number Researchers Indicators Online or Offline  

1. Pace (1980); B. Patrick 

et al. (1993).  

Behavioral engagement. Offline learning  

2. Finn (1989); Newmann 

(1992); Jon Douglas 

Willms (2003); Marks 

(2000). 

Behavioral engagement; 

emotional engagement. 

Offline learning 

Halverson and Graham 

(2019). 

Cognitive engagement; 

emotional engagement. 

Online and offline 

learning 
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Number Researchers Indicators Online or Offline  

Tang and Chaw (2019). Positive engagement; 

negative engagement.  

Online  

3. Schaufeli et al. (2002).  Vigor, dedication and 

absorption. 

Offline learning 

Fredricks et al. (2004); 

Pellas (2014). 

Behavioral engagement; 

Cognitive engagement; 

Emotional engagement. 

Online and offline 

learning 

Yazzie-Mintz (2007).  Academic engagement; 

Social-behavioral 

engagement;  

Emotional engagement.  

Offline learning 

Dunleavy, Milton, and 

Willms (2009); J 

Douglas Willms, 

Friesen, and Milton 

(2009) 

Social engagement; 

Academic engagement; 

Intellectual engagement.  

Offline learning 

4. Kuh (2003); 

Robinson and Hullinger 

(2008). 

The National Survey of 

Student Engagement 

(NSSE): skills, Emotion, 

interaction and 

performance.  

Offline and online 

Handelsman, Briggs, 

Sullivan, and Towler 

(2005). 

Skills engagement; 

Emotional engagement; 

participation/interaction 

Engagement; 

performance 

engagement. 

Online learning and 

offline learning  

Appleton, Christenson, 

and Furlong (2008).  

Academic engagement; 

Behavioral engagement; 

Cognitive engagement; 

Offline learning 
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Number Researchers Indicators Online or Offline  

psychological 

engagement. 

Sinha, Rogat, Adams-

Wiggins, and Hmelo-

Silver (2015).  

Behavioral engagement;  

Social engagement; 

Sognitive engagement; 

conceptual-to- 

consequential 

engagement.  

Online learning 

Buckley (2013) ; 

Wintrup, Wakefield, and 

Davis (2015).  

UKES: Critical thinking, 

course challenging, 

collaborative learning 

and academic 

integration. 

Online and offline 

learning 

 Yin and Xu (2017).  Behavioral engagement; 

Cognitive engagement; 

Emotional engagement; 

Social interactive 

engagement. 

Online learning 

Veiga and Feliciano 

(2016); 

Sattar, Ullah, Ahmad, 

and Warraich (2019). 

Affective engagement; 

Behavioral engagement; 

Cognitive engagement; 

Personal agency. 

Offline learning and 

online learning 

5. Wintrup et al. (2015). Higher-order learning; 

Course challenge; 

Collaborative learning; 

Academic integration; 

Reflective and 

integrative learning; 

Time 

spent; Skills 

Online learning 
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Number Researchers Indicators Online or Offline  

development; and 

engagement with 

research. 

    

 

From Table 2.3, it is found that the indicators of learner engagement are 

flexible and adaptable based on the different learning context. According to M. T. 

Wang and Fredricks (2014), cognitive engagement entailed some strategy uses such 

as plan, application, and reflection; emotional engagement referred to affective 

reaction in learning such as positive attitude, self-confidence or strong interests; 

behavioral engagement involved participatory behaviors and positive conducts. The 

three constructs reflect the psychological and behavioral state and quality of learners' 

participation in learning activities (Schaufeli et al., 2002). However, the term 

“behavioral” is not adopted consistently, which can be considered as attendance or 

completion of homework sometimes, or defined as effort and persistence in other 

times (Manwaring, Larsen, Graham, Henrie, & Halverson, 2017). Yin and Xu (2017) 

claimed that learner engagement included social interactive engagement that was 

composed of various types of interaction (student-student interaction, student-teacher 

interaction or even the interaction between students and on-line learning resources). 

This statement is also supported by Kaplan and Haenlein (2016), who indicated that 

many interactive activities were adopted to encourage more interaction through 

MOOCs, which played an important role under the blended learning context. 

Ronimus, Kujala, Tolvanen, and Lyytinen (2014) held that learner engagement was an 

effective indicator to measure learner satisfaction and learning achievement in the 

process of online game learning. Higher learner engagement is beneficial for online 

learners to successfully achieve learning goals and satisfactory learning results. 

Exploring the influencing factors and interaction mechanisms of learner engagement 

is of great significance to improve students' self-learning effect in an online or 

blended context.  

As for the learner engagement of hMOOC, we should make it clear about the 

features of hMOOC belonging to blended learning, which integrate classroom 
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learning with online learning (Garrison & Kanuka, 2004) and maybe 50% for online 

instruction and 50% for face to face instruction (Bernard et al., 2009) or mostly 

between 30% and 79% online is acceptable (Allen, Seaman, & Garrett, 2007). 

Blended learning like hMOOC provides a distinct context for studying learner 

engagement (Manwaring et al., 2017) and can address the limitation of traditional 

MOOCs (completely online) and provide more human scaffolding and interaction like 

knowledge sharing among students and teachers (Arpaci et al., 2020; Yousef et al., 

2015). Students need to adapt between different types of teaching modes and then 

successfully participate in the online portion of the course through continuous self-

motivation and encourage (Norberg, Dziuban, & Moskal, 2011). Cornelius et al. 

(2019) intended to explore the experiences of on-campus learners taking a blended 

course with MOOCs as online line part based on UKES survey. But they only 

researched blended learners’ experience instead of exploring the factors affecting such 

kind of blending learner engagement. So far, few empirical studies have been 

conducted on student engagement in blended learning experiences (Halverson, 

Graham, Spring, Drysdale, & Henrie, 2014), especially in hMOOC learning.  

Based on the previous literature, this study defines the concept of learner 

engagement from the psychological perspective, involving learners’ affective 

investment and effort (Lamborn et al., 1992; Manwaring et al., 2017). In this research, 

two indicators are particularly focused: cognitive engagement (mental energy 

including effort and energy applied to hMOOC learning) and emotional engagement 

(positive affective response, such as enjoyment and fulfilling) (Manwaring et al., 

2017). As for the behavioral engagement, the definition is not in consistence. 

Sometimes it refers to attendance and homework while other times it is related to 

attention and persistence, which overlaps with the concept of cognitive engagement 

(Manwaring et al., 2017). Therefore, knowledge sharing will take the place of 

behavioral engagement as an independent construct, which typically reveals the 

students’ online sharing behavior in virtual community.  
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2.3 Theoretical Framework 

According to Biggs (1993), education is regarded as a set of interacting 

ecosystem. To understand how an ecosystem (i.e. a hMOOC) operates and interacts, 

its constituent parts (learners, instructors, context, process and outcome) should be 

examined to see how each part affect each other and finally form a systemic view of 

learning. hMOOC as an application of MOOC provides a new connection between 

traditional education and online education, reflecting a new approach to instruction 

and learning which are related to many complicated elements. Thus, it is necessary to 

understand each hMOOC ecosystem in relation to other ecologies (Hood & Littlejohn, 

2016). New measures should be explored to ensure the quality of hMOOC learning 

based on the holistic view. 

Biggs (1993) provides a 3P model to examine the variables that can be 

measured to assess the quality of learning. The model suggests that the learning 

experience is made up of three stages. The presage indicates what exists prior to 

engagement affecting learning (Biggs, Kember, & Leung, 2001), which is composed 

of students factors and teaching context (see Figure 2.6). Learner factors include, but 

are not limited to, prior knowledge, capability, and motivation, while teaching 

contexts contain teaching-related variables such as teaching aims, teaching content, 

teaching methods, assessment, and institutional procedures. Presage factors conduct 

an interaction at the process stage and develop a combination of a particular learning 

and teaching which affects learner-centered activities. The interaction of these factors 

then has an impact on learning outcome that can be academic outcome such as 

learning performance or emotional outcome, such as learners’ satisfaction, which are 

thought of as the product. Accordingly, this model provides overall understanding of 

the learning quality by exploring the interaction between learners, learning context, 

learning process, and learning result.  

 



 44 

 

Figure 2.6  The ‘3P’ Model of Teaching and Learning  

Source:  Biggs et al. (2001).  

 

3P model was originally designed to capture student learning in the higher 

education context (Biggs, 2003). More recently, the model has been applied to non-

traditional learning contexts, such as blended learning (Hamilton & Tee, 2010; 

Kember, McNaught, Chong, Lam, & Cheng, 2010) or MOOC learning (Deng et al., 

2019). But most of the adaption is served as a theoretical framework of review (N. 

Albelbisi, Yusop, & Salleh, 2018; Pilli & Admiraal, 2017). Deng et al. (2019) built an 

adapted model of teaching and learning of MOOC based on 3P model by taking 

learner engagement as a learning process, and Kanashiro, Iizuka, Sousa, and Dias 

(2020) included surface learning (meeting course requirement) and deep learning 

(interconnectedness of knowledge) into 3P model, but both of them still belong to 

review research. Recently, several researchers started to apply the 3P model as a 

theoretical basis for making an empirical study. For example, Hu, Zhang, Gao, and 

Wang (2020) investigated the mechanism of mutual relationships and effects among 

information literacy (presage), online learning engagement, deep learning motivation 

and strategy (process) as well as online learning performance (product) based on the 

learning theoretical framework of “Presage-Process-Product”. N. Wang and Liu 

(2021) also probed into the relationship between learner factors, learning power and 
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learning performance for online learning. However, there still exists limited evidence 

to explore the internal relations between the elements of the three stages under the 

hMOOC learning context. Therefore, in this paper, the 3P model was adopted and 

adapted as a basic theoretical framework to explore the quality of hMOOC learning, 

involving presage, process, and product factors. According to Biggs (1993), any 

significant elements influencing learning can be absorbed into the model, so that the 

model can be adapted to various academic environments. Therefore, an adapted 

“presage-process-product” of hMOOC learning model is created (see Figure 2.7), 

where personal factors, environment factors, and social factors are involved in the 

presage stage, learning-focuses activities (including knowledge sharing and learner 

engagement) are in the process stage while learning outcomes (including academic 

and emotional outcome) are in the product stage.  

 

 

Figure 2.7  Theoretical Framework based on the Modified 3P Model 

 

2.4 Research Hypothesis and Conceptual Model  

2.4.1 Relationship between Presage and Process 

In this section, personal, environmental, and social factors in the presage of 

hMOOC learning will be regarded as antecedent constructs and independent variables 

while learner engagement and knowledge sharing both reflect the quality of learning 

process, which are considered as dependent variables. Then the impact of antecedent 
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constructs on the knowledge sharing and learner engagement is reviewed based on the 

previous literature and hypothesis is built accordingly.   

2.4.1.1 Effects of Personal Factor on Learner Engagement 

The research of learner engagement has gained increasing attention in 

the MOOC learning recently (Y. Sun et al., 2019; Williams et al., 2018). Even though 

scholars and practitioners show some interests to research learner engagement under 

the context of blended learning (Garrison & Kanuka, 2004; Halverson, Graham, 

Spring, & Drysdale, 2012), there still exists quite limited empirical research, so more 

research is needed to understand learner engagement in the blended context 

(Halverson & Graham, 2019), such as hMOOC learning. In this research, learner 

engagement is regarded as the investment of the student’s cognitive and emotional 

energy in accomplishing the hMOOC learning (Astin, 1984; Schunk & Mullen, 2012).  

Scholars seem to have strong interests in exploring the relationship 

between motivation belief and learner engagement in the past (Jacquelynne S. Eccles 

& Wigfield, 2002). Motivation belief refers to the belief in achievement-related value 

for learning in hMOOC learning. In other words, if learners have strong interests in 

performing the learning task and consider the importance and usefulness of learning 

under the hMOOC context, their motivation belief in accomplishing the hMOOC 

learning will be enhanced. The enhancement of motivation belief will affect the 

learner engagement because it is one of the most important prerequisites for 

influencing learning process and final outcomes (Jacquelynne S. Eccles & Wigfield, 

2002; H. Patrick et al., 2007; Tang & Chaw, 2019), which will promote cognitive 

processing and lead to improved performance (Ormrod, 2006).  

There are much empirical research supporting the relationship. For 

instance, H. Patrick et al. (2007) found that motivation belief positively predicted 

learners’ learning engagement. M. L. Johnson and Sinatra (2013) surveyed the 

undergraduate students and the results showed that different task values positively 

influenced learning engagement. Jung and Lee (2018) demonstrated that academic 

self-efficacy and perceived usefulness (similar to task value) had direct effects on 

learner engagement. Manwaring et al. (2017) determined that students' perceptions of 

the importance of the activity (task value) produced an active effect on both cognitive 

and emotional engagement under the blended learning context. Fielding-Wells, 
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O’Brien, and Makar (2017) probed into the relationship between motivation belief 

and engagement in enquiry-based learning in primary mathematics, but they were 

performed in qualitative research. Recently, under the impact of COVID-19 

pandemic, Kara (2021) conducted a survey on the influence of learners’ traits on their 

engagement during the process of online learning and found that digital literacy and 

motivation significantly predicted the online learner engagement. Based on the past 

literature, this study suggests the following hypothesis. 

H1: Motivation belief has a positive effect on learner engagement 

under the context of hMOOC learning.  

2.4.1.2 Effects of Environmental Factors on Learner Engagement 

The environmental factors in this study are concerned with technology-

related constructs, which consists of system and content quality involving learning 

management systems (LMS) such as MOOC platform or other learning apps.  

Zanjani, Edwards, Nykvist, and Geva (2016) indicated in recent years that LMS had 

turned into a normality in higher education to further attract students and lecturers. 

Generally, MOOC, highly depending on the Internet and technical platform, can 

provide content support for learners such as pre-filmed video, slide presentation, e-

textbooks assignment and automatic assessment (Almatrafi, Johri, & Rangwala, 2018) 

and also technical support such as discussion board to stimulate collaborative learning 

online and peer evaluation to involve more learners’ engagement. One of the most 

important factors to entitle and engage learners in MOOC learning is course content 

(K. F. Hew, Qiao, & Tang, 2018), the quality of which will positively affect the user’s 

engagement (Saeed, Hwang, & Mun, 2003). Alka Dwivedi, Prasoom Dwivedi, Samo 

Bobek, and Simona Sternad Zabukovek (2019) explored the factors affecting 

postgraduate students’ engagement in blended learning (integrating MOOC resources 

with on-campus learning) in India and found that if the online content was related to 

syllabus such as being related to face-to-face lectures or being designed to 

complement the discussions in the class, the students’ engagement would be 

increased. Meanwhile, MOOC is also a kind of IS system including the support and 

service from the technology. The better quality that IS system provides, the higher 

involvement the learner will engage in. For example, Laird and Kuh (2005) found a 

strong positive relationship between use of information technology and learner 
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engagement. Junco, Heiberger, and Loken (2011) conducted experimental research 

and concluded that the adoption of IS such as twitter would help engage students. 

Recently, J.-C. Lee and Xiong (2021) indicated that the quality of IS tools like 

learning apps would have some impacts on learner engagement, but they focused on 

the mediating role of computer anxiety between information quality and learner 

engagement. Cobos and Ruiz‐Garcia (2021) suggested using a learning intervention 

system to improve learner engagement in MOOC. Therefore, it is predicted in this 

study that content quality and system quality will bring the positive impact on the 

learner engagement under the context of hMOOC learning, where online learning 

accounting for large percentage and technical advantages (immediate online feedback 

and online tracking data), will increase the involvement and interest of learners 

(Picciano, 2014). Accordingly, the following hypothesis is proposed. 

H2-1: Content quality has a positive effect on learner engagement 

under the context of hMOOC learning.  

H2-2: System quality has a positive effect on learner engagement 

under the context of hMOOC learning.  

2.4.1.3 Effects of Social Factors on Learner Engagement 

As for the social factors, instructor quality and relational quality are 

involved. Instructor quality is composed of some sub-constructs including instructor’s 

quick response and encouragement. J. C.-Y. Sun and Rueda (2012) pointed out 

educators should identify students who were the first time to enroll in online courses 

and offered necessary technical help to increase their emotional engagement. It was 

essential for the instructor to provide support to augment students’ strategies of 

learning online. Compared with the complete online learning, hMOOC learning will 

enhance cognitive and emotional engagement through instructor’s face-to- face 

interaction (Halverson & Graham, 2019), such as timely assistance, which will 

encourage them to continue learning. Meanwhile, some elements including 

instructor’s teaching style and habits, active involvement in online activities together 

with the design of appropriate tasks and evaluation procedure are significant 

predictors of learner engagement, indicating that instructor quality really plays an 

essential role in affecting learner engagement (Zanjani et al., 2016). And the 

promptness from the instructor to respond the queries of students online will develop 
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learner engagement (A. Dwivedi, P. Dwivedi, S. Bobek, & S. S. Zabukovek, 2019). 

Jung and Lee (2018) also determined that teaching presence and perceived ease of use 

had direct effects on learning engagement. However, several studies show that if 

instructors only adopt new technologies but still keep their regular teaching style 

instead of context-based pedagogical strategies, it will bring the negative effect to 

student engagement (Zanjani et al., 2016). For example, Gebre, Saroyan, and 

Bracewell (2014) found that instructors who considered effective teaching as 

transmitting knowledge had negative effect on learner engagement. In a word, 

instructors play a positive or negative role in the hybrid learning context (Badwelan, 

Drew, & Bahaddad, 2016). 

By contrast, relational quality is another social factor affecting learner 

engagement. The sub-constructs including trust and commitment indicate emotional 

attachment, identification, and involvement towards one learning style (Allen et al., 

2007). Under the context of hMOOC learning, various interactive activities are 

conducted through online and offline which will build a sense of belonging and trust 

within such learning community. X.-L. Shen, Lee, and Cheung (2014) points out that 

keeping firm relationship within an online community will strengthen the collective 

will of members, strive to maintain their participation in community activities and 

contribute to the development of the community. This is a basis for engaging more 

learners in hMOOC learning. For example, Y. Sun et al. (2019) concluded that 

relationship quality significantly predicts students’ psychological engagement. 

Meanwhile, psychological engagement also positively affects behavioral engagement 

in MOOCs. Recently, Y. Sun et al. (2020) explored the determinants of learner 

engagement and concluded that commitment is confirmed to enhance learner 

engagement. Accordingly, the following hypothesis is provided.  

H3-1: Instructor quality has a positive effect on learner engagement 

under the context of hMOOC learning.  

H3-2: Relational quality has a positive effect on learner engagement 

under the context of hMOOC learning.  

2.4.1.4 Effects of Personal Factor on Knowledge Sharing  

Knowledge sharing is regarded as the most frequent behavioral factor 

in the KM (knowledge management) literature revealing the flow of knowledge 
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(Alavi & Leidner, 2001) and bringing the collective knowledge creation of a 

community, which will affect the quality of learning (Al-Emran, Mezhuyev, 

Kamaludin, & Shaalan, 2018). With the development of Internet and social media, the 

more frequent exchange of knowledge (donating and obtaining information) among 

an online learning community, the better achievement the learners will gain 

(Charband & Navimipour, 2016). Therefore, knowledge sharing is taken as a 

learning-enhancing type of investment particularly applicable to hMOOC learning 

where learners are encouraged to engage in knowledge contribution through virtual 

community (Kop, 2011). It is a kind of typical behavior through participation and 

social interaction in hMOOC community, the quantity of which will reflect the status 

of learning process. Research on the knowledge sharing in MOOC learning has been 

on the increase in recent years (Francisco J. García-Peñalvo, Cruz-Benito, Borrás-

Gené, & Blanco, 2015), most of which conclude that knowledge management and 

knowledge sharing are one of the most important features in such kind of learning 

community. However, limited research is to explore the predictors affecting 

knowledge sharing in hMOOC learning.  

Motivation belief belongs to one important personal factor, defined as 

people's perception towards task value in hMOOC learning (Pintrich & Schunk, 

2002), which is achievement-related belief. It is one of the most significant 

determinants affecting knowledge sharing (Al-Saifi, 2016; Castaneda, 2016). H.-F. 

Lin (2007) indicated that knowledge sharing was affected by different kinds of 

motivation (including extrinsic and intrinsic motivation). He discovered that mutual 

benefits, knowledge self-efficacy, and readiness to help others were actively related to 

employees’ attitudes and intentions of knowledge sharing. However, expected 

organizational rewards were not significantly correlated with employee attitudes and 

behavior intentions towards knowledge sharing. This statement is also supported by 

Jeon, Kim, and Koh (2011), who indicated that both extrinsic motivational and 

intrinsic motivational factors positively influenced attitude toward knowledge‐sharing 

behaviors in the community of practice context. In recent years, scholars tend to 

transfer the research of knowledge sharing in the education field. Ismail and Hosseini 

(2014) concluded that motivation belief such as trust, perceived ease of use, perceived 

usefulness would directly influence the intention to knowledge sharing in e-learning 
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systems. Ghadirian et al. (2014) also suggested by making a review of knowledge 

sharing behavior in learning environment that perceived achievement motivation, 

such as task value, had a close association with knowledge sharing. Meanwhile, 

Arpaci (2017) explored the antecedents and consequences of cloud computing 

adoption in education concerning knowledge management. It was found that the 

perceived usefulness would actively affect the expectations for knowledge creation, 

discovery, storage, and sharing. Here perceived usefulness belongs to motivation 

belief, which indicates the attainment and utility belief of learning activity. Under the 

context of hMOOC learning, there exist many cooperative and connective activities as 

well as the reflection activities, which will enable learners to get involved in the 

learning community and exchange information online and offline (Fidalgo-Blanco et 

al., 2015) .Therefore, the following hypothesis is proposed: 

H4: Motivation belief has a positive effect on knowledge sharing under 

the context of hMOOC learning.  

2.4.1.5 Effects of Environmental Factors on Knowledge Sharing 

Content quality and system quality are two dimensions belonging to 

environmental factors, which are closely related to technology. The former mainly 

refers to the richness and authority of MOOC resources denoting instructors’ teaching 

attitudes (M. Yang et al., 2017) while the latter indicates the response and support 

from the MOOC provider or other IS system (Petter & McLean, 2009). Students will 

take full advantage of a blended classroom where the combination of online and 

offline models will augment an optimal experience (V. Gupta & Jain, 2017). And the 

MOOC with the help of social media or IS tools will complement and substitute the 

physical classroom with qualifying resources and provide a stimulus to knowledge 

sharing. The high content quality of MOOC will arouse learners’ interest to download 

the information while the efficient system quality will bring convenience for the 

learners to donate and share their information (Chong, Teh, & Tan, 2014). There are 

some empirical surveys supporting the relationship. For instance, Y.-S. Chang, Hsu, 

Liao, and Lin (2013) have investigated the factors affecting knowledge sharing, and 

found that trust and media richness were positively related to knowledge sharing. 

Tseng and Huang (2011) probed into the relationship between Wikipedia and 

knowledge sharing, the results of which demonstrated that the content value and 



 52 

technical value of Wikipedia positively affected knowledge sharing. Hendriks (1999) 

pointed out that ICT (a kind of IS system) perfected knowledge sharing by means of 

reducing time and space barriers between knowledge workers, and enhancing the 

acquisition of knowledge. Hung and Wang (2020) explored the impact of Wiki 

system on knowledge sharing and concluded that Wiki system provided support for 

software design and management skills which would enable employees to exchange 

knowledge. Li and Herd (2017) indicated that digital technology had the potential to 

provide real time quality information in the workplace. Educational technology will 

contribute to enhancing deep learning, through which audio and video resources will 

be transferred into the smart knowledge management process so as to offer more 

significant and relevant information to the learners in a quick time. Besides that, it can 

also simplify the learners’ access to online resources and accelerate the knowledge 

exchange by means of interaction. On the other hand, there is also a risk sometimes if 

students dislike using the information system such as MOOC platform, or feel unsafe 

to make comments in the virtual community or inconvenience to download the 

materials which may affect the knowledge sharing negatively (L. A. Ho & Kuo, 

2013). Based on the above review, the following hypothesis is suggested: 

H5-1: Content quality has a positive effect on knowledge sharing under 

the context of hMOOC learning.  

H5-2: System quality has a positive effect on knowledge sharing under 

the context of hMOOC learning.  

2.4.1.6 Effects of Social Factors on Knowledge Sharing 

As for the social factors, instructor quality indicates instructors can 

provide rich knowledge, much concern and help to motivate learners to engage in 

learning under the context of hMOOC learning (Parasuraman et al., 1988; T. 

Theresiawati et al., 2020). What’s more, relational quality includes learners’ trust and 

commitment to the learning community (M.-H. Hsu, Ju, Yen, & Chang, 2007). Some 

scholars have explored the relationship between instructor quality and knowledge 

sharing, but got controversial finding. J. Chen, Koch, Chung, and Lee (2007) found 

that teacher attitude was actively related to knowledge sharing behavior but 

Wangpipatwong (2009) concluded that instructor support had no influence on 

knowledge sharing. This contradictory result may be due to different learning context 
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and factors (Ghadirian et al., 2014). Zanjani et al. (2016) discussed the role of 

instructor under the context of e-learning and found that teachers’ attitudes for 

encouraging students to engage in LMS tools were highly affected by their teaching 

style and habits, active involvement in online activities together with appropriate task 

design and assessment procedure. However, they adopted qualitative research. 

Admittedly, if instructors provide active support and encouragement for meeting the 

needs of learners online and offline, learners will be affected to engage in more 

activities of knowledge sharing (Hidayanto, Limupa, Junus, & Budi, 2015; L. A. Ho 

& Kuo, 2013). Additionally, students are encouraged to conduct more interaction with 

peers when they enroll in hMOOC learning. The more interactions student–student or 

student–instructor undertakes, the greater intensity the relationship will hold between 

students or student-community (Y. Sun et al., 2019). Therefore, it is predicted that 

instructor support may positively affect knowledge sharing under the context of 

hMOOC learning (Chong et al., 2014).  

The relational quality gives prominence to the development and 

maintenance of successful relationship within a virtual learning community, which is 

usually based on trust and commitment sub-dimensions (Morgan & Hunt, 1994). 

Hooff and Ridder (2004) demonstrated that commitment to the organization positively 

affected knowledge donating and was reversely affected by computer-mediated 

communication. Shao, Wang, and Feng (2015) explored the effect of organizational 

culture on knowledge sharing. It is found that trust and belonging have high 

correlation with employees’ tacit knowledge sharing, and their relationship is fully 

mediated by employees’ computer self-efficacy. This statement is also supported by 

Al-Kurdi, El-Haddadeh, and Eldabi (2020), who indicated that organizational 

leadership and trust had a positive relationship with knowledge sharing behavior. 

However, H. H. Chang and Chuang (2011) found that identification had a significant 

and positive effect on knowledge sharing while trust influenced the quality of shared 

knowledge positively. In fact, identification is similar to belonging and commitment, 

both are regarded as relational construct. In general, relational quality can be applied 

to online community contexts to explain collaborative behavior or knowledge sharing 

(Hashim & Tan, 2015). Therefore, the following hypothesis is proposed.   
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H6-1: Instructor quality has a positive effect on knowledge sharing 

under the context of hMOOC learning.  

H6-2: Relational quality has a positive effect on knowledge sharing 

under the context of hMOOC learning.  

 

2.4.2 Relationship between Process and Product 

The process of hMOOC learning includes learner engagement and knowledge 

sharing in this research revealing the emotional and behavioral investment in blended 

learning. The product of hMOOC learning refers to the outcome which constitutes  

cognitive and emotional variables (Doménech-Betoret et al., 2017). As for cognitive 

variable, learning performance such as grades or test scores is regarded as the most 

important. As for emotional factors, satisfaction with a course is also an essential 

requirement since it may affect learners’ decisions to continue the course learning 

(Levy, 2007; Sinclaire, 2014). In the prior research, MOOC studies mainly examined 

completion rates when researching learning outcomes (Deng et al., 2019; Greene et 

al., 2015). However, completion may not be the best way to assess the learning 

outcome of MOOC (Conijn et al., 2018), especially for hMOOC learning which 

integrates MOOC with on-campus learning. Under the context of hMOOC learning, 

students will set their objective to pass the on-campus final examination, which is 

taken as the most important achievement in Chinese universities. Therefore, learning 

performance refers to the final scores that the on-campus students have obtained after 

hMOOC learning, which is a statistical outcome. By contrast, satisfaction is defined 

as whether learners are satisfied with the quality of hybrid course and their original 

intentions or goals are met (Anthony R Artino, 2008), revealing an emotional 

outcome for learners (Khe Foon Hew, Hu, Qiao, & Tang, 2020). Accordingly, 

performance and satisfaction are two dependent variables in our research, indicating 

cognitive and emotional outcome of hMOOC learning.  

The effectiveness of hMOOC learning has been examined at the level of 

curriculum (Charles R. Graham, Woodfield, & Harrison, 2013). Khe Foon Hew et al. 

(2020) defined MOOC success as the extent of students’ satisfaction with the course. 

Learners’ satisfaction with hMOOC learning may exert a significant influence in 

deciding the quality of the innovated learning styles (Gao, Jiang, & Tang, 2020; Kuo 
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et al., 2014). Larson and Sung (2019) put forward a conclusion that a hybrid learning 

course improved learning efficiency and satisfaction of students and instructors. In 

undergraduate education, students will have a positive perception towards hMOOC 

learning, through which instructors will integrate the MOOC resources into the face-

to-face teaching practices. The main purpose of using blended learning for most 

learners, is to obtain information, accomplish online tasks, interact with teachers and 

peers, or receive feedback and higher grades (Gao et al., 2020). Such blended learning 

will provide the convenience and flexibility of students learning and thus improve 

their satisfaction with it (Pang, Penfold, & Wong, 2013). W. S. Chen and Yao (2016) 

concluded that learner, instructor, course, technology, design, and environment may 

exert some impacts on satisfaction in blended learning. Meanwhile, learner 

engagement, as an independent variable, is thought as psychological input and effort 

(Lamborn et al., 1992), which is closely related to learning outcome, such as 

satisfaction (Filak & Sheldon, 2008). Gao et al. (2020) analyzed the relationship 

among students’ perception of blended learning platform, course satisfaction and 

engagement. The results demonstrated that course satisfaction was influenced by 

emotional engagement under the context of blended learning. Emotional engagement 

also mediated the relationship between perception and satisfaction. However, 

cognitive engagement did not affect satisfaction significantly. By contrast, Fisher, 

Perényi, and Birdthistle (2018) found that under the flipped and blended learning 

styles, engagement stimulated by flipped learning pedagogy could predict learners’ 

satisfaction.  What’s more, Cheng and Chau (2016) indicated that course satisfaction 

was influenced by learner engagement in online learning. Lopez-Fernandez and 

Rodriguez-Illera (2009) concluded that a large number of undergraduate students had 

a sense of satisfaction with engagement under the context of online education because 

active engagement is believed to be an effective way to improve learning. Therefore, 

most of the prior research has stated the positive relation between engagement and 

satisfaction. 

However, there exists a controversial statement concerning the relationship 

between learning engagement and performance. Some scholars such as T. Phan et al. 

(2016) concluded that learners with active engagement in MOOC learning usually 

performed better than others who did not. Nevertheless, Deng, Benckendorff, and 



 56 

Gannaway (2020b) gave the opposite finding that engagement patterns didn’t 

correlate with learning performance in MOOC learning. de Castro et al. (2020) 

concluded that international students tended to engage more in the online learning 

than domestic students when learning accounting course. Olivier et al. (2019) 

supported the statement that emotional engagement was closely related to learner 

performance, which means if learners have strong interests and take extra effort in 

learning, they will gain the high academic performance. The learner engagement of 

this research mainly refers to psychological effort in hMOOC learning, so the 

relationship between engagement and performance is predicted as positive.  

Based on the above review, this study proposes the following hypothesis. 

H7-1: Learner engagement has a positive effect on the satisfaction with 

hMOOC learning.  

H7-2: Learner engagement has a positive effect on the performance with 

hMOOC learning. 

In addition, knowledge sharing, as another independent variable, usually refers 

to the learners or employees who exchange their explicit knowledge and develop new 

knowledge (Hooff & Ridder, 2004). Such exchange of information and knowledge 

can occur within individual, group or organization (Small & Sage, 2005), which will 

contribute to the collective knowledge creation within a community (Cabrera & 

Cabrera, 2002). Many of the past literature indicates the impact of job satisfaction on 

knowledge sharing. Sang et al. (2019) emphasized that job satisfaction and positive 

emotions of project members both had a significant  influence on knowledge sharing 

while Jiang and Hu (2016) indicated the close relationship between knowledge 

sharing and life satisfaction. They think enhancing the job satisfaction level of 

organizational members helps knowledge sharing (C. Wu, Liu, Lin, & Chou, 2013). 

On the other hand, Rafique and Mahmood (2018) conducted a systematic review and 

concluded that knowledge sharing will also influence the job satisfaction in 

organization. They think that knowledge sharing as one important part of knowledge 

management will facilitate the employees or learners to share the information with 

members across an organization or community, which is helpful to problem-solving 

or knowledge creating, so these values will ultimately lead to job or learning 

satisfaction (Kianto, Vanhala, & Heilmann, 2016). As hMOOC learning is involved in 
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an academic learning community, where learners (similar to employees) are 

encouraged to donate or collect information with other learners or instructors. Such 

flow and exchange of information (including experience, ideas or thoughts) is 

beneficial to the new knowledge creation which will enhance the learner’s 

satisfaction.  

Meanwhile, knowledge sharing is essential for all organizations besides higher 

educational institutions (Al-Kurdi et al., 2020), and discussion of the relationship 

between knowledge sharing and academic performance in the higher education are 

found in the past literature. Knowledge sharing can be considered as a kind of 

behavior for collecting or uploading information through online forums in various 

types of e-learning. N. Gillani, Yasseri, Eynon, and Hjorth (2014) indicated that 

MOOC learners that engaged explicitly in the discussion forums often performed 

better than those that did not. Eid and Al-Jabri (2016) explored SNS uses and 

concluded that knowledge sharing was a strong determinant of learning performance. 

Sharabati (2018) also indicated that by adopting social network, such as Facebook, 

learners may engage more in knowledge sharing which will have a significant impact 

on academic performance. However, the relationship between knowledge sharing and 

performance may differ between various learners and context. For example, Aslam, 

Shahzad, Syed, and Ramish (2013) explored the impact of social capital and 

knowledge sharing on the academic performance in the university context, but found 

knowledge sharing took a negative impact on academic performance. T. K. Chiu and 

Hew (2018) suggested examining three types of MOOC discussion activities 

(viewing, voting and commenting) on performance and found that performance was 

primarily predicted by viewing, and to a less extent by commenting. Most recently, 

Rasto, Muhidin, Islamy, and Handayani (2021) conducted an investigation towards 

knowledge sharing and academic performance for Indonesia learners and concluded 

the positive relationship between them. Therefore, under the context of hMOOC 

learning, it is estimated that instructors can help learners to improve their learning 

performance through knowledge sharing. Based on the above review, this study 

proposes the following hypothesis.  

H7-3: Knowledge sharing has a positive effect on the satisfaction with 

hMOOC learning.  
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H7-4: Knowledge sharing has a positive effect on the performance with 

hMOOC learning.  

 

2.4.3 Interrelationship among Presage, Process and Product 

Learner engagement and knowledge sharing are regarded as learning process 

factors, which may play a mediating role between presage and product.  However, the 

previous literature demonstrates the little supporting linkages between environmental 

factors and satisfaction, between personal factors and performance, between 

environmental factors and performance, and between social factors and performance, 

when taking learner engagement and knowledge sharing as mediators. Consequently, 

motivation belief and relational belief are selected as two predictors affecting the 

learning process and product of hMOOC learning. 

2.4.3.1 The relationship between Knowledge Sharing and Learner 

Engagement 

Knowledge sharing and learner engagement both reveal the process of 

hMOOC learning. Here knowledge sharing mainly indicate the behavior like donating 

and collecting knowledge from the academic community. By contrast, learner 

engagement emphasizes learners’ cognitive and emotional investment in hMOOC 

learning, which belongs to a psychological effort. W. Kim and Park (2017) indicated 

that work engagement enhanced employee knowledge sharing in organization. On the 

other side, some scholars take an opposite view concerning the relationship between 

engagement and knowledge sharing. For example, Al-Jabri (2020) revealed that 

knowledge sharing positively affected employee engagement. Even though most of 

the literature is for the organization, this view is also applicable in the e-learning of 

higher education. Under the hMOOC learning context, if learners have strong 

emotional and cognitive engagement in hMOOC learning, they will take active part in 

the interactive activities, which will lead to learners’ sharing their learning experience 

or new idea online and offline. Hence, the following hypothesis is proposed: 

H8-1: Learner engagement has a positive effect on knowledge sharing 

under the context of hMOOC learning. 
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2.4.3.2 The Mediating Role of Learner Engagement between Presage 

and Product of Hmooc Learning 

Motivation belief has been considered as a strong determinant for 

successful learning outcome, particularly satisfaction in online or blended learning. 

Anthony R Artino (2008) pointed out that instructional quality, task value, self-

efficacy determined students’ satisfaction positively in online learning from the social 

cognitive view. Joo, Lim, and Kim (2013) also indicated that task value were 

significant determinant of learner satisfaction in online university context, which is 

also supported by D. Shen, Cho, Tsai, and Marra (2013). Recently, Prifti (2020) went 

further to demonstrate that self-efficacy is considered to conduct a significant effect 

on learner satisfaction in the context of blended learning courses. Rabin, Henderikx, 

Kalman, and Kalz (2020) emphasized the positive relationship between motivation 

and satisfaction in MOOC learning. Other scholars have the similar conclusions under 

the context of online or blended learning (Alkış & Temizel, 2018; Diep, Zhu, 

Struyven, & Blieck, 2017). Accordingly, only by having a strong motivational belief 

and maintaining a good level of motivation can learners be more actively involved in 

learning activities and finally influence learning outcomes (Jacquelynne S. Eccles & 

Wigfield, 2002). Thus, learners’ motivation belief is closely related to satisfaction 

under the context of hMOOC learning. Furthermore, the prior research shows that 

learner engagement also plays a significant role in affecting satisfaction positively in 

the blended learning context (Cheng & Chau, 2016; Fisher et al., 2018). 

Meanwhile, the mediating role of learner engagement in online or 

blended learning is under a discussion in recent years. Salanova, Schaufeli, Martínez, 

and Bresó (2010) collected a stratified sample of 867 students from 6000 

undergraduate students of a Spanish university and concluded that study engagement 

mediated the relationship between facilitators (including organizational, social and 

personal facilitators) and learning outcome, but the survey is for traditional education. 

Gao et al. (2020) found that emotional engagement and perceived enjoyment of 

blended learning had a direct bearing on course satisfaction with blended learning. In 

their research, perceived playfulness is similar to task value (a sub-construct of 

motivation belief). Particularly, perceived usefulness and ease of use mediated the 

relationship between emotional engagement and course satisfaction. Panigrahi, 
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Srivastava, and Panigrahi (2020) also indicated that student engagement mediated the 

relationship between Internet self-efficacy (a sub-construct of motivation belief) and 

perceived learning effectiveness (an indicator of learning outcome like satisfaction) 

during e-learning. From the past literature, most scholars lay the emphasis on 

discussing the mediation of learner engagement between motivation belief and 

satisfaction, but little is on the academic performance. What’s more, relational quality 

is considered to play a significant role in online community (deWaard et al., 2011). 

The higher level of learners’ trust and stronger degree of commitment in the online 

community to MOOCs, the greater the relational quality. If hMOOC learners perceive 

other learners are trustworthy, the learning atmosphere of online community will 

make them feel relaxed and have an intention to engage in the online activities 

without fearing of making mistakes (Hashim & Tan, 2015), thus leading to more 

positive feelings and perceptions about hMOOC learning (Y. Sun et al., 2019).  

To sum up, if learners with high motivation belief in accomplishing 

hMOOC learning and strong relational quality in virtual community, they will engage 

more in the blended learning, which may improve learners’ outcome, particularly 

satisfaction. Therefore, the following hypothesis is proposed.  

H8-2: Learner engagement mediates the relationship between 

motivation belief and satisfaction under the context of hMOOC learning. 

H8-3: Learner engagement mediates the relationship between 

relational quality and satisfaction under the context of hMOOC learning. 

2.4.3.3 The Mediating Role of Knowledge Sharing between Presage 

and Product of hMOOC Learning 

Learning reflects a process of social participation and interaction (W. 

W. K. Ma & Yuen, 2011), which is embodied in modes of collaboration, 

conversation, and knowledge transfer. Relational quality, adapted on the basis of 

social capital theory, usually focuses on the maintenance of relationship within a 

social community, where trust and commitment will affect the exchange of 

knowledge (H. H. Chang & Chuang, 2011; Hashim & Tan, 2015). Therefore, 

knowledge sharing as a process of learning has been found to mediate the relationship 

between presage and product. For example, Hashim and Tan (2015) revealed that 

commitment and trust mediated the relationship between satisfaction and continuous 
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intention of knowledge sharing. However, C.-Y. Lin, Huang, and Ko (2020) 

concluded that knowledge sharing is believed to be a mediator for students’ perceived 

enjoyment (presage of learning) and team effectiveness (outcome of learning) in a 

blended business course. Obeidat, Abdallah, Aqqad, Akhoershiedah, and Maqableh 

(2017) found that knowledge sharing played a positive mediating role between 

intellectual capital and organizational performance. Tong, Tak, and Wong (2015) 

indicated that knowledge sharing was an essential mediator between organizational 

culture and job satisfaction. Pangil and Moi Chan (2014) indicated that knowledge 

sharing mediated the relationship between trust and virtual team effectiveness. More 

recently, Qiao and Wang (2021) confirmed the mediating role of knowledge sharing 

between relational capital and organization outcome. Tian, Peng, and Peng (2021) 

found that prosocial motivation affected knowledge sharing, which indirectly affected 

the relationship between prosocial motivation and creativity in organization. 

However, many of the past literature conducted the survey of knowledge sharing 

under the organizational sector. Similarly, under the context of hMOOC learning, 

motivation belief and relational quality are essential to encourage more learners’ 

interaction within a community. If learners have high motivation belief, such as 

perceived usefulness of hMOOC learning, they will engage in knowledge sharing 

behavior actively in the virtual community (Arpaci, 2017). As for learners who have 

strong trust and commitment towards the learning community online and offline, they 

will take active part in the interactive activity and be more willing and eager to donate 

or collect knowledge with others. The more frequent knowledge sharing learners 

conduct, the higher satisfaction they will have towards hMOOC learning 

(Moghavvemi, Sharabati, Klobas, & Sulaiman, 2018). Hence, the following 

hypothesis is proposed: 

H8-4: Knowledge sharing mediates the relationship between 

motivation belief and satisfaction. 

H8-5: Knowledge sharing mediates the relationship between relational 

quality and satisfaction under the context of hMOOC learning.   

Based on the above hypothesis, a conceptual model is built which is 

shown in Figure 2.8 
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Figure 2.8  Conceptual Model 

 

Table 2.4  Summary of Research Hypothesis 

 Hypothesis 

1. H1 Motivation belief has a positive effect on learner engagement under the 

context of hMOOC learning.  

2. H2-1: Content quality has a positive effect on learner engagement under the 

context of hMOOC learning.  

H2-2: System quality has a positive effect on learner engagement under the 

context of hMOOC learning.  

3. H3-1: Instructor quality has a positive effect on learner engagement under the 

context of hMOOC learning.  

H3-2: Relational quality has a positive effect on learner engagement under 

the context of hMOOC learning.  

4. H4: Motivation belief has a positive effect on knowledge sharing under the 

context of hMOOC learning.  

5. H5-1: Content quality has a positive effect on knowledge sharing under the 

context of hMOOC learning.  

H5-2: System quality has a positive effect on knowledge sharing under the 
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 Hypothesis 

context of hMOOC learning.  

6. H6-1: Instructor quality has a positive effect on knowledge sharing under the 

context of hMOOC learning.  

H6-2: Relational quality has a positive effect on knowledge sharing under the 

context of hMOOC learning.  

7. H7-1: Learner engagement has a positive effect on the satisfaction with 

hMOOC learning.  

H7-2: Learner engagement has a positive effect on the performance with 

hMOOC learning. 

H7-3: Knowledge sharing has a positive effect on the satisfaction with 

hMOOC learning.  

H7-4: Knowledge sharing has a positive effect on the performance with 

hMOOC learning.  

8. H8-1: Learner engagement has a positive effect on knowledge sharing under 

the context of hMOOC learning. 

H8-2: Learner engagement mediates the relationship between motivation 

belief and satisfaction under the context of hMOOC learning. 

H8-3: Learner engagement mediates the relationship between relational 

quality and satisfaction under the context of hMOOC learning. 

H8-4: Knowledge sharing mediates the relationship between motivation 

belief and satisfaction. 

H8-5: Knowledge sharing mediates the relationship between relational 

quality and satisfaction, under the context of hMOOC learning. 

 

  



 

 

CHAPTER 3 

 

METHODOLOGY 

 

As a third research paradigm, mixed research has gained increasing attention 

in recent years (R. B. Johnson & Onwuegbuzie, 2004). It is an integration of the main 

elements of qualitative and quantitative research approaches (for example, combining 

qualitative and quantitative viewpoints) so as to broaden and deepen the 

understanding and documentation of research (R. B. Johnson, Onwuegbuzie, & 

Turner, 2007). This research paradigm provides a salient approach to generate 

research questions and offers grounded answers (R. B. Johnson et al., 2007). The 

application of mix-methods research into MOOC learning has been found on the rise 

in the previous literature (Meinert et al., 2018; Radford et al., 2014). In this thesis, 

quantitatively driven mixed design is adopted which means that the quantitative 

research will be first conducted and followed by adopting the qualitative research, the 

purpose of which is that the collection of qualitative data such as follow-up interview 

will not only seek convergence of quantitative study but also provide help to better 

understand or even broaden the findings of the quantitative survey (Schoonenboom & 

Johnson, 2017; Terrell, 2012).  

 

3.1 Quantitative Research  

Quantitative research is an empirical survey applied in generating measurable 

data, by employing statistical and logical technique (Cohen, Manion, & Morrison, 

2002). One of the central goals is to establish accurate and reliable measurements 

allowed for statistical analysis. It is very effective to answer “what” or “how” 

questions of a particular situation, so as to explore cause and effect relationship 

between variables (Suphat Sukamolson, 2007). There are many types of quantitative 

research such as survey research, exploratory research, descriptive research, 
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experimental research etc. Among them, survey research is very popular, which 

systematically obtains information from participants to understand or even predict 

some particular aspects of the behavior for the population of interest (Suphat 

Sukam olson, 2007). The survey research usually is com posed of sam pling, 

questionnaire design, questionnaire distribution and collection, and data analysis, 

which is adopted in this research.  

 

3.1.1 Target Population and Sampling Technique 

3.1.1.1 Target Population 

Sampling refers to the process of selecting representable units from 

a broad population (Acharya, Prakash, Saxena, & Nigam, 2013), so the target 

population should be specified at the initial stage of sampling. In China, Project 211 

was launched by the Ministry of Education (MOE) in 1995 with an endeavor to 

enhance the research standards of approximately 100 top universities for the 21st 

century. At present, almost 118 Project 211 universities have obtained extra support 

from the central government and provincial government through the budget of priority 

funding (Suthathip Yaisawarng & Ng, 2014). In 1999, MOE strengthened its effort to 

further identify 39 universities from the shortlisted “211” universities, called as 

“Project 985”. MOE allocated limited resources on this batch of flagship universities, 

in hope that they will become the best in China and contribute to the realization of 

world-class ambitions (Zong & Zhang, 2019). Therefore, the Project 985 or 211 

universities and institutions are regarded as the top universities in China.  

Fujian Province is located on the southeast coast of China, which has 

gained renown as an education center and pristine nature. There are totally 39 

universities in Fujian, including 2 national top universities (one Project 985 university 

and one Project 211 university), 10 provincial top universities and the other 27 local 

public and private universities and colleges. Accordingly, the target population in this 

research is towards the undergraduates in the universities of Fujian, which can 

generally represent the different rank of universities (top, medium and low) in China.  

Besides that, Fujian has paid much attention to the evolution of 

MOOC. Since 2018, Fujian Open Online Courses Education Alliance (FOOC) has 

been established to promote the online and blended learning in the higher education of 
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Fujian. In answering the call of educational reform of Chinese government, FOOC 

evaluates and selects provincial best MOOCs and hMOOCs every year, which is 

recommended to join the national competition. With the strong support of the 

Education Department of Fujian Province (EDFP) and FOOC, now nearly all the 

universities in Fujian have conducted educational reform based on the technology, 

that is, MOOC and its application into the traditional classroom education in Fujian. 

According to the announcement released from EDFP, there are 483 MOOCs and 420 

hM OOCs confirmed as the provincial first-class courses by the end of 2020 

(Education Department of Fujian Province (EDFP), 2018, 2019, 2020). In addition, 

Fujian has got 85 recognized national best MOOCs and 25 hMOOCs (shown in 

Figure 3.1), nearly occupying the 7th place among 29 provinces concerning the e-

learning development of higher education in China.  These reveal the institution’s 

attempt of keeping the sustainability of MOOC.  Therefore, it is quite significant to 

locate the target population in Fujian Province and the research result will provide an 

implication for the development of e-learning in China.  

 

 

Figure 3.1  Percentage of National Top MOOCs and Hybrid Courses in Different 

Provinces Based on the Total Number from 2017 to 2020 

 

3.1.1.2 Sample Size 

As for determining sample size, the formula created by (Yamane, 1967, 

p. 886) is adopted (see Figure 3.2). Based on this formula, N represents the total 
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population size while “e” refers to the level of precision, usually 5% , as a 95% 

confidence level and P (as .05 value) are normally acceptable. This method is widely 

adopted in the sampling of higher education (Adebayo & Babalola, 2020; N. A. 

Albelbisi, Al-Adwan, & Habibi, 2021; Indrayani, 2013). According to the data from 

the official websites of the 39 universities, it’s estimated that there are about 554628 

undergraduate students by the end of 2021 in Fujian, which means the population size 

N is 554628. Therefore, the sample size (n) in this research is at least 400 data based 

on this formula.  

 

 

Figure 3.2  Sampling Formula  

Source:  Yamane (1967).  

 

3.1.1.3 Sampling Technique 

Concerning the method of sampling, stratified random sampling is 

adopted. A stratified sample is a sampling technique that target population is divided 

into subgroups and  the final sample is randomly selected in proportion from the 

different strata (Babbie, 2014). That is to say, specific characteristics of individuals 

(e.g., age and gender, various disciplines and MOOC once attending) should be 

represented in the sampling which will reflect the true proportion of individuals with 

certain characteristics of the population (Creswell & Creswell, 2017). In this research, 

based on the three ranks of universities (see Table 3.1), 250 samples were selected 

randomly from the 2 top universities first, that is Xiamen University in Project 985 

and Fuzhou University in Project 211, which represented the national rank of 

university. Meanwhile, 250 samples were selected from the 10 provincial top 

universities such as Fujian Normal University and Fujian Agriculture and Forestry 

University, which represented the medium rank. Furthermore, another 250 samples 
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were selected from the other 27 local universities and colleges, including some public 

and private universities, which represented the low rank of university in Fujian. 

Additionally, the other stratum were also considered, for example, the age between 16 

and 25 years old for undergraduate students. Gender is also considered with male and 

female involved both. Finally, discipline is controlled in the soft discipline including 

art, language, management, economy and so on. Besides that, all the respondents 

should have the prior experience in hMOOC learning. Accordingly, it is estimated that 

about 750 respondents finished the survey.  

 

Table 3.1  Sampling Size 

Rank of University in Fujian Sampling Size 

National top universities (Project 985 and 211) 250 

Provincial top universities 250 

Local public and private universities 250 

Total 750 

 

3.1.2 Research Instrument 

A summation scale was put forward in 1932 by Likert (1932) in the hope of 

evaluating the attitudes of respondents, including five response alternatives. Since 

them on, this measurement tool has been widely applied in e-learning education 

(Ergun & Adibatmaz, 2020; Kong & Song, 2015; Tsai, 2009). Accordingly, in this 

research all the survey items are measured on a five-point Likert-type scale, ranging 

from 1 (strongly disagree) to 5 (strongly agree).  

3.1.2.1 Dependent Variables 

The dependent variables refer to the response or criterion variable 

assumed to be caused by or affected by the independent variables (Creswell & 

Creswell, 2017). In this research, satisfaction and performance are regarded as two 

dependent variables, representing the emotional and academic outcomes of hMOOC 

learning. Bedggood and Donovan (2012) stated that satisfaction indicated the extent 

to which students can enjoy their studies. Therefore, under the context of hMOOC 

learning, satisfaction is defined as learners’ pleasant feeling of learning activities, for 
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example, to what extent they feel satisfied. By contrast, academic performance refers 

to the final exam scores for the blended on-campus course (Conijn et al., 2018). Thus, 

satisfaction and performance of the hMOOC learning are good indicators of blended 

learning quality. Anthony R Artino (2008) developed a scale to access learners’ 

satisfaction with the online course. This scale was further adapted by A. Artino (2009) 

and Cho and Castañeda (2019). Both of them reduced the items of scale and adapted 

to different learning context such as mobile learning. Additionally, Yousef et al. 

(2015) developed a scale to measure the satisfaction of a hMOOC learning while 

Mohammadi (2015) also designed satisfaction scale towards IS. Based on the review, 

the scale of satisfaction was developed as follows (Table. 3.2), where the name of 

online learning is adapted into MOOC learning and blended learning is particularly 

referred to hMOOC learning.  

 

Table 3.2  Measurement of Satisfaction with hMOOC 

Original items Adapted items 

1. Bringing together face-to-face and 

online learning enables me to 

accomplish tasks more quickly. (Yousef 

et al., 2015).  

2. I felt a sense of satisfaction about this 

blended learning environment. (Yousef 

et al., 2015).  

3. Blended learning approach can be 

used to supplement traditional classroom 

approach. (Yousef et al., 2015).  

1. hMOOC learning enables me to 

accomplish tasks or goals more quickly. 

 

 

2. I felt a sense of satisfaction about the 

hMOOC learning.  

 

3. hMOOC learning approach can be 

used to supplement traditional classroom 

approach. 

 

Meanwhile, Deng et al. (2020b) requested the respondents to report their final 

grades in percentage for evaluating MOOC learning performance. This method is 

adopted in this research for collecting the final score s of hM OOC learning. 

Respondents were requested to select the number from 1 to 5, which represented the 

different percentage of scores they have got when finishing the hMOOC learning 
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(Table. 3.3). 

Table 3.3  Measurement of Academic Performance for hMOOC Learning 

Academic Performance 

1 2 3 4 5 

<60% 60%-69% 70%-79% 80%-89% >90% 

 

3.1.2.2 Independent Variables 

Independent variables are composed of two parts: presage and process 

in this research. Under presage, personal factor, environmental factors, and social 

factors are regarded as predictors affecting the process and product dimensions.  

1)  Presage 

The constructs in the presage are the predictors of learning 

process. Motivation belief is considered as a personal factor affecting hMOOC 

learning process and product. The dimension of motivation belief in our research 

mainly refers to the belief about task value, which reflects learners’ conception 

towards interest and utility of hMOOC learning. A. R. Artino and Mccoach (2008) 

developed a scale of motivation belief and explored the relationship between 

motivation belief and instructional quality in online learning. Based on this, the scale 

of motivation belief is adapted (Table 3.4), where online learning is adapted into 

hMOOC learning.  

 

Table 3.4  Measurement of Motivation Belief under the Context of hMOOC Learning 

Dimension Original items Adapted items 

Motivation belief 

 

 

1. I was very interested in the 

content of this course. (A. R. 

Artino & Mccoach, 2008). 

2. Completing this course 

moved me closer to attaining 

my career goals. 

(A. R. Artino & Mccoach, 

1. I am very interested in the 

content of the hMOOC. 

 

2. Completing this hMOOC 

course moved me closer to 

attaining my career goals. 
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Dimension Original items Adapted items 

2008). 

3. The knowledge I gained by 

taking this course can be 

applied in many different 

situations. (A. R. Artino & 

Mccoach, 2008). 

4. This course provided a great 

deal of practical information. 

(A. R. Artino & Mccoach, 

2008). 

 

3. The knowledge I gained by 

taking this hMOOC course 

can be applied in many 

different situations. 

4. This hMOOC provided a 

great deal of practical 

information. 

   

 

Environmental factors are composed of content quality and 

system quality of MOOC. In this thesis, content quality refers to the judgment by the 

students of the degree to which the e-learning system like MOOC platform has 

valuable contents meeting their needs (Adeyinka & Mutula, 2010). One dimension for 

content quality can be richness and update regularity for the resources of MOOC 

(Mtebe & Raphael, 2018), which is considered as service, replacement, added value 

or a drive for the traditional classroom learning. The other dimension is authority and 

relevance (H. H. Yang & Su, 2017) which means the resources provided through 

MOOC platform, are really reliable and have a close relevance to the classroom 

learning, so that learners’ motivation will be enhanced. Therefore, survey of content 

quality for hMOOC learning particularly focuses on the MOOC resources which is 

applied into the classroom learning in a blend learning context. The instrument  is 

adapted from Mtebe and Raphael (2018); M. Yang et al. (2017), but some items are 

reworded to indicate MOOC learning content (e.g. “course content” is adjusted to 

“MOOC content”).  

Meanwhile, under the context hMOOC learning, system quality 

in this thesis refers to functions and operations of the MOOC system together with 

other IS apps such as QQ, WeChat, rain-classroom (a smart toolbox particularly 

designed for blended learning) etc, all of which will provide additional help for 
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integration of online and offline. According to M. Yang et al. (2017), two dimensions 

are included, that is, easy to handle and system service support. However, some items 

should be modified so as to meet the hMOOC learning context. For example, “MOOC 

platform” are reworded into “IS systems (MOOC platform and other apps), as the 

hMOOC learning usually adopt MOOC system as well as other learning -enhanced 

apps. The following Table 3.5 and Table 3.6 shows the details of the items. 

 

Table 3.5  Measurement of Content Quality under the Context of hMOOC Learning 

Dimension Original items Adapted items 

Content  

quality 

1. The course content in the 

system is up-to-date. (Mtebe & 

Raphael, 2018). 

2. The courses in the system 

have sufficient content required 

for me to complete the learning 

process. (Mtebe & Raphael, 

2018). 

3. Course content is in a variety 

of forms – audio, video, texts, 

etc. (Mtebe & Raphael, 2018). 

4. The content of the course 

materials provided by the 

MOOC platform is complete. 

(M. Yang et al., 2017). 

5. The content of the course 

materials provided by the 

MOOC platform is easy to 

comprehend. (H. H. Yang & Su, 

2017). 

6. The information that has been 

presented in the discussions 

1. The MOOC content in the 

system is up-to-date. 

 

2. The MOOC content in the 

system has sufficient resources 

required for me to complete the 

learning process.  

 

3. The MOOC content in the 

system is in a variety of forms 

– audio, video, texts, etc. 

 

4. The MOOC content of the 

course materials provided in 

the system is complete. 

 

5. The MOOC content of the 

course materials provided in 

the system is easy to 

comprehend. 

 

6. The MOOC content that has 
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Dimension Original items Adapted items 

helps me to better understand 

this course. (Yousef et al., 2015). 

been presented in the system 

helps me to better understand 

the course in the classroom. 

   

 

Table 3.6  Measurement of System Quality under the Context of hMOOC Learning 

Dimension Original items Adapted items 

System quality 1. The user interface of MOOC 

platform is well designed (T. Y. 

Yang, Brinton, Joe-Wong, & 

Chiang, 2017). 

2. The MOOC platform can 

quickly load all the text and 

graphics. (T. Y. Yang et al., 

2017). 

3. MOOC platform is easily 

navigated and functioned. 

(T. Y. Yang et al., 2017). 

4. MOOC platform provides 

prompt responses to my 

request. (T. Y. Yang et al., 

2017). 

 

5. MOOC platform provides 

right solution to my request. 

(T. Y. Yang et al., 2017). 

6. The MOOC platform 

includes the contact 

information of technical 

personnel. (T. Y. Yang et al., 

1. IS system (MOOC 

platform and other apps) is 

well designed. 

 

2. IS system (MOOC 

platform and other apps) can 

quickly load all the text and 

graphics. 

 

3. IS system (MOOC 

platform and other apps) is 

easily navigated and 

functioned. 

4. IS system (MOOC 

platform and other apps) 

provides prompt responses 

to my request. 

5. IS system (MOOC 

platform and other apps) 

provides right solution to my 

request. 

6. IS system (MOOC 

platform and other app) 
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Dimension Original items Adapted items 

2017). includes the contact 

information of technical 

personnel. 

   

 

Social factors are comprised of instructor and relational quality. 

Instructor quality reflects the function of instructor in hMOOC learning, which 

includes two dimensions: assurance and empathy. According to T. Theresiawati et al. 

(2020), assurance refers to instructors’ knowledge and ability making sure the 

arrangement of e-learning while empathy means that instructor’s willingness to 

encourage, respond and help the learners when they have difficulty in e-learning. We 

intend to adapt the instrument of B. Theresiawati, Seta, Hidayanto, and Zaenal Abidin 

(2020), in which “e-learning” context is changed into hMOOC learning context 

including MOOC learning and classroom learning.  

Relational quality refers to  trust and commitment in the 

hMOOC learning community. Hashim and Tan (2015) propose trust, defined as a 

positive belief and expectation towards others, should be developed through 

emotional interaction within a community while H. H. Chang and Chuang (2011) also 

suggest that trust is closely related to social exchange and cooperative cooperation. 

Therefore, the instrument for relational quality is adapted based on the two scholars’ 

scale and do some modification by changing online community into hMOOC learning 

community. Commitment in this research is defined as a desire to maintain the 

relationship within the hMOOC learning community, which includes belonging, pride 

and emotional attachment towards the hMOOC learning community. The instrument 

of commitment is adapted from C.-M. Chiu et al. (2006); Y. Sun et al. (2020) so as to 

m eet the hM OOC  learning context. The following Table 3.7 and Table 3.8 

demonstrate the details. 
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Table 3.7  Measurement of Quality under the Context of hMOOC Learning 

Dimension Original items Adapted items 

Instructor 

quality 

1. Instructors have knowledge 

in their fields. (B. Theresiawati 

et al., 2020). 

2. Instructors have an 

understanding of the materials 

provided. (B. Theresiawati et 

al., 2020). 

3. The lecturer answers all 

student questions thoroughly. 

(B. Theresiawati et al., 2020). 

 

4. Lecturers pay attention and 

care for students (B. 

Theresiawati et al., 2020). 

 

5. Lecturers understand the 

needs of students (B. 

Theresiawati et al., 2020). 

 

 

6. Lecturers respond to student 

needs quickly and efficiently. 

(B. Theresiawati et al., 2020).  

 

7. Lecturers encourage and 

motivate students to do their 

best. (B. Theresiawati et al., 

2020). 

1. Instructors have knowledge 

in their fields. 

 

2. Instructors have an 

understanding of the materials 

provided on MOOC. 

 

3. Instructor answer students’ 

questions thoroughly through 

MOOC platform and other 

apps.  

4. Instructors pay attention 

and care for students on 

MOOC and in the classroom. 

 

5. Instructors understand and 

respond to students’ needs 

quickly and efficiently on 

MOOC and in the classroom. 

 

6.Instructors encourage and 

motivate students to do their 

best on MOOC and in the 

classroom. 
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Table 3.8  Measurement of Relational Quality under the Context of hMOOC Learning 

Dimension Original items Adapted items 

Relational quality 1. I know most of the members 

in this online community will 

do everything within their 

capacity to help others. 

(Hashim & Tan, 2015). 

2. Members in the virtual 

community are dealing with 

one another. truthful in (H. H. 

Chang & Chuang, 2011). 

 

3. I feel a sense of belonging 

towards the MOOC system (C.-

M. Chiu et al., 2006). 

 

4. I am proud to be a member 

of the MOOC system (C.-M. 

Chiu et al., 2006). 

1. I know most of the learners 

attending the hMOOC 

learning will do everything 

within their capacity to help 

others. 

2. I know learners in the 

community of MOOC and 

other learning apps are 

truthful in dealing with one 

another.  

3. I feel a sense of belonging 

towards the MOOC and other 

app system after hMOOC 

learning.  

4. I am proud to be a member 

of the hMOOC learning 

system after the hybrid course. 

 

2)  Process 

The constructs under the learning process includes knowledge 

sharing and learner engagement, both of which affects the learning quality of 

hMOOC. Knowledge sharing is composed of donating and collecting variables. 

Donating indicates the quantity that hMOOC learners provide new knowledge or old 

knowledge with others online or offline while collecting means that the quantity that 

hMOOC learners receive new knowledge or old knowledge from others online or 

offline (Chang & Chuang, 2011). Knowledge refers to explicit knowledge in this 

research. The instrument of knowledge sharing is adapted from H. H. Chang and 

Chuang (2011); Vries et al. (2006) by changing the virtual community into MOOC 

and other IS community (See Table 3.9).  
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Table 3.9  Measurement of Knowledge Sharing under the Context of hMOOC 

Learning 

Dimension Original items Adapted items 

Knowledge sharing 1. I share information I have 

with my colleagues (Vries et 

al., 2006) . 

 

2. New content and 

knowledge are shared or 

posted frequently in the 

virtual community (H. H. 

Chang & Chuang, 2011).  

3. There are a lot of people 

viewing discussions in the 

virtual community (H. H. 

Chang & Chuang, 2011). 

4. There are a lot of people 

providing responses to 

discussions in the virtual 

community (H. H. Chang & 

Chuang, 2011). 

1. I share information I have 

with others through the MOOC 

and other IS community.  

2. I share new content and 

knowledge or post it frequently 

through the MOOC and other 

IS community. 

 

3. There are a lot of people 

viewing discussions in the 

MOOC and other IS 

community. 

4. There are a lot of people 

providing responses to 

discussions in the MOOC and 

other IS community. 

 

 

Learner engagement is another independent construct, which 

includes emotional and cognitive engagement in this research. Emotional engagement 

refers to the enjoyment, interest and enthusiasm towards hMOOC learning while 

cognitive engagement indicates effort and initiate to accomplish the hMOOC learning 

(Halverson & Graham, 2019). Manwaring et al. (2017) adapted the scale of Henrie et 

al. (2015), which is found a good model fit across data sets, for investigating student 

engagement under the context of blended learning. We will adapt Manwaring et al. 

(2017); Y. Sun et al. (2020) by changing MOOC learning context into the hMOOC 

learning context. Table 3.10 illustrates the detailed items. 
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Table 3.10  Measurement of Learner Engagement under the Context of hMOOC 

Learning 

Dimension Original items Adapted items 

Learner 

engagement 

1. Did you enjoy this activity? 

Not at all 1 2 3 4 5 Very 

Much (Manwaring et al., 

2017). 

2. When participating in 

MOOCs, I am enthusiastic 

about my work (Y. Sun et al., 

2020). 

3. When participating in 

MOOCs, my work is 

personally fulfilling (Y. Sun 

et al., 2020). 

4. When participating in 

MOOCs, I often put more 

effort into my work than is 

required (Y. Sun et al., 2020). 

5. When participating in 

MOOCs, I often take extra 

initiative to get things done 

(Y. Sun et al., 2020).  

6. Describe your mood during 

this activity: Focused 1 2 3 

(Neither 4) 5 6 7 Distracted 

(Manwaring et al., 2017). 

1. When participating in 

hMOOCs, what I do really 

enjoys me.  

 

2. When participating in 

hMOOCs, I am enthusiastic 

about my work. 

 

3. When participating in 

hMOOCs, my work is 

personally fulfilling. 

 

4. When participating in 

hMOOCs, I often put more 

effort into my work than is 

required. 

 

5. When participating in 

hMOOCs, I often take extra 

initiative to get things done. 

 

6. When participating in 

hMOOCs, I often take extra 

focus to get things done. 
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3.1.2.3 Control Variables 

Adoption of statistical control variables in non-experimental survey is 

routine and pervasive. The features of control variables refer to extraneous variables 

that are not linked to the hypotheses and theories being tested (Spector & Brannick, 

2011). They are confounding and may produce distortion in the dependent variables 

being tested in the research (Newcombe, 2003; Spector & Brannick, 2011). Based on 

the previous literature, the control variables in this research are mostly related to some 

demographic information including gender, age, degree of education and prior 

experience of hMOOC learning. These variables have been valued in many studies on 

e-learn ing  of h igher education  (Montero-Colbert, Deckard, Stewart, Richard, & 

Nanan, 2019).  

1)  Gender 

Male and female play different social roles in daily lives, which 

will affect their social behavior when making decisions in various situations (Eagly, 

2013; Heffernan, 1988). Therefore, gender matters in the ways in which learners 

interact in online and blended courses (Bostock* & Lizhi, 2005; Rovai & Baker, 

2005a; Weiser, 2000). Existing literature suggests that males are more likely 

influenced by self-development and task value in comparison with females (Shao, 

2018). Gender difference also affects online learners’ engagement and continuance 

intention of MOOC (Shao & Chen, 2021), because females tend to have more close 

connection and interaction with other students in the online course and accord with 

their educational values and goals in higher degree than males (Rovai & Baker, 

2005b). Moreover, there exists a significant discrepancy concerning the behavior of 

knowledge sharing between male and female (Alhammad, Al Faori, & Abu Husan, 

2009; Chai, Das, & Rao, 2011; Wendy, 2015). Based on the review, gender difference 

should be controlled in case of affecting hMOOC learning.  

2)  Age 

There has been extant literature indicating that age exerts few 

substantive differences in engagement and learning performance under the context of 

online or blended learning (Greene et al., 2015; Muilenburg & Berge, 2005; Y. S. 

Wang, Wu, & Wang, 2009). The reason is that the increased age may bring decreased 

barriers to participation (Williams et al., 2018), but the decreased barriers do not 
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necessarily lead to increased participation in learning and then affect performance 

(Kintu & Zhu, 2016; Montero-Colbert et al., 2019). One the other hand, age could be 

a potential factor for knowledge sharing and will affect donating or collecting 

k n o w l e d g e  o n  l i n e  (Ismail & Hosseini, 2014). Older learners will feel more 

empowered to suggest new ideas (Alhammad et al., 2009). Therefore, age should be 

taken as a control variable in case of exerting an impact on learning progress and 

product (Montero-Colbert et al., 2019). This research is for undergraduate students 

with the age controlled between 16-25, considering learners may start their schooling 

earlier or later than their normal age.  

3)  Education level 

Statistical studies have consistently demonstrated that most 

MOOC learners tend to gain high education no matter what types of MOOC they 

enrolled in. Liyanagunawardena et al. (2015) reported the proportion of learners with 

a bachelor’s degree was as high as 48%. The similar results can be found in the other 

research (Cisel, Mano, Bachelet, & Silberzahn, 2015; Nabeel Gillani & Eynon, 2014). 

The educational level of learners is found to contribute to learners’ online learning 

outcome  (Breslow et al., 2013; Nawrot & Doucet, 2014) . That is to say, the higher 

level of education for the learners, the better performance they will make. For 

example, González and Glasserman-Morales (2020); Shalem, Bachrach, Guiver, and 

Bishop (2014) reported the positive relationship between education level and learning 

outcome. Yun, Park, Kim, Jung, and Yoon (2020) found that graduate students showed 

higher engagement in learning than undergraduate did. Given this, education level is 

controlled as bachelor’s degree in modelling their learning process and learning 

outcome.  

4)  Prior experience of hMOOC learning 

It is generally agreed that prior experience of MOOC learning 

will affect learners’ performance and retention in MOOC (Breslow et al., 2013; 

Greene et al., 2015). Prior experience is helpful for the learners to be familiar with 

MOOC learning system, so it will promote learner engagement into various learning 

activities (González & Glasserman-Morales, 2020). In this research, hMOOC learning 

is to integrate MOOC into the on-campus course, so the familiarity of hMOOC 

learning system will also help learners engage in online and offline learning. This 



 81 

statement has been discussed in the prior research (Cornelius et al., 2019). Therefore, 

we should take it as a control variable to make sure all the respondents attending the 

survey should have the prior experience of blended course, which is to integrate 

MOOC into the campus course, so that it will not be a barrier to learner engagement 

and affect the outcome.  

5)  Disciplinary difference 

Different disciplines may exert various impacts on learner 

engagement and learning outcome (performance and satisfaction), which have been 

discussed in the extant literature (Jung & Lee, 2018; Kock, 2013). Vo, Zhu, and Diep 

(2020) reported that learners in hard disciplines gain much lower grades than others in 

soft disciplines in blended learning. J. Arbaugh (2013) also demonstrated that learners 

in “harder” disciplines gained lower level of high-order learning, in other words, hard 

disciplines learners seem to obtain higher scores when overall grades include only 

final exams but lower scores with more participation and group tasks designed. 

Accordingly, disciplinary difference will affect academic performance in online and 

blended learning, which have been supported by many scholars (J. B. Arbaugh, 

Bangert, & Cleveland-Innes, 2010; Pektas & Gurel, 2014; Smith, Heindel, & Torres-

Ayala, 2008). Therefore, disciplinary difference should be considered as a control 

variable, where soft disciplines (e.g., social science, arts, humanities, language and 

etc.) are particularly included so as to reduce the effect on learning outcome in this 

research.  

As this research focus is taken on Fujian province of China, 

respondents should be selected in different ranks of universities in Fujian, which is 

also taken a control variable with a view to reflect the overall state of education in 

Fujian. Meanwhile, hMOOC is adopted as a particular learning context in this 

research, for which a large number of factors may exert some impacts on hMOOC 

learning outcome including percentage of MOOC and classroom learning, the level 

and platform of MOOC and functions of MOOC in hMOOC instruction design. Given 

the above, the demographic part of the questionnaire is designed which is proposed as 

follows.  
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Table 3.11  Demographic Questionnaire 

No Question 

1. Gender 

□ Male     □ Female 

2. Age _____ years old 

3. Are you an undergraduate student?   

□ Yes     □ No  

If you say yes, please continue the following survey.  

4. The name of your university_____________ 

5. Your current grade     

□ Year 1□ Year 2 □Year 3 □Year 4 

6. Your major ______________  

7. Your major belongs to ________  

□ Hard discipline 

□ Soft discipline 

If your major belongs to soft discipline, please continue the following 

survey. 

8. Have you ever attended hMOOC learning, that is integrating MOOC into 

classroom learning?  

□ Yes     □No  

9. If you say yes, can you tell me how many hMOOCs have you ever 

joined? _______ 

Please write down one of hMOOCs you like most_________ 

10. What are the percentage between MOOC and classroom learning for the 

hMOOC you named?  

□ 80% above for MOOC learning and 20% below for classroom 

learning 

□ 51%-79% for MOOC learning and 49%-21% for classroom 

learning 

□ 50% for MOOC learning and 50% for classroom learning 

□ 49%-21% for MOOC learning and 50%-79% for classroom 
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No Question 

learning 

□ 20% below for MOOC learning and 80% above for classroom 

learning 

11. Which level of MOOC do you often use when taking a hMOOC 

learning? 

□ national level of MOOC    □Provincial level of MOOC  

□ university level of MOOC □Others _______ 

12. What are the functions of MOOC for your hMOOC learning? 

□ MOOC as service 

□ MOOC as replacement 

□ MOOC as added value 

□ MOOC as a driver 

□ others 

 

3.1.3 Data Collection  

A self-administered questionnaire was adopted to collect data in this survey. It 

is a data collection method prevalent in the field of education and psychology (de 

Leeuw, 2008). This method allows respondents to accomplish the questionnaire in a 

free way without the intervention of researchers. Traditionally, the questionnaire is 

delivered by means of mail or in person to the respondents of large groups, but now it 

is widely collected through online surveys (Lavrakas, 2008). The advantages of self-

administered questionnaires are  to permit anonymity which will result in more honest 

response and provide easy access to obtain a large number of samples with minimal 

costs (Bourque & Fielder, 1995; Rada & Domínguez-Álvarez, 2014). 

The forward-backward translation was first adopted, that is, the English 

version of questionnaire was translated into Chinese first and translated back into 

English again to see whether the two versions are equivalent. After that, a pilot test 

was taken by distributing the questionnaire to 100 undergraduate English major 

students via convenience sampling techniques. The reliability analysis was first 

conducted based on the threshold of 0.7 value (Nunnally, 1978). EFA (exploratory 

factor analysis) and CFA (confirmatory factor analysis) were both made, and some 
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low factor loadings (<0.5) were deleted, which lowered 39 items (see Appendix A) of 

the questionnaire to 31 items (see Appendix B).  

Furthermore, the self-administered questionnaire was delivered to collect the 

primary data through an online website. The online survey has the advantage of 

reaching a large audience rapidly at the cost of bias toward those who have access to 

the online platform (C. W. Kim & Song, 2017). Wenjuanxing website was applied for 

online investigation, as it is an online survey platform which is quite popular and 

widely accepted in China for data collection (Ning et al., 2020). The questionnaire 

w as developed through Wenjuanxing w hich provided a link for filling the 

questionnaire. Then the link was sent to the different universities (at least 6 

universities including top, medium and low level).  The instructors who have 

conducted hMOOC design in their universities were further contacted so as to 

encourage more students to participate in the investigation. When they filled in the 

questionnaires, they can get a bonus from the website. 

 

3.1.4 Data Analysis techniques 

In this section, the focus is on the statistical processing of data analysis. The 

data from the completed questionnaire was entered into a database based on Excel for 

further analysis. Then descriptive, reliability, validity, path and mediation analysis 

were conducted on the basis of SPSS and AMOS program. 

3.1.4.1 Descriptive Analysis  

In this research, SPSS was adopted to process the data, eliminate the 

missing value, and make a descriptive analysis. Descriptive statistics is the most basic 

statistical method to sort out, classify, simplify or draw charts of the data obtained in 

the survey, so as to describe and summarize the characteristics of the data and the 

association between variables (Leech, Barrett, & Morgan, 2013). Many previous 

researchers adopt descriptive statistics in empirical MOOC studies (Zhu, Sari, & Lee, 

2018), which will present the overall demographic information containing percentage, 

standard deviation and means. Therefore, this statistic technique was applied in this 

research in order to describe demographic information of hMOOC learners including 

age, university, education level, and their perspective towards hMOOC.  
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3.1.4.2 Reliability Analysis 

Reliability refers to the stability and consistency of the survey results 

obtained after the repeated measurement of the same object. when the same method is 

used for repeated measurement of the same object (Hernon & Schwartz, 2009). The 

ideal value of Cronbach’s α shall be above 0.7 which is taken as high reliability value 

(Nunnally, 1978). Therefore, if the data to be collected can reach the value of 

Cronbach’s α above 0.7, this means the data is highly reliable. In addition, the value 

of composite reliability (CR) based on confirmatory factor analysis (CFA) for each 

item should exceed 0.7 (JF Hair, Black, Babin, & Anderson, 2010). In this research, 

the two techniques were applied to confirm whether the construct items towards the 

questionnaire was in good consistency and normal distribution. 

3.1.4.3 Validity Analysis 

Validity is defined as the degree to which the instrument designed is 

accurately measured towards the desired construct (Heale & Twycross, 2015). In this 

research, three techniques were adopted to test the validity of the instrument based on 

CFA (Joseph F Hair, Anderson, Tatham, & Black, 1998). Firstly, convergent validity 

was assessed to see how closely the indicators affected each other under the same 

construct (Carlson & Herdman, 2012). There were two criteria for effective 

convergent validity including: 1) factor loading that each item of the construct should 

be higher than 0.5 (JF Hair et al., 2010); 2) the value of Average Variance Extracted 

(AVE) for each item should be larger than 0.5 (Jr Hair, Joseph, Hult, Ringle, & 

Sarstedt, 2021).  

Moreover, discriminant validity was examined to see how far measures 

of different constructs diverge (Hulland, 1999), which is composed of three types of 

c r i t e r i a  a t  p r e s e n t .  Fornell-Larcker criterion is frequently adopted to assess 

discriminant validity in the fields of marketing and management (Joe F Hair, Sarstedt, 

Ringle, & Mena, 2012) which compared the correlation coefficient between the latent 

variables and the squared roots of AVE. The assessment of cross-loading is another 

type of criterion adopted normally which indicates that the loadings of the indicator 

on the relevant construct should be larger than all the loadings on other constructs 

(Gefen & Straub, 2005). Nevertheless, another new approach was proposed by 

Henseler, Ringle, and Sarstedt (2015), who particularly attached importance to the 
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efficacy of the heterotrait-monotrait ratio of correlations (HTMT) by means of a 

Monte Carlo simulation. HTMT indicates that the average value of the monotrait-

heteromethod correlations (i.e. the correlation of indicators within the same structure) 

is divided by the average value of the heterotrait-heteromethod correlations (i.e. the 

correlation of indicators between structures measuring different phenomena) (See 

Figure 3.3). Discriminant validity between two constructs will be confirmed when the 

HTMT0.85 value is smaller than 0.85(Kline, 2015), or HTMT 0.90 value is lower than 

the 0.90 (Gold, Malhotra, & Segars, 2001), or HTMTinference which serves as a basis of 

1 value which means the value smaller than 1 is acceptable (Henseler et al., 2015). 

HTMT 0.85 is the most strict threshold while HTMT0.9 is stricter than HTMTinference, so 

HTMT0.9 is often adopted in the recent MOOC research (N. A. Albelbisi, 2019). 

Therefore HTMT0.9 was applied into this research to examine the discriminant 

validity.  

 

 

Figure 3.3  HTMT Formula 

Source: Henseler et al. (2015). 

 

For the third technique, construct validity was further confirmed by 

examining the overall fit of the measurement model based on CFA.  

3.1.4.4 Path Analysis 

Structural equation model (SEM) is a multivariate statistical method 

that adopts linear equation to explore the relationship between exogenous variables 

and endogenous variables, as well as the relationship between endogenous variables 

with the consideration of measurement error (R. Ho, 2006). In this research, SEM was 

adopted to make a path analysis, so that the hypothesis was tested and the causal 

relationship among presage, process and product of the hMOOC learning was found. 
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Path analysis for the causation of all variables were conducted so as to appraise the 

goodness of fit towards the measurement model. The goodness of fit measures 

comprises of three kinds: 1) absolute fit measures, 2) incremental fit measures, and 3) 

parsimonious fit measures, which will determine to what extent the proposed model 

predicts the observed covariance matrix. Absolute fit measures consist of Chi-square 

statistic, Goodness-of-Fit Index (GFI) and Root Mean Square Error of Approximation 

(RMSEA). Chi-square statistic indicates that the smaller the chi-square value is, the 

better fit of the model will be when adopted in SEM while GFI suggests a 

nonstatistical measure ranging from 0 (poor fit) to 1(perfect fit) (R. Ho, 2006). 

Sometimes normed Chi-square is adopted which indicates that chi-square is divided 

by the degree of freedom. When the value of normed Chi-square is lower than 5, the 

model is acceptable, however if the value is lower than 3, it is a satisfactory model. 

Furthermore, RMSEA is a measure of discrepancy per degree of freedom indicating 

unfitness of a model. Provided that the value is the closest to 0, the fitting is perfect. 

Normally, if values go below 0.05, the model is nearly satisfactory. By contrast, if 

values range from 0.05 to 0.08, the model is deemed acceptable; the values, from 0.08 

to 0.10, indicate mediocre fit; and those greater than 0.10 mean poor fit (Browne & 

Cudeck, 1992; Rigdon, 1996). In addition, in c re m e n ta l  f i t  m e a s u re s  m a k e  a 

comparison between the proposed model and some baseline model including some 

techniques like Tucker-Lewis Index (TLI), Normed Fit Index (NFI), Relative Fit 

Index (RFI), Incremental Fit Index (IFI), and Comparative Fit Index (CFI). All the 

values go from 0 (a fit that is no better than the null model) to 1 (a perfect fit) (R. Ho, 

2006). Finally, parsimonious fit measures involve two criteria: parsimonious normed 

fit index (PNFI) and Akaike information criterion (AIC). The former takes the 

quantity of degrees of freedom into account, which is used to achieve a fitting level 

while the latter is a comparative measure between models with different constructs 

(Schermelleh-Engel, Moosbrugger, & Müller, 2003). In a word, path analysis is a 

useful technique based on SEM to testify the established model fit, through which 

absolute fit measures and incremental fit measures are particularly applied in this 

research.  
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3.1.4.5 Mediation Analysis 

Mediation analysis is a kind of standard technique and procedure 

applied to test theories and then understand the causal relationship among variables 

(Baron & Kenny, 1986), which is defined as a relation such that an independent 

variable (X) affects a dependent variable (Y ) through one or m ore potential 

intervening variables, or mediators (M) (MacKinnon, 2012; Preacher & Hayes, 2008). 

There are various types of effect from X to Y (see Figure 3.4).  

 

 

Figure 3.4  The Total Effect of X on Y (A), a Aimple Mediation Model (B), a Single-

step Multiple Mediator Model (C), and a Multiple-step Multiple Mediator 

Model (D) 

Source:  Hayes (2009). 
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Figure 3.4 A demonstrates the direct impact from X on Y while Figure 

3.4 B is a simple mediation model where a is the coefficient for X in a model 

predicting M from X, and b and c are the coefficients in a model predicting Y from 

both M and X, respectively. Here c’ quantifies the direct effect of X on Y, whereas the 

product of a and b quantifies the indirect effect of X on Y through M (Hayes, 2009). If 

all three variables are observed, then c=c’+ab (c refers to total effect and ab is indirect 

effect). What’s more, Figure 3.4 C shows a single-step multiple mediator model 

where the total effect is equal to the direct effect of X on Y together with the total of 

the indirect effect through M and the indirect effect through W. That is, 

c=c’+a1b1+a2b2. 

Meanwhile, bootstrapping was adopted to make a mediation analysis 

based on Figure 3.4 B and Figure 3.4 C model and explore how well the adapted 3P 

model was where motivation belief and relational quality influenced the satisfaction 

through learner engagement and knowledge sharing (see Figure 3.5 and Figure 3.6). 

Bootstrapping is a computationally intensive method through which sampling is 

repeatedly conducted from the data set and the indirect effect will be estimated in 

each resam pled data set (Preacher &  H ayes, 2008). Based on the approach 

recommended by Preacher and Hayes (2004) , the sampling distribution of the 

indirect effect should be bootstrapped. Specifically, bias-corrected bootstrapping is 

taken as a powerful technique to discover mediation. A statistically significant indirect 

effect (t-value > 1.96, two-tailed, p < 0.05) should be taken as an verification for 

mediating effect (Preacher & Hayes, 2004). Moreover, testing confidence intervals 

(CI) is another important condition to uncover a mediation effect. If CI for the indirect 

effect does not stride across a zero, this supports the existence of mediation effect 

(and vice versa) (Memon, Jun, Ting, & Francis, 2018).  

 



 90 

 

Figure 3.5  The Mediating Effect of Learner Engagement and Knowledge Sharing 

between Motivation Belief and Satisfaction 

 

 

Figure 3.6  The Mediating Effect of Learner Engagement and Knowledge Sharing 

between Relational Quality and Satisfaction 

 

3.2 Qualitative Research  

Qualitative research is an inquiry conducted to uncover individuals’ hidden 

feeling or opinions which cannot be collected through numerical data, so it lays 

emphasis on meaning and understanding of a particular context (Merriam & Tisdell, 

2016). It is exploratory and inductive, which will provide a holistic description of the 

phenomenon. Therefore, in this thesis qualitative research will be adopted to explore 

hMOOC learners’ actual perspectives towards engagement and its predictors and 

outcome under hMOOC learning context, the findings of which will provide a 

triangulating function and more complete results (R. B. Johnson & Onwuegbuzie, 

2004).  

 

3.2.1 Sample Size 

To further explore and interpret the results from the quantitative phase, 

qualitative research was conducted by adopting a follow-up interview. Thus, during 
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the collection of questionnaires, the participants were invited to leave their contact 

email or telephone if they were willing to join in the interview. Finally, about 5% of 

participants left their email, among which 6 interviewees were confirmed joining in 

our interview. They all came from the 3 ranks of university (see Table 3.12), two from 

the national-rank university, two from provincial-rank university, and the rest two 

from local-rank university, among which there were two males and four females. 

Meanwhile, all the six respondents majored in soft discipline, four in English major 

together with one in Law and the other in International Trade, all of whom had prior 

experience of hMOOC learning and had completed the questionnaire filling. To 

further confirm their actual performance in hMOOC learning, we contacted B, D and 

F’s instructors for an interview.  

 

Table 3.12  Demographic Information of Respondents 

Name Grade Gender Major University 

A 2 Female Law Xiamen University (Project 985) 

B 2 Male English Fuzhou University (Project 211) 

C 3 Female English Fujian Agriculture and Forestry 

University 

D 2 Female English Fujian Agriculture and Forestry 

University 

E 3 Female English Jinshan College 

F 4 Male International 

trade 

Fuzhou University of International 

Studies and Trade 

 

3.2.2 Interview Protocol  

Interview is one of the best techniques for intensive case studies of a few 

selected participants (Merriam & Tisdell, 2016), which is conducted between a 

researcher and the participant (one or more) in conversation. Normally, there are 3 

types of interviews including structured, semi-structured and unstructured interview. 

In this research, semi-structured interview was applied, which means that the 

questions are half open and flexibly worded. Therefore, it is easy to let participants to 
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express their own perspective, so that more information will be found (Merriam & 

Tisdell, 2016).  

The interview protocol is designed including time, date and place of interview, 

name of interviewer and interviewee, purpose of interview and contents of interview 

etc (see Table 3.12). As for the contents of interview, 2 of which are demographic 

questions and 8 of which are the questions tending to explore the interviewees’ actual 

understanding towards hMOOC learning and the factors (including presage, process 

and product) affecting the quality of hMOOC learning. 

Table 3.13  Interview Protocol 

Number  

Title Factors Influencing the hMOOC Learners’ Engagement and 

Knowledge Sharing based on an Adapted 3P Model: The Case Study 

of Fujian Province, China 

Date  Place  

Interview 

time 

30-60 minutes per person 

Interviewer  Interviewee  

Purpose of interview 

This interview  is to explore the predictors and outcom e of the learning 

engagement and knowledge sharing from the hMOOC learners’ perspective, which 

will finally provide the implication on how to improve hMOOC learning success.  

Questions 

1. What is your name and which university are you in?  

2. Which major are you in?  

3. Can you describe your hMOOC learning experience such as types of hMOOC 

course, attitude towards hMOOC learning, the best MOOC once you have attended?  

4. What do you think of MOOC functions during the hMOOC learning? Can you 

use a simile to describe it?   

5. Can you describe your engagement in hMOOC learning?  

6. What motivate you to engage in hMOOC learning?  What do you think of the 

online task assigned by your instructor?  
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Number  

Title Factors Influencing the hMOOC Learners’ Engagement and 

Knowledge Sharing based on an Adapted 3P Model: The Case Study 

of Fujian Province, China 

Date  Place  

Interview 

time 

30-60 minutes per person 

Interviewer  Interviewee  

Purpose of interview 

7. What do you think of content quality and system quality of MOOC and other IS 

apps which may support your hMOOC learning?  

8. What do you think of the role that your instructor has played in hMOOC 

learning?  

9. What do you think of the relationship with other learners in your hMOOC 

learning community? What kind of virtual community may affect your hMOOC 

learning?   

10. Do you often conduct knowledge sharing on hMOOC learning community? If 

you say yes, what types of knowledge sharing do you provide?  

 

 

3.2.3 Data Collection 

The interview was conducted in two ways, including face-to-face and 

telephone interview. Before the interview, the designed protocol was approved by the 

experienced research advisor in advance. When starting interview, the interviewer 

first introduced the purpose of research and the potential benefits it may bring to the 

interviewee, such as the opportunity to reflect the hMOOC learning experience and 

raise their awareness for the factors affecting their efficiency in hMOOC learning. 

Some latent risks were also mentioned. For instance, some questions may bring 

discomfort to the interviewee as they may be relevant to personal issues. Hence, 

confidential promise was made so as to make the interviewee feel relaxed. During the 

interview, the interviewer got approvement of the respondents, so that the entire 

process was recorded via the digital recorder. Moreover, the interview was conducted 
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in a natural atmosphere, which was based on the respondents’ voluntary attitude. If 

they felt uneasy and refused to answer the questions, the interview would end 

instantly. After interview, the data in the recorder was transcribed into written text for 

further analysis. 

 

3.2.4 Data Analysis 

The transcripts were first read line by line by the researcher, searching for the 

meaningful elements, which is initial coding. Based on the theoretical framework and 

conceptual model, the initial coding centers on some keywords including MOOC 

functions, motivation belief, system quality, MOOC content, instructor, relationship of 

virtual community, engagement and knowledge sharing. Subsequently, inductive 

analysis was made by coding various themes and put them into different categories 

based on comparison and contrast. Finally, the interview report was formed by 

summarizing the findings and making a refinement based on the research questions. 

  



 

 

CHAPTER 4 

 

RESULTS OF DATA ANALYSIS 

 

This chapter first presents the results of quantitative survey by conducting 

descriptive analysis, validity and reliability analysis, path and mediation analysis. 

Afterwards, the qualitative data is reported via analyzing the data collected by means 

of semi-structured interview towards six participants.  

 

4.1 Results of Quantitative Survey  

The main objective of quantitative survey is to justify the adapted 3P model 

which is built to explore the interrelationship among the presage, process, and product 

of hMOOC learning and verify the hypothesis.  

 

4.1.1 Pilot Test 

The questionnaire was first distributed to 10 undergraduate students majoring 

in English at Fujian Agriculture and Forestry University (FAFU), which was to 

confirm whether the respondents could understand the Chinese version of the 

questionnaire. Some confusing words were deleted and the modified questionnaire 

(see Appendix A) was distributed to 100 English majors in FAFU. Reliability analysis 

was made through SPSS with the value of Cronbach’s alpha higher than 0.7 for 39 

items. Thereafter, we carried out EFA  and deleted item 10 of content quality, items 

14, 15, 16 of system quality, items 21 and 22 of instructor quality, item 30 of 

knowledge sharing, item 36 of learner engagement with low factor loadings (<0.5) 

(Chin, Marcolin, & Newsted, 2003). After modification, 31 items were preserved for 

the final version of questionnaire (see Appendix B and C for English and Chinese 

version).  

  



 96 

4.1.2 Descriptive Analysis  

This section will report the dem ographic information of respondents 

(including age, grade, gender, university etc) and their perspective towards hMOOC 

learning.  

4.1.2.1 Demographic Information of Respondents 

The self-administered questionnaire was distributed randomly to 

undergraduate students based on the different rank of university in Fujian during 

December 2021 through Wenjuanxing website. About 1250 students filled in the 

questionnaire, among which 750 questionnaires were selected as valid after deleting 

the invalid data including incomplete information or no varying answers (only 

including one or two answers in the questionnaire). Totally there were 250 

respondents from two national top universities while 250 from five provincial top 

universities (See Table 4.1). Meanwhile, another 250 respondents came from eight 

local public and private universities. These respondents mainly majored in law, 

language (English, French, and Japanese), economics, international trade, business 

English, human resources, accounting, management etc, which all belonged to soft 

discipline.  

 

Table 4.1  Distribution of Respondents 

Respondents University 

250 2 National top universities: Xiamen University and 

Fuzhou University. 

250 5 Provincial top universities: Fujian Agriculture and 

Forestry University, Jimei University, Fujian Normal 

University, Fujian Medical University, Fujian University 

of Technology. 

250 8 Local public and private universities: Fuzhou 

University of International Studies and Trade, Fujian 

Police College, Sanming University, Wuyi University, 

Fujian Jiangxia University, Mingjiang University, Putian 

University, Jinshan College. 
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Furthermore, the demographic information of age, gender and grade 

among the 750 respondents are illustrated in Table 4.2. The age of the respondents 

was between 16 and 25, with the largest percentage occupied in 19, 20 and 21 years 

old. Male accounted for 21.7% while female was 78.3%, which can reflect the real 

situation of soft discipline learners, the majority of whom is female. Additionally, the 

undergraduate respondents were distributed in four grades, with the largest number 

for sophomores and junior college students.  

 

Table 4.2  Descriptive Statistical Analysis of Respondents 

Variables Characteristics Frequency % Commutative % 

Age 16 

17 

18 

19 

20 

21 

22 

23 

24 

25 

Total 

2 

1 

62 

209 

202 

163 

69 

35 

5 

2 

750 

.3 

.1 

8.3 

27.9 

26.9 

21.7 

9.2 

4.7 

.7 

.3 

100.0 

.3 

.4 

8.7 

36.5 

63.5 

85.2 

94.4 

99.1 

99.7 

100.0 

100.0 

Gender Male 

Female 

Total 

163 

587 

750 

21.7 

78.3 

100.0 

21.7 

100.0 

100.0 

Grade 1 

2 

3 

4 

Total 

49 

343 

238 

120 

750 

6.5 

45.7 

31.7 

16.0 

100.0 

6.5 

52.3 

84.0 

100.0 

100.0 
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As for the actual performance, respondents indicated their final score 

ranges of hMOOC learning (a combination of online scores and offline scores) 

concerning their reported favorite hybrid course. From Table 4.3, it is found that about 

37.3% of respondents reported their academic performance centered on the medium 

level (70-79%) while 29.5% of respondents was on the medium-high level (80-89%). 

Only 8.4% respondents obtained the super high scores (>90%). 

 

Table 4.3  hMOOC Performance 

Score Frequency % Commutative % 

1 

2 

3 

4 

5 

Total 

102 

84 

280 

221 

63 

750 

13.6 

11.2 

37.3 

29.5 

8.4 

100.0 

13.6 

24.8 

62.1 

91.6 

100.0 

100.0 

 

Note:  1 refers to < 60%；2 refers to 60%-69%; 3 refers to 70%-79%; 4 refers to 

80%-89%; 5refers to> 90%. 

 

4.1.2.2 Basic Information of hMOOC  

hMOOC is the integration of MOOC into the classroom learning. 

Some basic information was collected from the perspective of respondents including 

the number of hMOOCs that respondents once attended, class hour percentage 

between MOOC and classroom learning, rank and function of MOOC.  

  



 99 

Table 4.4  Number of hMOOC Enrolled 

Number of 

hMOOC 
Frequency % Commutative % 

1 

2 

3 

4 

Total 

220 

281 

197 

52 

750 

29.3 

37.5 

26.3 

6.9 

100.0 

29.3 

66.8 

93.1 

100.0 

100.0 

 

Table 4.4 illustrates how many hMOOCs the respondents once enrolled 

in. It is found that most respondents at least took part in one or two hMOOCs. About 

26.3% respondents indicated that they had joined 3 hybrid courses while 6.9% 

respondents had enrolled in 4 hybrid courses.  

 

Table 4.5  Percentage of MOOC and Classroom Learning for hMOOC 

Percentage Frequency % Commutative % 

1 

2 

3 

4 

5 

Total 

95 

64 

278 

160 

153 

750 

12.7 

8.5 

37.1 

21.3 

20.4 

100.0 

12.7 

21.2 

58.3 

79.6 

100.0 

100.0 

 

Note:  1: 80% above for MOOC learning and 20% below for classroom learning 

2: 51%-79% for MOOC learning and 49%-21% for classroom learning 

3: 50% for MOOC learning and 50% for classroom learning 

4: 49%-21% for MOOC learning and 50%-79% for classroom learning 

5: 20% below for MOOC learning and 80% above for classroom learning 
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Table 4.5 shows the different percentage between M OOC and 

classroom learning. It is found that 50%-50% division between MOOC and classroom 

learning was the most popular while the division of 49%-21% for MOOC learning 

and 50%-79% for classroom learning went as the second. The third was the division 

of 20% below for MOOC learning and 80% above for classroom learning. Therefore, 

on-campus learning still accounts for the larger percentage in higher education of 

China than online learning under the context of hMOOC learning.  

 

Table 4.6  Rank and Function of MOOC 

Variables Characteristics Frequency % Commutative % 

Rank National rank 

Provincial rank 

University rank 

Others 

Total 

215 

106 

321 

108 

750 

28.7 

14.1 

42.8 

14.4 

100.0 

28.7 

42.8 

85.6 

100.0 

100.0 

Function MOOC as service 

MOOC as replacement 

MOOC as added value 

MOOC as a driver 

Total 

61 

48 

450 

191 

750 

8.1 

6.4 

60 

25.5 

100.0 

8.1 

14.5 

74.5 

100.0 

100.0 

 

From Table 4.6, national rank of MOOC accounted for 28.7% while 

provincial rank of MOOC occupied 14.1%, so the commutative percentage of MOOC 

for provincial and national level reached 42.8% of the total. Meanwhile 42.8% of 

MOOCs were at the university level, which occupied the largest percentage. In a 

word, about 85.6% of MOOCs were confirmed locally, provincially, or nationally as 

high quality no matter in content and in design, which provides a good foundation for 

the instructors to conduct the hMOOC learning.  

Moreover, 60% of respondents thought MOOC was added value to their 

curriculum while 25.5% of students regarded MOOC as a driver which would enrich 

their campus learning. Totally, about 85.5% of respondents agreed that hMOOC 
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learning in China was under the strong support of their universities and served as 

different functions which were beneficial to their academic learning.   

Besides the above, 557 respondents recommended China University MOOC as 

a good MOOC platform while 255 respondents indicated that Xueyin Online was 

quite a popular provider compared with Xuetang X, by offering various types of 

MOOCs. Furthermore, Mu-classroom, rain-classroom and Xuexitong are three IS 

apps applied in hMOOC learning. From the students’ perspective, Xuexitong (56.5%) 

and Mu-classroom (57.2%) were two popular IS tools applied into the traditional 

classroom and helped instructors to integrate MOOC resources and their own 

resources together for achieving successful blended learning. Only 19.1% of students 

recommended rain-classroom app. 

 

4.1.3 Results of Reliability Analysis 

Reliability analysis has been tested by adopting the most common indicators 

for internal consistency Cronbach’s alpha (α) based on the SPSS software. If the value 

of α and CR are higher than 0.70, the constructs will be considered reliable and 

acceptable (JF Hair et al., 2010). The results (see Table 4.7) show that the value of 

Cronbach’s alpha (α) in every construct is higher than 0.847 and CR ranged from 

0.848 to 0.931, indicating all the items consistently measure their corresponding 

construct.  

 

Table 4.7  Results of Reliability Analysis 

Constructs Number of items Cronbach's Alpha CR 

Motivation belief 4 0.896 0.898 

Content quality 5 0.917 0.919 

System quality 3 0.847 0.848 

Instructor quality 4 0.927 0.929 

Relational quality 4 0.900 0.904 

Knowledge sharing 3 0.885 0.899 

Learner engagement 5 0.932 0.931 

satisfaction 3 0.892 0.907 
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4.1.4 Results of Validity Analysis 

In this section, two techniques were adopted to examine the validity of the 

final version of questionnaire.  

4.1.4.1 Convergent Validity  

Convergent validity was tested in accordance with two criteria. 

Standardized loading estimates should be 0.5 or higher, and ideally, 0.7 or higher, to 

indicate effective convergent validity. And AVE (average variance extracted) should 

be 0.5 or greater (Gefen & Straub, 2005). Table 4.8 shows the specific results, where 

all standardized loadings are larger than 0.7 together with AVE values higher than 0.6. 

Accordingly, the convergent validity towards the 8 constructs is quite satisfactory and 

effective.  

 

Table 4.8  Results of Convergent Validity 

Constructs Item Loading AVE 

Motivation belief MB1 

MB2 

MB3 

MB4 

0.804 

0.818 

0.826 

0.868 

0.688 

Content quality CQ1 

CQ2 

CQ3 

CQ4 

CQ5 

0.812 

0.882 

0.839 

0.849 

0.783 

0.695 

System quality SQ1 

SQ2 

SQ3 

0.832 

0.845 

0.741 

0.652 

Instructor quality IQ1 

IQ2 

IQ3 

IQ4 

0.862 

0.907 

0.896 

0.840 

0.766 

Relational quality RQ1 0.840 0.703 
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Constructs Item Loading AVE 

RQ2 

RQ3 

RQ4 

0.805 

0.851 

0.856 

Learner engagement LE1 

LE2 

LE3 

LE4 

LE5 

0.839 

0.883 

0.847 

0.830 

0.874 

0.731 

Knowledge sharing KS1 

KS2 

KS3 

0.847 

0.861 

0.885 

0.747 

Satisfaction SA1 

SA2 

SA3 

0.916 

0.823 

0.882 

0.765 

 

4.1.4.2 Results of Discriminant Validity  

A new approach was adopted to test discriminant validity, that is 

HTMT0.9 (Henseler et al., 2015), which is to examine to what degree one construct 

diverge from other construct based on AMOS software by adding a HTMT Plugin. 

From Table 4.9, it is found that the estimated correlation values between all construct 

pairs were lower than the suggested threshold of 0.9, which indicates the distinctness 

in construct content and the specificity of discriminate validity.  
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Table 4.9  Results of Discriminant Validity 

HTMT MB CQ SQ IQ RQ KS LA SA 

MB - - - - - - - - 

CQ 0.813 - - - - - - - 

SQ 0.777 0.757 - - - - - - 

IQ 0.698 0.781 0.818 - - - - - 

RQ 0.768 0.745 0.849 0.805 - - - - 

KS 0.709 0.709 0.747 0.746 0.833 - - - 

LA 0.763 0.686 0.822 0.688 0.844 0.816 - - 

SA 0.766 0.681 0.748 0.706 0.850 0.816 0.880 - 

 

Note:  MB-motivation belief; CQ- content quality; SQ- system quality; IQ- instructor 

quality; RQ-relational quality; KS-knowledge sharing; LE-learner engagement; 

PERF-performance; SA-satisfaction. 

 

4.1.4.3 Results of Measurement Model Fit   

The measurement model for the 8 constructs were developed for 

detecting whether the 31 indicators would reflect the 8 latent constructs based on the 

different indices. CFA (a common technique in marketing-related research) is carried 

out to determine the degree of model fit and confirm the relationships between the 

observed and latent variables via Amos 24.0. The measurement model was shown in 

Figure 4.1. The consequences of CFA indicated that the standardized regression 

weights ranged from .782 to .906 while the unstandardized regression weights were 

all significant based on the critical ra tio (>±1.96, p<.05). Therefore, the 31 

measurement variables can be significantly represented by their own latent constructs. 
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Figure 4.1  Measurement Model for CFA 

Note:  MB-motivation belief; CQ- content quality; SQ- system quality; IQ- instructor 

quality; RQ-relational quality; KS-knowledge sharing; LE-learner 

engagement; SA-satisfaction 
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M eanwhile, Table 4.10 demonstrates the results of absolute fit 

measures, and incremental fit analysis, among which x2/df is 4.441 (lower than the 

cutoff of 5) and RMSEA as 0.068 (lower than the cutoff of 0.08). In addition, 

incremental fit indices of NFI, IFI, CFI, TLI, and CFI were all above 0.9 while GFI 

and AGFI were also close to 0.9. Accordingly, the measurement model fit is 

acceptable (Browne & Cudeck, 1992), and the eight constructs are valid in content.  

 

Table 4.10  Measurement Model Fit Indices 

Factors 

Model 
x2 df x2/df GFI AGFI NFI IFI CFI TLI RMSEA 

8 factors 1803.162 406 4.441 0.862 0.832 0.919 0.936 0.936 0.926 0.068 

 

4.1.5 Hypothesis Test 

4.1.5.1 Results of Correlation Analysis 

Pearson correlation coefficients were calculated so as to explore the 

one-to-one relations between the constructs. Results are shown in the following table, 

which indicates that the eight constructs have significant correlation between each 

other at the level of 0.01 and provides a foundation for further analysis.  

 

Table 4.11  Correlation among the Constructs 

 MB CQ SQ IQ RQ KS LE PERF SA 

MB 1 - - - - - - - - 

CQ 0.736** 1 - - - - - - - 

SQ 0.679** 0.687** 1 - - - - - - 

IQ 0.633** 0.735** 0.736** 1 - - - - - 

RQ 0.689** 0.690** 0.742** 0.746** 1 - - - - 

KS 0.637** 0.657** 0.658** 0.685** 0.757** 1 - - - 

LE 0.667** 0.635** 0.704** 0.638** 0.771** 0.751** 1 - - 

PERF 0.250** 0.242** 0.192** 0.274** 0.173** 0.214** 0.150** 1 - 

SA 0.692** 0.656** 0.657** 0.663** 0.764** 0.745** 0.802** 0.175** 1 

 

Note:  1. *: p<0.05; **: P< 0.01; ***: p< 0.001 
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2. MB-motivation belief; CQ- content quality; SQ- system quality; IQ- 

instructor quality; RQ-relational quality; KS-knowledge sharing; LE-learner 

engagement; PERF-performance; SA-satisfaction. 

 

4.1.5.2 Results of Path Model Fit  

The conceptual model in this research was tested based on AMOS 

24.0, an SEM modeling tool, so that the relationship between the latent constructs was 

analyzed for examining the research hypothesis proposed. Figure 4.2 illustrates path 

coefficients of the adapted 3P model, where age, gender, grade, and university were 

controlled. The original model reveals an acceptable model fit (x2/df=4.235, 

RMSEA=0.066, NFI=0.895) (see Table 4.12). However, the examination of the 

modification indices suggests that the m odel fit has a room  to be im proved 

substantially by allowing the linkage of some error terms (e.g. e2-e4, e6-e8, e5-e9 and 

etc.) (see Figure 4.2). After the modification, the modified model was re-estimated 

and the consequences from the indices were better (see Table 4.12). Normed chi-

square(x2/df) is lower to 3.733, which is close to the satisfactory cutoff o f 3. 

Moreover, RMSEA is also reduced to 0.060 and NFI is increased to 0.910 which is 

higher than the good threshold of 0.9 together with IFI, CFI and TLI. Accordingly, the 

modified model has a significant improvement in model fit and is nearly satisfactory.  

 



 108 

 

Figure 4.2  Path Analysis of the Adapted 3P Model for hMOOC Learning  

Table 4.12  Path Model Fit Indices 

Factors 

Model 
x2 df x2/df GFI AGFI NFI IFI CFI TLI RMSEA 

Original 2033.799 566 4.235 0.846 0.818 0.895 0.918 0.917 0.908 0.066 

Modification 2053.015 550 3.733 0.866 0.837 0.910 0.932 0.932 0.922 0.060 

 

4.1.5.3 Results of Regression Weights 

The research hypothesis was tested by examining the regression 

weights among the 9 constructs including the criteria of S.E (standard error: the 

smaller, the better), CR (critical ratio >±1.96), and P (<0.05). As for the relationship 

between presage and process of hMOOC learning, motivation belief, system quality 

and relational quality positively affected learner engagement (CR>1.96. P<0.05) 

while instructor quality negatively exerted an impact on learner engagement (CR=-

2.817. P<0.01), which indicates H1, H2-2, and H3-2 are supported while H3-1 is not 

supported, but there existed a significant and negative relationship between instructor 

quality and learner engagement. In addition, motivation belief, content quality, 

instructor quality and relational quality affected knowledge sharing positively 
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(CR>1.96. P<0.05) while system quality negatively affected knowledge sharing 

(CR=-2.463, P<0.05), which reveals that H4. H5-1, H6-1 and H6-2 are positively 

supported but H5-2 is not supported. As for the relationship between process and 

product of hMOOC learning, learner engagement had a positive relationship with 

knowledge sharing and satisfaction (Both CR>5, p<0.001) while knowledge sharing 

also had a positive correlation with satisfaction and performance (CR=8.572, P<0.01 

and CR=2.975, P<0.01). Therefore, H7-1, H7-3, H7-4 and H8-1 are supported. 

Nevertheless, content quality did not significantly predict learner engagement while 

learner engagement did not predict performance with no significance of P value, so 

H2-1 and H7-2 are not supported.  

 

Table 4.13  Regression Weights 

 Estimate S.E. C.R. P 

Motivation belief→Learner engagement 0.134* 0.061 2.182 0.029 

Content quality→Learner engagement 0.017 0.057 0.299 0.765 

System quality→Learner engagement 0.275** 0.084 3.291 0.001 

Instructor quality→Learner engagement -0.164** 0.058 -2.817 0.005 

Relational quality→Learner engagement 0.776*** 0.091 8.529 0.000 

Learner engagement→Knowledge sharing 0.289*** 0.048 6.04 0.000 

Motivation belief→Knowledge sharing 0.117* 0.047 2.48 0.013 

Content quality→Knowledge sharing 0.087* 0.044 1.993 0.046 

System quality→Knowledge sharing -0.162* 0.066 -2.463 0.014 

Instructor quality→Knowledge sharing 0.093* 0.046 2.012 0.044 

Relational quality→Knowledge sharing 0.490*** 0.084 5.807 0.000 

Knowledge sharing→Satisfaction 0.642*** 0.075 8.572 0.000 

Learner engagement→Satisfaction 0.343*** 0.058 5.865 0.000 

Knowledge sharing→Performance 0.581** 0.195 2.975 0.003 

Learner engagement→Performance -0.254 0.159 -1.597 0.110 

 

Note:  *: P< 0.05; **: p< 0.01; ***: p< 0.001 
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4.1.5.4 Results of Mediation Analysis 

In order to explore the mediation of process between presage and 

product of hMOOC learning, mediation analysis was conducted by adopting a 

computational tool “PROCESS”, which is plugged into SPSS and is helpful to 

estimate a bootstrap confidence interval for the models with indirect effects (Hayes, 

2012). Therefore, based on the simple mediation model and single-step multiple 

mediation model, w e bootstrapped the indirect effect of m otivation belief on 

satisfaction through learner engagement and knowledge sharing and the indirect effect 

of relational quality on satisfaction through leaner engagement and knowledge 

sharing. The total two indirect effects of two mediators were calculated.   

 

Table 4.14  Mediating Effect Testing for MB-LE/KS-SA 

MB-LE-SA 

MB-KS-SA 
Estimate SE 

Bootstrapping (95%CI) Bias-Corrected 

Lower            Upper 

Mediating 

Effect 
% 

Total effect MB-SA 0.262*** 0.050 0.161 0.362 - - 

Total indirect effect 0.090*** 0.026 0.040 0.142 - 34.326% 

Indirect effect1 LE-SA 0.071** 0.022 0.028 0.116 Yes 27.099% 

Indirect effect2 KS-SA 0.019* 0.010 0.001 0.040 Yes 7.251% 

Direct effect MB-SA 0.172*** 0.045 0.087 0.264 - 65.671% 

 

Note:  1. *** means P<0.001；** means P<0.01; * means P<0.05 

2. MB: motivation belief; KS: knowledge sharing; SA: satisfaction; RQ: 

relational quality.  

 

As for MB-LE-SA, the coefficient value of indirect effect1 was 0.071 

(P<0.01) with a 95% CI from 0.028 to 0.116, excluding 0, so mediation effect 1 

existed accounting for 27.099% (See Table 4.14). Concerning MB-KS-SA, there also 

existed an indirect effect2 (β=0.019, P<0.05, CI between 0.001 and 0.040), occupying 

7.251% of indirect effect. Therefore, the total indirect effect was 34.326% including 

the two mediators (learner engagement and knowledge sharing) while direct effect 

from MB to SA was 65.671%, so the H8-2 and H8-4 is supported. And the direct 

effect from motivation belief to satisfaction is stronger than the two indirect effects 
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with learner engagement and knowledge sharing as two mediators.  

 

Table 4.15  Mediating Effect Testing for RQ-LE/KS-SA 

RQ-LE-SA 
RQ-

KS-SA 
Estimate SE 

Bootstrapping(95%CI) Bias-Corrected 

Lower            Upper 

Mediating 

Effect 
% 

Total effect RQ-SA 0.485*** 0.058 0.373 0.602 - - 

Total indirect effect 0.286*** 0.048 0.197 0.385 - 58.919% 

Indirect effect1 LE-SA 0.203*** 0.039 0.131 0.282 Yes 41.855% 

Indirect effect2 KS-SA 0.083*** 0.023 0.041 0.131 Yes 17.113% 

Direct effect RQ-SA 0.199*** 0.054 0.095 0.306 - 41.093% 

 

Note:  1. *** means P<0.01 

2. RQ: relational quality; LE: learner engagement; SA: satisfaction; RQ：

relational quality  

 

As for RQ-LE-SA, the estimate value of indirect effect1 was 0.203 

(P<0.001) with a 95% CI from 0.141 to 0.282 (no zero involved), so mediation effect 

1 existed accounting for 41.855% (see Table 4.15). For RQ-KS-SA, there was also an 

indirect effect2 (β=0.083, P<0.001, CI between 0.41 and 0.131 without crossing 0), 

occupying 17.113% of indirect effect. Accordingly, the indirect effect reached totally 

58.919% including the two mediators while the direct effect RQ-SA accounted for 

41.093%, so the H8-3 and H8-5 are supported. And the two indirect effects mediated 

by learner engagement and knowledge sharing are stronger than the direct effect from 

relational quality to satisfaction.   

Meanwhile, as H2-1 and H7-2 are not supported indicating that content 

quality did not affect learner engagement and learner engagement did not impact 

performance effectively (Both CR < 1.96, P> 0.05). M ediation analysis was 

conducted for CQ-MB-LE and LE-KS-PER to see whether there exist some indirect 

effects. 
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Table 4.16  Mediating Effect Testing for CQ-MB-LE and LE-KS-PER 

CQ-MB-LE 

LE-KS-PER 
Estimate SE 

Bootstrapping (95%CI) Bias-Corrected Mediating 

Effect 
% 

Lower Upper 

Total effect CQ-LE 0.123*** 0.036 0.053 0.193 - - 

Indirect effect MB-LE 0.076** 0.025 0.029 0.128 Yes 100% 

Direct effect CQ-LE 0.047 0.039 -0.029 0.123 - 0% 

Total effect LE - PER 0.175*** 0.053 0.069 0.280 - - 

Indirect effect KS-PER 0.194*** 0.055 0.087 0.304 Yes 100% 

Direct effect LE - PER -0.019 0.062 -0.141 0.104 - 0% 

 

Note:  1. *** means P<0.01 

2. CQ: content quality; LE: learner engagement; MB: motivation belief; KS: 

knowledge sharing; PER: performance  

 

Table 4.16 illustrates that motivation belief was regarded as an active 

mediator, through which content quality affected learner engagement indirectly 

(Indirect effect is 0.076, P<0.01 and CI ranges from 0.029 to 0.128). Furthermore, 

with the indirect estimate of 0.194 (P<0.001, CI from 0.069 to 0.28), knowledge 

sharing was also an effective mediator, where learner engagement exerted the indirect 

effect on performance.  

In addition, instructor quality significantly but negatively affected the 

learner engagement while system quality also exerted a negative effect on knowledge 

sharing in a significant way (Table 4.13). The mediating analysis for IQ-RQ-LE and 

SQ-LE-KS were conducted for further examining whether some mediators affected 

the relationship. From Table, 4.17, relational quality mediated the relationship 

between instructor quality and learner engagement, where CI ranged from 0.096 to 

0.202 with 0 excluded. Additionally, for SQ-LE-KS, system quality had a direct effect 

on knowledge sharing accounting for 38.88% of total effect while learner engagement 

played a mediating role between system quality and knowledge sharing occupying 

61.12%. 
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Table 4.17  Mediating Effect Testing for IQ-RQ-LE and SQ-LE-KS 

IQ-RQ-LE 

SQ-LE-KS 
Estimate SE 

Bootstrapping (95%CI) Bias-Corrected Mediating 

Effect 
% 

Lower Upper 

Total effect IQ-LE 0.132*** 0.038 0.058 0.206 - - 

Indirect effect RQ-LE 0.147*** 0.027 0.096 0.202 Yes 100% 

Direct effect IQ-LE -0.015 0.036 -0.086 0.056 - 0% 

Total effect SQ-KS 0.679*** 0.028 0.623 0.735 - - 

Indirect effect LE-KS 0.415*** 0.042 0.330 0.494 Yes 61.12% 

Direct effect SQ-KS 0.264*** 0.034 0.197 0.330 - 38.88% 

 

Note:  1. *** means P<0.01 

2. IQ: instructor quality; RQ: relational quality; LE: learner engagement; SQ: 

system quality; LE: learner engagement; KS: knowledge sharing  

 

Based on the above data analysis, the results of the research hypotheses 

are summarized in Table 4.18 and Figure 4.3.  

 

Table 4.18  Summary of Results in Testing Hypothesis 

Hypothesis Results 

H1: Motivation belief has a positive effect on learner engagement 

under the context of hMOOC learning.  

Supported 

H2-1: Content quality has a positive effect on learner engagement 

under the context of hMOOC learning.  

H2-2: System quality has a positive effect on learner engagement 

under the context of hMOOC learning.  

Not supported 

Supported 

H3-1: Instructor quality has a positive effect on learner 

engagement under the context of hMOOC learning.  

H3-2: Relational quality has a positive effect on learner 

engagement under the context of hMOOC learning.  

Not 

supported 

Supported 

H4: Motivation belief has a positive effect on knowledge sharing 

under the context of hMOOC learning.  

Supported 

H5-1: Content quality has a positive effect on knowledge sharing Supported 



 114 

Hypothesis Results 

under the context of hMOOC learning.  

H5-2: System quality has a positive effect on knowledge sharing 

under the context of hMOOC learning. 

 

Not 

supported 

H6-1: Instructor quality has a positive effect on knowledge 

sharing under the context of hMOOC learning.  

H6-2: Relational quality has a positive effect on knowledge 

sharing under the context of hMOOC learning.  

Supported 

 

Supported 

H7-1: Learner engagement has a positive effect on the 

satisfaction with hMOOC learning.  

H7-2: Learner engagement has a positive effect on the 

performance with hMOOC learning. 

H7-3: Knowledge sharing has a positive effect on the satisfaction 

with hMOOC learning.  

H7-4: Knowledge sharing has a positive effect on the 

performance with hMOOC learning. 

Supported 

 

Not supported 

 

Supported 

 

Supported 

H8-1 Learner engagement has a positive effect on knowledge 

sharing under the context of hMOOC learning. 

H8-2: Learner engagement mediates the relationship between 

motivation belief and satisfaction under the context of hMOOC 

learning. 

H8-3: Learner engagement mediates the relationship between 

relational quality and satisfaction under the context of hMOOC 

learning. 

H8-4: Knowledge sharing mediates the relationship between 

motivation belief and satisfaction. 

H8-5: Knowledge sharing mediatesui the relationship between 

relational quality and satisfaction, under the context of hMOOC 

learning. 

Supported 

 

Supported 

 

Supported 

 

Supported 

 

Supported 
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Figure 4.3  Regression Results 

Notes:  *P< 0.05; **: p< 0.01; ***: p< 0.001 

 

4.2 Results of Qualitative Survey  

The main objective of qualitative survey is to conduct an in-depth interview 

for discovering the learners’ actual perceptions towards hMOOC learning and the 

interrelationship among the 7 constructs affecting the outcome of hMOOC learning. 

The results of qualitative analysis will not only triangulate the findings of quantitative 

results but also provide a further explanation towards the research questions. 

 

4.2.1 Six Respondents’ Perceptions Towards hMOOC Learning 

This section is to report the findings concerning the Q3 and Q4 of interview 

protocol, which provides the answer to RQ1. The majority of respondents have 

completed at least three hMOOC courses except A student who only finished one 

hMOOC course. The following presents the respective perceptions towards hMOOC.  

4.2.1.1 A Student 

“A” student is from Xiamen University (the best university in Fujian 

belonging to Project 985), who is a sophomore majoring in law. She once enrolled in 

a public elective course named Mental Health. She said, “As the final performance for 

this hybrid course only involves “pass” or “fail”, this requirement didn’t bring any 
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pressure to us. Although we were required to have autonomous learning of MOOC 

accounting for 50% of class time, we did not work hard on it.” Therefore, she always 

indicated that unless the instructor made a requirement for her to finish the learning 

task in MOOC, she seldom spent a lot of time on it. 

 “However, MOOC is like a library. I can log on and pick some 

interesting parts to learn. For example, Mental Health provided some videos made by 

the students themselves. They were interesting, so I watched them a couple of times.” 

she said.  

Besides that, as a law student, she has to prepare for the National 

Judicial Examination, so sometimes she explores such resources through MOOC 

platform. Therefore, “A” student has no emotional inclination to hMOOC learning, 

which is just regarded as a service.   

4.2.1.2 B Student 

“B” student is from Fuzhou University (the second top university in 

Fujian belonging to Project 211), who is a sophomore majoring in English. He has 

enrolled in three hybrid courses, among which the course “English Grammar” has left 

deep impressions for him. He said:  

“In Fuzhou university, many courses in hard discipline are conducted 

in a hybrid learning (namely hMOOC) while few courses in soft discipline adopt such 

teaching style. For example, for English major, only one course (English Grammar) is 

made in MOOC and integrated into the classroom learning.”.  

Meanwhile, he indicated that if MOOC scores were included in the 

final performance of hMOOC learning, learners would take an active part in the 

MOOC learning. B student felt satisfied with the hMOOC learning and said that 

hMOOC offered the help to improve learning efficiency, to review the whole 

curriculum as well as help instructors to enhance course design and complete teaching 

plan. He cited an example of his classmate who once finished grammar course, but 

still found she did not master the grammar well, so she enrolled in this MOOC again 

for review. 

 “MOOC provides a good place for us to preview and review the 

knowledge.” he said.  
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To confirm what he said, we contacted his grammar instructor and had 

an interview through We-chat. The instructor gave the following evaluation: “He is a 

good student who did an excellent job in MOOC learning, but it is a pity that he 

cannot get the best scores in the final exam. In my class, there are five students whose 

scores are above 90 in the final exam, but he is not included.”  

According to the instructor’s report, the final performance of English 

Grammar was composed of online learning (20%), semi-exam (20%), and final exam 

(60%). He got 95 scores for online learning, 79 for semi-exam and 83.5 for final 

exam, which made his final performance reach 85, ranking in the 20 th place in the 

class. From this, we can see B student’s high performance of MOOC learning is 

helpful but does not decide his final performance which may be affected by other 

factors, such as language proficiency.  

In addition, B student compared MOOC learning to a refrigerator, 

which can extend the validity of course learning and make the knowledge fresh and 

renewed. He said: “You can review or regain the knowledge related to or beyond the 

curriculum through MOOC platform.” For him, hMOOC serves as added value to the 

curriculum course.  

4.2.1.3 C Student 

“C” student is from Fujian Agriculture and Forestry University (FAFU, 

a provincial top university), who is a junior college student with the major in English. 

She once accomplished 4 hMOOCs, among which two hybrid courses have attracted 

her most (General Introduction to Chinese Culture and A Hierarchical Course on 

English Writing Proficiency). When being asked what hMOOC was, she answered: 

“MOOC is a shortened course. Instructors will make a 10–15-minute video lessons 

for every chapter, which should be 45 minutes for the offline course .” After making 

the comparison between the three hMOOCs she once enrolled in, she concluded that 

she preferred one kind of hMOOC design which integrated the MOOC resources into 

the classroom learning, so online and offline learning would complement each other. 

For instance, if learners cannot understand what instructor says in the class, they will 

gain the answer through the recommended MOOC. Meanwhile, the preview of 

MOOC learning will also improve the efficiency of classroom learning.  
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Moreover, she compared MOOC to compressed cookies, which are 

small, but after eating them, we can receive the same energy as normal cookies, or 

even more than normal cookies. The same is true of MOOCs. The characteristics of 

MOOC is short and concise, and the knowledge obtained may be the same or more 

than those of traditional courses. The integration of such MOOC into classroom will 

double the effect of traditional learning. Consequently, MOOC is regarded as a driver 

for her sometimes.  

4.2.1.4 D Student 

“D” student is also from FAFU, a sophomore and English major. She 

completely agreed that hMOOC learning had provided her with rich resources and 

brought her interesting and extensive experience of learning. She has completed three 

hM O O Cs, and a course “Com prehensive English” satisfied her the m ost. 

Comprehensive English is a required curriculum course, which is highly supported for 

conducting hybrid learning at FAFU. The instructor who not only integrated a MOOC 

(named as Basic English), made by a professor from Xi’an Shiyou University, into the 

classroom learning but also provided additional resources such as TED, extra reading 

materials, diverse exercises etc through Rain-classroom App. This MOOC (see Figure 

4.4) was delivered on xueyinonline platform and was purchased by FAFU as a SPOC 

on Xuexitong App. D said: “Xuexitong App is used for SPOC learning and Rain-

classroom App is adopted for providing additional discussion, tests and reading 

materials.” D student told the interviewer that the percentage of online and offline 

learning for this hMOOC was 43% (24 class hours) online and 57% offline (32 class 

hours), which was a quite good division for her, as this arrangement would provide 

her with more time to take autonomous learning.  
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Figure 4.4  University-rank MOOC: Basic English in Xueyinonline 

 

Subsequently, the instructor of Comprehensive English Course was 

contacted for a further interview. According to the report of the instructor, the final 

performance for this hMOOC constituted final exam (40%) and daily performance 

(60%) (including online MOOC scores, group activities etc). D students got 79.5 

scores for final exam and 91.983 for daily performance, which m ade her gain 87 

scores for the final performance. She took the third place in the class. The instructor 

agreed that D student was very active in MOOC learning and accomplished all tasks 

carefully.  

Concerning the question what MOOC was like, D compared MOOC to 

a bridge, which connected instructors and learners as well as provided more chances 

of interaction. Sometimes, learners have no chance to ask the instructor in the 

classroom, so they can pose the questions through MOOC platform. The instructor 

offers the answers to them  online, which will solve their problem s in tim e. 

Accordingly, MOOC serves as a connector for her. 

4.2.1.5 E Student 

“E” student is from Jinshan College, a local undergraduate-level 

university. She is also a sophomore majoring in English. She has fulfilled at least five 

hMOOCs, two of which satisfied her the best. One hMOOC is Introduction to Mao 

Zedong Thought and Theoretical System of Socialism with Chinese Characteristics, 

which has been certified as the national best MOOC (see Figure 4.5). By integrating 
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this MOOC into the classroom learning, the instructor designed a hybrid learning 

including previewing online and reviewing offline, questioning online and further 

discussing offline.  

 

 

Figure 4.5  National Rank MOOC: Mao Zedong Thought and Theoretical System of 

Socialism with Chinese Characteristics on China University MOOC 

Platform 

 

“E” student said: “As this hMOOC is not quite difficult and easy to 

learn, this attracts me to keep continuous learning. And the quiz through China 

University M OOC Platform  can provide us with the immediate answer and 

explanation after we finish it.”  

Furthermore, she indicated that the instructor applied Mu-classroom 

App for roll calls, discussion and quiz, all of which were included in the final 

performance. Therefore, students took active parts in this course. She gained more 

than 90 scores in the final performance of this course.   

Another hMOOC was named as Introduction to European Countries 

made by her own instructor, so the syllabus online and offline course was similar and 

closely connected. However, it was quite a difficult course, so E student had spent 

more time on online learning. Meanwhile, the arrangement of the curriculum was one 

week for online learning via MOOC and another week for classroom learning 

alternately. E student agreed that the instructor was excellent, but sometimes it was 

easy to forget the knowledge learned online, as she had to wait for another week for 
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classroom learning. Therefore, it was suggested that classroom learning should be 

offered every week, so that the knowledge being previewed online was not forgotten. 

Meanwhile, E also emphasized that if instructors did not make a strict requirement on 

MOOC learning, such as assigning the online tasks which is related to the final 

performance, students would not work hard on it.  

After recalling the two hMOOC learning, E students concluded that a 

high-quality hMOOC has brought not only the improvement of scores but also 

reflected the instructors’ diligence by designing interesting contents and attracting 

learners’ engagement. 

As for the function of MOOC, she compared MOOC to the crutch in 

mountain climbing and the oar in boat sailing, which acted as a booster. She said:  

“No matter how good it is, to be honest, it depends on the person who 

climbs the mountain or the person who drives the boat, so in the end it depends on us. 

But when climbing, the crutch should not be too brittle. If it is too brittle, we may fall. 

It is the same to hMOOC learning. Some elements like MOOC contents or instructors 

can give us some help and play an inevitable role in facilitating our learning. But 

whether we can actually achieve the excellent performance still depends on our hard 

work.” 

Accordingly, MOOC serves as a driver and facilitator for her.  

4.2.1.5 F Student 

“F” student is from Fuzhou University of International Studies and 

Trade (a private local university), who is a senior college student majoring in 

International Trade. He has completed at least four hMOOCs before, but the best 

hybrid course is International Business Correspondence (confirmed as the national 

best MOOC), which is a practical course for his future career (see Figure 4.6).  
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Figure 4.6  National Rank MOOC: International Business Correspondence on China 

University MOOC Platform  

 

“F” student had a good evaluation towards this hybrid course. He said: 

“Under the assignment of the instructor, we should first preview the MOOC resource 

which has a similar curriculum syllabus to the classroom course and the teacher asked 

several questions related to the MOOC in the classroom. I think it is good to push us 

to take autonomous learning online.” 

Moreover, F student had to finish the quiz and joined the discussion via 

the MOOC platform. He thought online and offline learning had complemented each 

other. For instance, the instructor would extend the knowledge of MOOC and provide 

more writing practice in the classroom, which means the preview of MOOC content 

lays a foundation for bettering his classroom learning. Meanwhile, he said: 

“As I am poor in English, the Chinese and English subtitles of the 

MOOC have provided me with efficient help to understand the course. Some 

knowledge points of online and offline often overlapped each other, such as inquiries 

and quotations, which can deepen my acquisition.”  

Nevertheless, he further explained that MOOC learning and classroom 

learning also had different focus, that is, the former on language points while the latter 

on the practice of writing. F student indicated that he spent 1-2 hours watching 

MOOC video and took notes regularly. Sometimes he watched the video in a short 

time but spent longer time finishing the test, which was considered challenging for 
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him. From his report, it can be found that he is a hard worker in this hMOOC 

learning.  

The instructor of International Business Correspondence course was 

contacted and taken an interview through We-chat. She told the interviewer that F 

student was an active learner in the MOOC learning, but his English was a little poor. 

The percentage between online and offline is 50%-50% division. F student gained 98 

scores (top 1 in the class) for MOOC learning while 86 scores (not quite high in the 

class) for the final exam, which made him obtain 92 scores for the final performance, 

occupying the 9th place in the class.  

A s for the function of M O O C , F  student gave the follow ing 

illustration. 

“M OOC is like a Q & A platform, because if I post a question, 

someone else will answer it, which will enlighten me. MOOC is also like an assistant. 

If I get distracted or cannot understand something in the class, I'll go through the 

MOOC and find the answer.” 

Accordingly, MOOC acts as an assistant, who can supplement what is 

not learned in the class or provide the key points of each unit. In a word, it seems that 

MOOC serves as an added value which will provide help for his classroom learning.  

4.2.1.6 Summary 

The six respondents all have prior experience in hMOOC learning. 

However, “A” student only completed one hMOOC and had no profound perception 

toward it due to the low requirement of the instructor and little experience of hMOOC 

learning. E and F students came from the local university, but finished at least 5 

hMOOCs, which made them hold high inclination to such a learning style. Therefore, 

the more experience learners have gained, the higher evaluation they will give 

towards the hMOOC learning. Furthermore, as for the performance of hMOOC, the 

instructor reports from B, D and F students demonstrate that some hidden factors may 

affect learners’ final performance, such as personal proficiency in academic course, 

division percentage between MOOC and final examination in hMOOC learning, etc. 

Finally, the overall functions of MOOC in hMOOC learning are 

summarized in Table 4.19, by comparing MOOC to library, refrigerator, compressed 

cookie, bridge, crunch, or assistant, highlighting the functions of MOOC as service, 
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added value, driver, and connector.  

 

Table 4.19  Functions of MOOC in hMOOC Learning 

Simile Function 

Library  Serve as a service. 

Refrigerator Serve as an added value by extending the validity of 

course. 

Compressed cookie Serve as a driver doubling the effect of traditional 

learning. 

Bridge Serve as a connector promoting teacher-student 

connection. 

Crutch or oar Serve as a driver and facilitator. 

Q & A platform or 

assistant 

Serve as an added value by answering confusing 

questions. 

 

4.2.2 Six Respondents’ Perceptions Towards Seven Factors 

To reveal the undergraduate learners’ perceptions towards the factors affecting 

the quality of hMOOC learning, the respondents were asked based on the Q5-Q10 of 

the interview protocol. The results are summarized as follows. 

4.2.2.1 Motivation Belief 

Motivation belief is regarded as a crucial factor affecting hMOOC 

learning. The six respondents demonstrated various motivation.  

“A” student indicated that MOOC should meet her goal while “B” 

student indicated her motivation was to obtain knowledge. By contrast, “C” student 

attached importance to her own interest. The following are the examples.    

A: If I have a goal to master or obtain some information, I will try to 

get it through MOOC platform. For example, I will search the MOOC about the 

National Judicial Examination. 

B. Through MOOC, I can gain extra knowledge. hMOOC learning 

actually can bring benefits to us. In addition, if we don’t think the course has a high 

value, we will not put our initiative on it.  
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C. If MOOC content has no direct relationship with the classroom 

learning, I will have no interest to work hard.  

By contrast, D, E and F students gave more detailed explanations 

concerning the task value and achievement value. Here are the statements.  

D. The teacher allocated different learning tasks such as cooperative 

writing, presentation, discussion, extra reading materials etc on MOOC platform. I 

think most of the tasks are beneficial to us, which will broaden our knowledge  and 

improve understanding of the text. But I don’t like cooperative writing, as it has 

wasted too much time due to group work. Sometimes I had to make a compromise as 

we had different ideas. Anyway, I think most tasks are significant and they are related 

to our final performance, so I will take extra initiative to complete it.  

E. I think hMOOC design is very interesting and useful, which can 

personalize classroom learning as well as enrich the knowledge by providing MOOC 

resources. Online task, such as quiz, can help us to ensure whether we have mastered 

the knowledge via the video. After the quiz, we can immediately get the feedback 

from the platform explaining what was wrong. Consequently, I will improve myself 

after the second trial. I think hMOOC learning is better than traditional classroom 

learning.  

F. The integration of MOOC into classroom learning has provided us 

with a room to preview online first, which will deepen the understanding of the 

textbook. Meanwhile, in the class, we do not have enough time to discuss, so the 

teacher will post the discussion on the platform, which offers chances for more 

students to join the discussion.  

All the respondents agreed with the positive benefits that MOOC has 

brought to them. The integration of MOOC into the classroom learning will enrich 

their learning experience and push them  to work hard. In addition, learners 

highlighted that all the tasks in hMOOC learning should be connected to the final 

performance, indicating that achievement value is a strong motivation belief for 

learners to engage in learning.  

4.2.2.2 Content Quality  

Content quality refers to the quality of the MOOC content, the online 

part of hMOOC learning. The respondents gave different evaluation concerning the 
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hMOOC they once enrolled in.  

“A” and “D” student paid much attention to the interesting content of 

the course, by stating, “MOOC content should be updated and interesting to me such 

as the course provided by top universities or famous professors.” (A) and “If MOOC 

content is interesting and provide extra practice or information beyond the textbook, I 

will take extra effort for it.” (D) Meanwhile, B student gave a detailed description of 

MOOC design, “MOOC content can help me to preview and review the knowledge 

learned in the class. I think a good video should have a clear subtitle, proper video 

duration (10 -15 m ins), attractive video design  (com plete layout including 

introduction, objectives, analysis, summary) as well as diverse styles of video. Most 

importantly, MOOC instructors should give a clear and logical summary for every 

video, which will help us to have a further review or reflection .” By contrast, C 

student particularly focused on the connection of online and offline. She said: 

“MOOC content should be closely related to campus course. If MOOC content can 

satisfy our need, we will work hard.” Moreover, E student suggested MOOC had 

reflected the hard work of instructors, by saying: “MOOC content is well designed 

through instructors’ sorting, condensing and refining the information. MOOC video is 

closely related to the textbook, but it must be better than it, more simplified and 

logical which is easier to understand.” As for F student, he mentioned the difficulty of 

MOOC, by stating “If the MOOC content is too difficult to understand, it will affect 

learners’ engagement and efficiency. Some MOOC video with inserted clips will 

make it easier for me to focus on.”  

In short, the respondents gave various evaluations to the quality of 

MOOC content, including MOOC syllabus, video design, updating and interesting 

content, and various forms of materials. Meanwhile, for hMOOC learning, C and E 

students particularly emphasized that MOOC content should be closely related to 

curriculum course in the class, and MOOC should be carefully designed by being 

more simplified, logical, and comprehensible.  

4.2.2.3 System Quality  

System  quality  is defined in  this study as the service that the 

information system may provide and the easy operation of the platform. The 

respondent made a comparison between various platforms.   
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For instance, “A” student indicated the preference of platform by 

saying, “I know some MOOC platform like China University MOOC is fairly good, 

which provides elite course from Peking University, China University of Political 

Science and Law etc. But it is too long. I have no time to finish it. So, I prefer Bilibili 

platform, which also provides many free courses, short and interesting. Meanwhile, 

Bilibili platform has rich resources from entertaining to educating, and it is easy to 

operate like pausing or fast forwarding the video, do some bullet chatting (a real-time 

comments from the viewers) or submit comments.” The other five respondents are in 

the agreement with the high quality and good functions of China University MOOC 

platform with the following statements, “I prefer China University MOOC platform 

which has high reputation in China, providing comprehensive MOOCs and national 

best MOOCs” (B and D), “It is better than Xueyin Online and Xuetang X” (C), 

“China University MOOC has an elegant platform and flexible functions. They 

provide immediate answer after learners finish the online test.” (F). In addition, B 

student further suggested the essential function of a good MOOC platform, “When 

watching a MOOC video, sometimes you don’t want to finish all. You may hope to 

jump one part and go directly to the next part. The easy operation of making a switch 

between videos will bring convenience to viewers. If it is hard to operate, it may 

affect the learning engagement. Worse of all, maybe it will make the viewer change to 

another platform.” Such statements imply that poor functions of MOOC platform will 

affect the engagement of learners and make them lose interest. However, E student 

pointed out one weakness of China University MOOC platform, by saying, “The 

discussion forum is not quite satisfactory and efficient, where many learners just copy 

others’ answer and paste them. Only if the discussion topic is related to the classroom 

learning, it w ill be better.”  M eanwhile, sim ilar to A student, D  student also 

recommended Bilibili platform. She said, “Bilibili platform is quite popular in China, 

as it not only educates us but also entertains us, which also provides a space to have 

more interaction between the viewers. Sometimes, when I watch some video through 

Bilibili platform and find something unknown to me, I will search online through bing 

or baidu, and find the answer, which will enrich my knowledge.”  
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As for IS apps adopted to support blended learning, C student said: 

“Rain classroom is much more easily operated than Xuexitong, which has functions 

of voting, Q & A, submitting comments etc. Therefore, it is essential that the APP is 

smooth, not stuck, and has good handling.” E student gave more evaluations, “Besides 

MOOC platform, hMOOC learning normally adopts learning tools like Xuexitong 

(good), Rain classroom (good), Mu classroom (poor), which will provide online 

interaction among learners in the classroom. Through such tools, students in the class 

can be subdivided into several groups voluntarily which is efficient for group 

discussion. Additionally, QQ and Wechat are ideal platforms for synchronous online 

discussion which is better than MOOC platform where discussion is asynchronous 

and rigid.”  

To sum up, most of respondents suggested the China University 

MOOC was the most popular MOOC platform which was overall better in operation 

and function than others such as Xuyin Online and Xuetang X. As for apps supporting 

the hybrid leaning, Xuexitong and Rain classroom performed better than Mu 

classroom. Meanwhile, Bilibili platform was recommended by A and D students, who 

both considered it more popular than MOOC platform in China by involving more 

interactive communication and showing less formalized education. Meanwhile, QQ 

and We-chat were also recommended for synchronous online discussion. Therefore, a 

high-level interactive and collaborative MOOC platform should be developed so as to 

absorb more learners to join in the discussion and keep MOOC sustainable.  

4.2.2.4 Instructor Quality  

Instructor quality refers to instructor’s care for the students, the help 

offered to students and the task assigned in hMOOC learning. The respondents had 

diverse opinions on it.  

“A” student emphasized the requirement of instructors and importance 

of content, by saying, “If the instructor asks me to finish the hMOOC course, I will 

do it. Otherwise, only if the content is good enough to learn, I will take a look.” B, C 

and D described how their teachers arranged the hMOOC learning. Look at the 

following statements.  
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“My grammar teacher is the only person in the English department 

who has made a MOOC named English Grammar and put it on China University 

MOOC platform, where some grammatical points are illustrated through a set of short 

videos. In the classroom, she made a general introduction to grammar. Afterwards, she 

posted some topic online for us to discuss, though which class time is fully utilized.” 

(B), “The instructor plays an important role in curriculum design. For example, I 

prefer such design that the instructor can mix MOOC knowledge with classroom 

learning. In the classroom, the instructor can give a summary about the preview of 

MOOC and have a further discussion. This kind of design will make me get involved 

in the learning.” (C), “My instructor for Comprehensive English conducted a hMOOC 

learning, where she not only adopted a MOOC through Xueyin  Online but also 

uploaded additional resources through rain classroom (an app to facilitate blended 

learning). She uploaded some materials related to textbook as well as techniques and 

practice for TEM-4 (test for English Majors-Band 4). Such design provides much help 

for us.” (D)  

These statements indicate that different designs of hybrid learning will 

motivate learners to engage in learning. Meanwhile, E and F students also supported 

the importance of hMOOC design, but furthermore highlighted that such design 

would arouse their interest and drive them to enjoy learning. E student said: “I think 

my two hMOOC instructors are excellent as I can feel they take extra focus on the 

curriculum design, the video design and classroom instruction. So, the two hMOOC 

courses not only mean the final scores to me, but also arouse my interest in learning. 

In the classroom, the instructor not only introduced language points but also brought 

us to have a deep understanding about the society, and to make a logical analysis of 

social phenomenon. In a word, they try to improve our critical thinking.” F student 

said: “I prefer an interesting and active teacher. If the teacher can assign many 

activities, I will get involved it quickly. For example, I once attended a course named 

International Finance. The instructor used Xuexitong to carry out Quick Response. It 

was so interesting that every student in the classroom took an active part in it.” 
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In addition, learners described the interaction between students and 

teachers.  

They said, “Our instructor frequently interacted with students in the 

classroom or in the office. Sometimes, they submitted homework or notice via QQ. 

They seldom organized group discussion online” (A); “My classmates prefer to ask 

questions via QQ and Wechat. And on MOOC platform, there is also a forum for us to 

pose questions. The instructor has answered the questions online or in the classroom.” 

(B); “If the instructor can give a quick answer on the platform, which is good to some 

students. Particularly some introverted students, who dare not ask questions in the 

class, prefer to pose some questions online such as the MOOC platform or QQ. The 

instructor’s quick response is beneficial to them”. (C); “Every week, when we have 

finished the preview on MOOC, she would pose a questionnaire for collecting 

confusing questions. For some easy questions, she will reply online while for the 

difficult ones, she will give a detailed explanation in the class.” (D); “Q and A online 

is a good way to have an interaction between instructors and students. Maybe we have 

no question in the class time but find some puzzled ones after class. Thus, we can 

pose question through the MOOC platform, and if the instructor can give a quick 

response, we will feel very happy. Consequently, we will have more questions next 

time.” (E). 

These statements highlighted the importance of student -teacher 

interaction on the synchronous platform such as QQ and asynchronous MOOC 

platform. If the instructor has an intention to collect puzzled questions and provide a 

quick response, it will provide a motivation for students to share. And online Q & A is 

more favorable to some introvert students.  

Nevertheless, some respondents also indicated the tasks assigned by 

the instructors. For example, “All the tasks assigned should not be too much, which 

will bring high pressure to us” (B); “Some classmates complained that the assignment 

is too heavy for them to complete.” (D); “Meanwhile, I think task type will affect my 

engagement. For instance, if the instructor always assigns the task like True or False 

and Multiple choice, I will have no interest, as my English is poor. But if they assign 

empirical tasks such as searching online the import and export of wheat, I will 

immediately do it.” (F) .  
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From the above, it is found that the instructor plays an essential role in 

driving the students to engage in hMOOC learning in aspects such as hybrid design, 

quick response online and offline, extra resources provided, and task assigned. 

However, more attention should be paid to the quantity and quality of tasks, which 

should be acceptable to learners. Too many tasks or too difficult tasks will bring high 

stress to students and result in the opposite result. Students will lose interests and have 

no intention to invest more effort into it. 

4.2.2.5 Relational Quality  

Relational quality mainly centers on the virtual community where 

learners are willing to join in due to the strong atmosphere including sense of trust 

and belonging. Surprisingly, the six respondents have controversial opinions in this 

factor. 

“A” student did not like to make comments in the public platform, as 

she thought it was not a familiar virtual community, which was also supported by B 

student, who said “I seldom pose any comments in Weibo, as I think it is a public 

community, and we don't know each other.” Meanwhile, B student highlighted 

different atmosphere would affect his participation, by saying, “Relaxed and natural 

atmosphere will arouse me to participate in online discussions, such as QQ. But if it's 

an academic platform like MOOC, I have no confidence hoping that the instructor 

provides us with the correct answer.” By contrast, D student indicated the impact of 

good atmosphere and interesting question on her knowledge sharing. She stated, “I 

think sometimes the online community is very good and active, such as A Hierarchical 

Course on English Writing Proficiency. If the instructor asked a question in the 

classroom, few students are willing to answer it. But if she posed it on the MOOC 

platform, a few students replied it quickly. Maybe the active atmosphere has affected 

their engagement and sharing. Moreover, if the question is interesting and not 

difficult, more students will get involved in it.” 

Furthermore, E student also agreed with good atmosphere, but pointed 

out one problem for hMOOC learning. She said: “The discussion forum with good 

atmosphere makes me active and excited, driving me to watch the video many times 

and post questions. If nobody asks questions, such atmosphere will bring me a 

misunderstanding that I have mastered this unit without any question. Meanwhile, 
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concerning the several hMOOCs I have learned, most hMOOCs have no good 

atmosphere. The reason maybe lies in the misconception that a large number of 

students regard online learning as unimportant. It is not worthwhile to spend so much 

time online. Such misconception makes them fail to take an active part in the online 

task.” Therefore, hMOOC learning is still novel to many students who did not get 

used to such learning styles. In addition, good atmosphere on discussion forum 

reveals high relational quality, which will drive E student to share knowledge actively. 

Such statement is also supported by F student, who said, “The atmosphere of virtual 

community will affect our intention to share and engage. However, in some MOOC 

platforms, the discussion forum is lack of strict control. Even if some students copy 

others’ comments, nobody will prevent and punish them.” 

In short, A and B students did not trust the virtual com munity, 

especially public social media or MOOC platform, so they seldom submit comments 

online. However, D, E and F students highlighted the importance of community 

atmosphere. The more active the virtual community becomes, the more learners will 

participate it. Hence, the relational quality of virtual community will positively affect 

learners’ engagement and knowledge sharing. Meanwhile, proper management should 

be conducted particularly on the discussion forum of MOOC platform, so that high-

quality response and comments will be gained, which is beneficial to create a 

trustworthy virtual community.  

4.2.2.6 Learner Engagement  

Learner engagement in the quantitative research mainly refers to 

psychological investment. However, based on the report of respondents in the 

qualitative survey, various types of engagement are found.  

“A” student stated the effect of MOOC content on her engagement in 

hMOOC learning, by saying, “If MOOC content attracts me, I will invest more 

initiative in hMOOC learning. I don’t intend to invest in hMOOC learning unless 

required by the instructor.” B and D students pointed out that value belief would affect 

their engagement. For example, “As for hMOOC learning, I am willing to invest more 

focus, energy, and time into it, because I can gain more than the traditional course” B 

said; “Because some tasks assigned by the instructor is related to the TEM-4, which is 

beneficial to prepare for the exam, I have invested more initiative and time on the 
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hMOOC learning. In addition, the reason that I engage in the hMOOC course more 

actively is that MOOC scores occupy 50% of the final performance as well as it really 

m akes m e gain som e knowledge”, D  said. As such, it is found that B  has a 

knowledge-oriented motivation, but D is performance-oriented and test-oriented, 

which motivates them to engage in hMOOC learning.  

Additionally, some respondents indicated learning strategies in 

hMOOC learning. B student said, “Compared with the traditional grammar course, I 

am more careful in taking notes when watching the MOOC video. I took a summary 

for every chapters. When meeting a confusing point, I would re-watch the video 

several times until I have understood it, or I will refer to the instructor when attending 

the classroom learning. Meanwhile, based on MOOC resources, I spent much time 

sorting out the grammar system by myself instead of waiting for the teacher to tell me. 

It is great”. B students’ statement has denoted his hard work in hMOOC learning, the 

reason of which is he has found the benefit of hybrid course. C student also shared her 

experience by saying, “For hMOOC learning, I have spent more time and energy by 

making notes during watching online videos. Sometimes, I selected parts of video to 

watch, which is a strength of hMOOC learning. In a word, hMOOC learning can meet 

individual’s need, by providing rich resources and flexible learning environment as 

long as you are self-regulated.” Accordingly, C student agreed with hMOOC learning 

but stated that self-regulated ability is essential to the success of hMOOC learning.  

E student added one learning strategy-reciting, “I will first watch the 

MOOC course and try to recite some useful knowledge. If the content is difficult, I 

will pause and listen more. Even if there are only 10-15 minutes video, sometimes I 

will spend 45 minutes or even 1 hour mastering it.” The difficulty of MOOC video 

may affect learners’ engagement. F student introduced autonomous learning strategy, 

by selecting some sections of MOOC for extra learning if he had interest and ignored 

some videos quickly if he had no interest. He further indicated the impact of learning 

styles on engagement, stating, “Engagement in hMOOC learning is influenced by the 

individual’s learning style. For example, if I am a passive learner, I will prefer the 

traditional class as the instructor will talk more. However, If I am an active learner, I 

will prefer MOOC learning as it gives me more freedom and time. hMOOC mixes the 

two learning styles, which will satisfy more learners.”  
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From the respondents’ report, some indicators of engagement are found 

including cognitive engagement (energy, initiative, focus), behavior engagement (time 

investment, taking notes and summary, watching video, reciting knowledge), and 

emotional engagement (interest) (see Table 4.18). Furthermore, interrelationship 

among the factors is also discovered. Some personal factors such as learners ’ 

motivation belief, self-regulated ability, and individual learning style will affect 

learner engagement while environmental and social factors such as the instructor and 

MOOC content also exert the effect on learn engagement in hMOOC learning.  

Table 4.20  Summary of the Indicators of Engagement 

Engagement Indicators Respondents 

Cognitive engagement energy, initiative, focus A, B, C, D 

Behavior engagement time investment, taking 

notes and summary, 

watching video, reciting 

knowledge, selecting some 

sections for extra learning 

B, C, E, F 

Emotional engagement Interest F 

 

4.2.2.7 Knowledge Sharing 

Knowledge sharing is regarded as donating and collecting the 

knowledge online, which indicate to what extent the learners will make use of MOOC 

resources and take part in the online discussion.  

“A” student preferred viewing instead of posting, by saying, “I prefer 

to watch different comments on the forum, but I dislikes sharing online. When I have 

to post some information, I should take wording into account. It is annoying. 

However, if the discussion forum happens to have a particularly heated discussion, 

that kind of atmosphere will make me share a “like” signal instead of joining in the 

discussion. It's a matter of personal habit.” Thus, personal preference has affected A 

student’s donating behavior, which is similar to B, who said, “I often take time to read 

comments from other classmates or teachers on the MOOC forum, but I seldom share 

my comments. I dislike leaving personal trace in the virtual community. But if the 
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instructor asks us to have a discussion online, I will do it. If other classmates ask some 

questions, I will wait for the instructor to give a correct answer. I myself may not offer 

the hand as I am not confident in myself. However, I will voluntarily pick up my hand 

and answer the question in the classroom, as they are my familiar classmates. 

Meanwhile, I will save some useful MOOC resources for further review.” B disliked 

posting comments due to being afraid of leaving traces online. But B’s knowledge 

sharing behavior will be influenced by his instructor and relational quality among the 

community. 

Contrary to A and B, C student is influenced by the quality of MOOC 

platform, who said: “For MOOC platform, I found that some comments are quite low 

in quality. Someone just copies the others’ answer, which is useless. However, in 

SPOC platform or in a rain-classroom app, where all participants are my classmates, I 

will join the discussion. I also read other classmates’ comments and figure out what 

they are thinking and how they are analyzing the problem. It will enrich my 

experience. Furthermore, I am willing to download some useful MOOC resources.” 

Reading and downloading are the normal behavior of knowledge sharing for C 

student. D and E are active in knowledge sharing online. D said: “I often join in the 

online discussion, as it accounts for a large percentage of hMOOC performance. If the 

teacher delivers a questionnaire online, I will fill in it. But I myself don’t want to ask 

some questions online. If I really find a confusing question, I will explore the answer 

by myself through Baidu. However, if the students pose questions online, I am more 

willing to offer help. Moreover, the heated discussion online will bring me a fresh 

idea. Thus, online discussion is particularly applicable to some passive students who 

dare not speak in the class.”  And E stated, “I enjoy joining in any type of discussion 

online or offline. Mostly, it is the instructor who asks questions online instead of 

students. Meanwhile, I often discuss the problem of quiz with others on the forum. 

However, I find that few students are skeptical about the online resources. If I find 

some problems about MOOC content or exercises, I will point it out online. Of 

course, I often download some materials which interest me.” From the two students’ 

statement, it is found that D’s active behavior in knowledge sharing (joining in 

discussion, filling questionnaire, answering questions for students) is due to the 

design of hMOOC, that is, discussion is related to hMOOC performance. She has high 
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self-regulated ability so that MOOC platform will not confine her. Instead, she will 

search answers via the search engine (baidu) when she has any questions. Meanwhile, 

E student emphasized her preference in online discussion but pointed out that the 

questions were mostly posted by the instructor instead of learners.  

As for F student, he made the following comments concerning the 

factors affecting knowledge sharing including IS system, English ability, teacher 

response, and task difficulty. 

“First, the different platform will affect knowledge sharing. For 

example, I seldom share some comments on Xuexitong, but I often do it on China 

University MOOC platform. Second, poor English ability affects my knowledge 

sharing. As I am poor in English, I seldom pose some comments in the course of 

International Business Correspondence. Third, the response from the teacher and 

other classmates will motivate me to take part in the discussion. For example, once I 

asked a question on MOOC platform, not only the teacher but also other classmates or 

strangers offered me the answers. Maybe not all the answers were correct, but they 

have enlightened me and enhanced my confidence. Fourth, I prefer to join in the 

online discussion. It is freer and am not afraid of making mistakes, as many strangers 

post the comments which are no better than me. Fifth, the difficulty of the discussion 

set by the teacher also affects participation. The easier the question, the quicker the 

response. Finally, I often download some useful materials like PPT.” 

All in all, the features of knowledge sharing are summarized in Table 

4.19. It is found that most respondents prefer to collect the knowledge online, like 

viewing comments and downloading useful resources. As for donating knowledge, 

some respondents such as A and B will do it as long as the instructor gives an order. 

As for C, E and F students, they have experience in donating opinions or comments 

which will enlighten them. Meanwhile, system quality is found to affect knowledge 

sharing. For example, D preferred to explore the answer by herself  through search 

engine instead of MOOC platform while F selected different platforms for making 

comments. Furthermore, other factors can exert the effect on knowledge sharing such 

as motivation belief, instructor, professional proficiency, MOOC content, task 

difficulty, and personal character.   
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Table 4.21  Summary of Knowledge Sharing Features 

Knowledge Sharing Features Respondents 

Donating knowledge Making comments, posting 

information, offering hand to others, 

taking part in discussion, filling 

questionnaire, asking questions, 

discussing quiz 

A, B, C, D, E, F 

Collecting knowledge Viewing/reading comments, 

downloading useful resources, 

bringing a new idea or implication 

A, C, D, F 

 

  



 

 

CHAPTER 5 

 

DISCUSSION AND CONCLUSION 

 

5.1 Discussion 

This section will provide the answer to the four research questions based on 

the quantitative and qualitative results.  

 

5.1.1 Undergraduate Learners’ Perception about MOOC Functions in 

hMOOC Learning 

This section intends to give the answer to RQ1. The particula r traits of 

hMOOC learning are to integrate MOOC resources into traditional higher education, 

which will augment the quality of higher education. In this research, about 78.8% 

respondents suggested class hours below 50% for MOOC learning and class hours 

50% above for classroom learning, which is an ideal blended design. Thus, it is 

concluded that Chinese undergraduate students prefer the larger percentage of 

classroom learning as they can gain more support from the instructor. In addition, the 

MOOC applied into the university learning is high in quality (about 85.6% MOOC 

certified locally, provincially and nationally), which is in compliance with the current 

state of Chinese education that MOOC construction has gained strong support of 

Chinese institution and government and is to promote the high-quality development of 

education (Q. Yang & Lee, 2021).  

Besides that, many scholars have discussed the various design of mixing 

MOOC with classroom learning (de Moura, de Souza, & Viana, 2021; Sandeen, 

2013). To discuss the functions of MOOC in the hMOOC learning will manifest the 

design of hybrid courses. Under quantitative research, it is found that about 60% of 

the respondents regarded MOOC as an added value while 25.5% took it as a driver to 

classroom learning. About 8.1% of respondents thought of it as service as well as 
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6.4% as replacement. This empirical result provides the extended examination of 

hMOOC framework suggested by Perez-Sanagustin et al. (2017) who theoretically 

proposed the four functions of MOOC in hMOOC learning based on institution 

support and the alignment with the curricular content. When MOOC is taken as a 

driver, which means that institution offers the biggest support for the hMOOC 

learning and the closest alignment of MOOC content with campus content in the 

curriculum. By contrast, when learners consider MOOC as added value, the content of 

MOOC may be not completely in alignment with campus content, but the institution 

still try every effort to support the application of MOOC into the classroom. 

Therefore, it is concluded that Chinese institution, particularly in higher education, 

pay more attention to MOOC application. The strong support of them has driven the 

sustainability of MOOC in higher education in China.  

In addition, the results of qualitative survey demonstrate that the less support 

higher institution provides, the lower engagement learners will hold in hMOOC 

learning. “A” student is a typical example, who only considered MOOC as a service. 

When she had a need, such as National Judicial Examination, she would explore 

MOOC resources. However, the other respondents (B, C, F an E) all considered 

MOOC as an added value or driver, which echoes with the H-MOOC framework 

(Perez-Sanagustin et al., 2017). In addition, a new function was proposed by C 

student who regarded MOOC as a connector, through which students and teachers 

may have more interaction via MOOC platform or other IS apps, which is in 

agreement with the research of Yousef et al. (2015). Accordingly,  the learner-

instructor interaction with high quality will influence engagement and the success of 

hMOOC learning (Arghode, Brieger, & Wang, 2018).  

 

5.1.2 The Effect of Presage on Learner Engagement and Knowledge 

Sharing in hMOOC Learning 

This section aim s to give the answer to RQ2. How do personal factor, 

environmental factors and social factors affect learner engagement and knowledge 

sharing under the context of hMOOC learning in Chinese universities? Quantitative 

and qualitative findings are both adopted for the following discussion.  
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5.1.2.1 The Effect of Personal Factor on Learner Engagement and 

Knowledge Sharing 

Personal factor in this research refers to motivation belief which is 

conceptualized as task value or achievement value. Through this dimension, it is to be 

explored to what extent learners show interest in hMOOC learning or consider 

usefulness to their future career or performance. It is found that motivation belief 

positively affects learner engagement (β=0.12, P<0.05) and knowledge sharing 

(β=0.13, P<0.05), so H1 and H4 were tested, which is in agreement with the previous 

literature (Arpaci, 2017; M. L. Johnson & Sinatra, 2013; Manwaring et al., 2017) in 

that motivation belief is one of the most important prerequisites for influencing 

learners' engagement and knowledge sharing in the learning process (Bandura, 1982). 

Only by having a strong value belief and maintaining a high level of motivation can 

learners be more actively involved in hMOOC learning activities. 

Meanwhile, qualitative survey has demonstrated that most respondents 

agreed with the importance of motivation belief and highlighted the impact of interest 

and usefulness of MOOC on engagement such as A, B and E students. For example, B 

said, “Through MOOC, I can gain extra useful knowledge. hMOOC learning really 

brings benefits to us.” 

Besides that, B, C, D and F students suggested the close relationship 

between MOOC and offline course, not only in content but also in final performance, 

which will affect engagement. For example,  

B stated: If MOOC scores were included in the final performance in 

hMOOC learning, learners would take an active part in the MOOC learning. 

C stated: If M OOC content has no direct relationship with the 

classroom learning, I will have no interest to work hard for the hMOOC.  

In addition, the different tasks under the hM OOC learning also 

promote students to share knowledge through MOOC platform including making 

comments or joining in the discussion as it is related to MOOC performance. Just as B 

indicated: “I think most tasks are significant and they are related to our final 

performance, so I will take extra initiative to complete it.” However, some students 

dislike sharing knowledge online such as A and B, who are afraid of “leaving personal 

trace in the virtual community” due to “personal habit”, which is in accordance with 
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the study of Wigfield and Eccles (2000) who indicated that task value was determined 

by the task characteristics and individual needs and then affect learners’ behavior. F 

student was poor in English, so he had no confidence and “seldom posed some 

comments in the course of International Business Correspondence”. D student 

suggested that “online discussion was particularly applicable to some passive students 

who dared not speak in the class.” Therefore, personal habit, personal ability , self-

efficacy and learning styles will also affect knowledge sharing in hMOOC learning 

(Liou, Chih, Yuan, & Lin, 2016). 

Accordingly, Chinese students pay much attention to content value and 

achievement value. The motivation for obtaining high performance will drive them to 

engage in hMOOC learning and share knowledge. And different designs of hMOOC 

will generate different degree of engagement which will influence the success of 

hMOOC learning (de Moura et al., 2021). Moreover, qualitative findings not only 

support the impact of motivation belief on learner engagement and knowledge 

sharing, but also propose that more personal factors should be considered such as 

student characteristics including personal habit, personal ability, self-efficacy and 

learning styles, which are success factors in hMOOC learning and corroborates with 

the previous literature (de Moura et al., 2021; Prior et al., 2016). 

5.1.2.2 The Effect of Environmental Factors on Learner Engagement 

and Knowledge Sharing 

hM OOC learning highly depends on the Internet and technical 

platform, denoting the importance of technology-related environmental factors. 

Therefore, content quality and system quality are selected as two dimensions in this 

research revealing the impact of technology on learning process of hMOOC. Content 

quality is conceptualized as whether the MOOC resources including video, audio, 

slides, quizzes, or other materials are in high quality while system quality means 

system response and support from MOOC platform and other IS Apps such as rain 

lassroom, Xuexitong etc in China. The regression weights based on the path analysis 

of the adapted 3P model (see Table 4.13 and Figure 4.2) showed that content quality 

had no relationship with learner engagement (β=0.02, P>0.05,) but exerted the 

positive effect on knowledge sharing (β=0.10, P<0.05). By contrast, system quality 

was positively related to learner engagement (β=0.25, P<0.01), but negatively affected 
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knowledge sharing (β=-0.28, p<0.05). As there may exist some other factors affecting 

the relationship between content quality and learner engagement, and system quality 

and knowledge sharing, mediation analysis was further conducted. It is found that 

motivation belief was a strong mediator between content quality and learner 

engagement with the indirect effect as 0.076 (P<0.01), occupying 100% of the total 

effect (see Table 4.14). Thus, content quality affects the learner engagement through 

motivation belief significantly, which means if content quality is good enough, 

hM O O C learners’ m otivation belief w ill be enhanced leading to the m ore 

engagement. Meanwhile, under SQ-LE-KS (see Table 4.15), system quality had a 

direct positive effect on knowledge sharing (β=0.264, P<0.01) while learner 

engagement played a mediating effect between system quality and knowledge sharing 

(β=0.415, P<0.01). As the adapted 3P model is a little complex model, it is possible 

that some other constructs affect the relationship between system quality and 

knowledge sharing. For instance, L. A. Ho and Kuo (2013) suggested that if learners 

had no interest in the system, it may bring the negative effect on knowledge sharing. 

However, based on the data, there still existed significant relationship between them. 

Therefore, H2-2 and H5-1 are verified but H2-1 and H5-2 are not supported. These 

results are in concurrence with the previous literature. For example, Saeed et al. 

(2003) stated that the quality of course content affected the user’s engagement 

positively while Tseng and Huang (2011) found that the content and technical value of 

Wikipedia (a kind of IS) significantly affected knowledge sharing. Meanwhile, Y. 

Wang and Baker (2015) found that if MOOC content aroused more interest of 

learners, they would engage in MOOC learning and complete the course. Therefore, 

some scholars explored strategies in MOOC content in order to enhance learners’ 

motivation and engagement. Gamification is one of popular strategies that have 

aroused much attention in hMOOC research. Morales, Amado-Salvatierra, Hernández, 

Pirker, and Gütl (2016) suggested the strategies such as rewards for learning 

activities, applying levels and leader-boards, which can encourage progress and 

competition. And badges for participation in forums can be also applied in MOOC 

learning, making MOOC content become more interesting and increase learners’ 

motivation to complete the assigned activities. Khalil and Ebner (2017) also found 

the gamification of MOOC content would drive student intrinsic and extrinsic 
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motivation, finally leading to improvement of engagement.  

In addition, exploring the results of in-depth interview, we found some 

evidence supporting the relationship between environmental factors and learning 

process. The six respondents pointed out the good quality of content is composed of 

MOOC syllabus, video design, updating and interesting content, and various forms of 

materials. Besides that, the close relation between MOOC and curriculum course was 

highly emphasized by C and E respondents, which accords with the finding of Alka 

Dwivedi et al. (2019) who suggested the postgraduate students’ engagement would be 

increased in India if the online content was related to syllabus such as being related to 

face-to-face lectures or being designed to complement the discussions in the class. 

Meanwhile, B student further added that if they didn’t think the course had a high 

value, they would not take the initiative in it. He cited an example that elective 

courses and compulsory courses in the university brought the different degree of 

learners’ engagement due to the different value belief towards the course. C student 

gave a clear explanation: 

Anyway, if we have some requirement in learning, and the MOOC can 

satisfy our need, we will start an autonomous learning. 

Such statement provides a deeper illustration that even if MOOC 

contents have high quality, but if they don’t satisfy learner’s motivation belief such as 

interest and value, learner’s engagement will not be positively affected. This can 

clarify why H2-1 is not supported in quantitative survey. 

Moreover, as for system quality, most respondents agreed that China 

University MOOC was the most popular MOOC platform which was overall better in 

operation and function than others, such as Xueyin Online and Xuetang X, so it will 

arouse learner’s interest and drive them to engage in hMOOC learning (B and D 

students). However, “A” student agreed with the quality of MOOC platform, but she 

disliked it and preferred Bilibili platform (D student also suggested this platform). 

The reason lies in that MOOC platform is a centralized platform providing cloud-

based learner management system (rigid and formalized) in China, but many students 

prefer decentralized platforms as they provide more entertainment and interaction, 

such as Bilibili, Weobo (a blog), and Youtube (Anders, 2015). Additionally, E student 

complained that the discussion through the MOOC platform, such as China University 
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MOOC, was not quite satisfactory and efficient, where many learners just copied 

others’ answer and posted them again, which affected her passion of knowledge 

sharing. Such finding can explain why system quality is negatively related to 

knowledge sharing in the quantitative survey.  

To sum up, qualitative findings verify the results of quantitative survey 

and supported the positive effect of content quality on knowledge sharing and the 

effect of system quality on learner engagement. The medication effect of motivation 

belief between content quality and learner engagement can be found from B and C 

statements. Another evidence is offered by A student’ opinion on system quality, 

which implies that there exists significant relationship between system quality and 

knowledge sharing, but sometimes learners’ personal preference may affect the 

relationship negatively. Such findings extend the prior research of environmental 

factors affecting hMOOC learning success (L. A. Ho & Kuo, 2013).  

5.1.2.3 The Effect of Social Factors on Learner Engagement and 

Knowledge Sharing 

Social factors play significant roles in the process of hMOOC learning, 

where two constructs are assessed including instructor quality and relational quality. 

As for the relationship between social factors and learning process, quantitative 

analysis (see Figure 4.2) shows the significant but negative paths with the coefficient 

linking instructor quality to learner engagement (β=-0.160, P<0.05), and the 

coefficient connecting instructor quality with knowledge sharing positively (β=0.11, 

P<0.05). As for the other two paths (relational quality and learner engagement, 

relational quality and knowledge sharing), the coefficients are 0.67 and 0.51 (both 

P<0.01) respectively. These signify that instructor quality has a positive impact on 

knowledge sharing but a negative impact on learner engagement. Such results imply 

that too many tasks assigned by the instructor may decrease the enjoyment of learners 

and reversely affect their psychological engagement. But the quicker response and 

more care the instructor provides, the more knowledge sharing behavior hMOOC 

learners will have. By contrast, relational quality will exert the positive effect on 

learner engagement and knowledge sharing as their coefficients are close. Meanwhile, 

under IQ-RQ-LE (see Table 4.15), the direct effect between instructor quality and 

learner engagement disappeared, but the indirect effect occurred strongly with the 
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mediator of relational quality (β=0.147, P<0.001). Such results indicate that if 

instructor offers more help to hMOOC learners such as giving a quick response to the 

request of learners, this will affect learners’ engagement psychologically, which 

correspondingly influences their behavior positively such as donating knowledge.  

The in-depth interview of qualitative survey further confirms the above 

findings as follows. 

A. If the instructor asks me to finish the hMOOC course, I will do it. 

C. In the classroom, the instructor can give a summary about the 

preview of MOOC and then have a further discussion in the classroom. This kind of 

design will make me get involved in the learning. Meanwhile, if the instructor can 

give a quick answer on the platform, which is good to some students.  

F. Meanwhile, I think task type designed by the instructor will affect 

my engagement. For example, if the instructor always assigns the task like True or 

False, Multiple choice. I have no interest, as my English is poor. But if they assign 

em pirical task like searching online the im port and export of w h eat, I w ill 

immediately do it. 

“A” student indicated the important impact of instructor on her, and 

“C” student agreed with the teaching design assigned by the instructor, which may 

bring the enjoyment to them and make them invest more energy in learning. “F” 

student highlighted the impact of task type designed by the instructor on his 

engagement. However, “B” further indicated, “All the tasks assigned by the instructor 

should not be too much, which will bring high pressure to us.” and D student also 

said: “Some classmates complained that the assignment is too heavy for them to 

complete.” Accordingly, it is noted that the task assigned by the instructor should be 

controlled within the ability of learners. If there are too many tasks or they are too 

challenging, learners will lose interests and refuse to work hard. Therefore, the 

instructor plays a significant role in learner engagement, but more attention should be 

paid to the degree.  

In addition, E student made a statement. 

Q and A online is a good way to have an interaction between instructor 

and students. Maybe we have no question in the class time but find some puzzled ones 

after class. Then we can pose questions through the MOOC platform, and if the 
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instructor can give a quick response, we will feel very happy. Then we maybe have 

more questions next time.  

E student stated the quick response from the instructor not only made 

them happy but also urged them to ask more questions, which verifies the effect of 

instructor quality on learner engagement and knowledge sharing.  

As for the relational quality, respondents all pointed out the impact of 

community atmosphere. “A” student stated the unfamiliar virtual community 

prevented her from making comments, but B suggested that relaxed and natural 

atmosphere would arouse him to participate in online discussions, such  as QQ. E 

student gave a very detailed statement.  

The discussion forum with good atmosphere will make me nervous and 

excited, which drives me to watch the video more times, so that I can find a question. 

If nobody asks questions, such atmosphere will bring me a misunderstanding that I 

have mastered this unit without any question. 

Good atmosphere implies that the virtual community is a place where learners 

trust each other and feel committed, which will impact learners’ mental engagement 

and knowledge sharing behavior. However, E student told the interviewer that MOOC 

platform did not have good atmosphere. Afterwards, F explained the reason: “In many 

MOOC platforms, the discussion forum is lack of strict control. Even if some students 

copy others’ comments, nobody will prevent and punish them.” Therefore, “being 

lack of control” may affect the quality of knowledge sharing, which should arouse the 

attention of the administrator and technician.  

Combining the results of quantitative and qualitative findings, H3 -2, H6-1, 

and H6-2 are supported, which are consistent with studies such as those in J. C.-Y. 

Sun and Rueda (2012); Alka Dwivedi et al. (2019); Shao et al. (2015); Uppal et al. 

(2018). For instance, Jung and Lee (2018) proposed that teaching presence directly 

affected learner engagement while Alka Dwivedi et al. (2019) suggested that the 

promptness from the instructor to respond the queries of students on line would 

enhance learner engagement. J. Chen et al. (2007) found that teacher attitude was 

actively related to knowledge sharing behavior. Even though H3-1 is not supported, 

instructor quality significantly but negatively affected learner engagement. Just as 

what Gebre et al. (2014) indicated, instructors who preferred transmitting knowledge 
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had negative effect on learner engagement, which is applicable to the Chinese context. 

According to the report of respondents, many instructors conducted hybrid learning 

by integrating MOOC into classroom learning, but they still insist on the traditional 

teaching styles, like transmitting knowledge in the classroom, as well as designing 

more tasks through online platform. All respondents except “A” student reported they 

had invested more time and energy in hMOOC learning. Therefore, the unchanged 

teaching styles in the classroom but increased online tasks will bring the negative 

effect on learner engagement. In addition, Wangpipatwong (2009) conducted an 

investigation among university students in Bangkok and concluded that instructor 

support had no influence on knowledge sharing, which is against the finding of this 

research. The reason is due to different learning context and culture. Comparing to the 

traditional learning context for Wangpipatwong (2009), this research is under the 

context of hMOOC learning, highly involving information technology and MOOC 

resources. Besides that, Chinese students lay specific em phasis on the final 

performance in the formal higher education. The requirement from the instructor will 

influence students’ behavior in knowledge sharing as it is related to their performance 

despite that they have no emotional intention to engage in it, which is in accordance 

with the study of Liou et al. (2016) who found that anticipated extrinsic rewards such 

as academic performance would predict knowledge sharing behavior.  

To sum up, this section has discussed the relationship between presage and 

process of hMOOC learning. It is found that four predictors except content quality 

significantly predict learner engagement, explaining 75% of the variance in 

undergraduate students’ engagement in hMOOC learning (see Fig ure 4.3). By 

contrast, the five predictors all exert significant effects on knowledge sharing, 

explaining 89.9% of the variance in undergraduate students’ knowledge sharing 

behavior in hMOOC learning (see Figure 4.3).  

 

5.1.3 The Effect of Learner Engagement and Knowledge Sharing on 

Learning Product in hMOOC Learning 

This section intends to provide the answer to RQ3, which is to explore the 

relationship between learning process and product of hMOOC learners based on 

quantitative and qualitative results.   
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The learning product refers to the emotional and academic outcome of 

hMOOC learning in this research, which is accessed in two constructs: satisfaction 

and performance, providing a more comprehensive view  towards the success of 

hMOOC learning. From quantitative results, learning engagement and knowledge 

sharing have exerted a positive effect on learners’ satisfaction (β=0.366, P<0.01; 

β=0.567, P<0.01). By contrast, knowledge sharing affected academic performance 

positively (β=0.303, P<0.01), but learner engagement was found not to influence 

academic performance significantly (β=-0.160, P>0.05). Further mediation analysis 

(see Table 4.14) showed that under LE-KS-PER, learner engagement indirectly 

affected the performance through the mediator knowledge sharing with the indirect 

effect as 0.194 (P<0.01). In this research, learner engagement is conceptualized as 

psychological investment while knowledge sharing is taken as donating and absorbing 

knowledge, a behavior investment. Such results imply that even if learners intend to 

invest more energy and input into hMOOC learning psychologically, they should 

behave actively, such as engaging in knowledge sharing. The psychological intention 

should be transferred into the behavior before influencing the final performance.  

Meanwhile, the in-depth interview has provided more evidence to support the 

findings. For example, B student stated, “As for hMOOC learning, I am willing to 

invest more focus, energy, and time into it, because I think I can gain more than the 

traditional course. Most of my classmates also seldom complain about it as they know 

it is a really great course, w hich is beneficial to them .” The statem ent of B 

demonstrated the positive relationship between learner engagement (key words such 

as “focus and energy”) and satisfaction (key words such as “great course, beneficial, 

gain more”). Additionally, based on the report of the respondents, three predictors of 

engagement have been found (see Table 4.18) including cognitive engagement (such 

as energy, initiative, focus), behavior engagement (such as time investment, taking 

notes and summary, watching video, reciting knowledge), and emotional engagement 

(such as interest). This is in accordance with the prior research of Fredricks et al. 

(2004). Besides that, D student said, “In addition, the reason that I engage in the 

hMOOC course more actively is that MOOC scores occupy 50% o f the final 

performance as well as it really makes me gain some knowledge.” By connecting the 

report of her instructor, we found that D student was a hard worker, actively engaging 
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in MOOC learning with the final performance as 87 scores, taking the third place in 

the class. Therefore, the relationship between behavioral engagement and academic 

performance are found positively. Fredricks et. al (2004) once pointed out that 

behavioral engagement referred to participation and involvement in academic activity 

and social intercourse, which was essential to positive performance. However, another 

example was found from B student, who stated his willingness to more investment in 

hMOOC learning. But his instructor told the interviewer that B did quite well in 

MOOC learning, but did not gain the best performance finally, due to some factors 

like personal proficiency, learning strategies etc. Thus, cognitive engagement may not 

affect the performance positively. Furthermore, Table 4.19 illustrated the traits of 

knowledge sharing reported by the respondents were similar to those of behavior 

engagement (e.g. reading and making comments, taking part in discussion, posting 

information and etc.) but focused more on the network interaction, which is why 

knowledge sharing took the place of behavior engagement as an essential construct in 

this research. What’s more, the behavior of collecting knowledge (such as viewing or 

downloading) is more favorable to learners than that of donating knowledge (such as 

voting or commenting), which is in accordance with the study of T. K. Chiu and Hew 

(2018) in MOOC.  

Besides the above, more evidence is found concerning the relationship 

between knowledge sharing and satisfaction or performance. For example, C student 

said, “However, in SPOC platform or in a rain-classroom app, where all the enrollers 

are my classmates, I will take part in discussion. I also read other classmates’ 

comments and figure out what they are thinking and how they are analyzing the 

problem. It will enrich my experience. Furthermore, I am willing to download some 

useful MOOC resources.” C student took an active part in knowledge sharing 

including discussion or downloading resources, which had satisfied himself by 

enriching his experience. What’s more, F student made a list about his experience in 

knowledge sharing. Further interview from his instructor confirmed that his MOOC 

performance was 98, the No.1 in the class. Accordingly, the active participation in 

knowledge sharing online has affected his satisfaction and performance positively.  
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Based on the quantitative and qualitative findings, it is concluded that H7 -1, 

H7-3 and H7-4 are supported with strong evidence, but H7-2 is not completely 

supported. These results concur with the prior studies. For example, Fisher et al. 

(2018) found that learner engagement predicted satisfaction under the context of 

flipped learning while Cheng and Chau (2016) also obtained the similar results under 

the context of online learning. However, there exists a controversial statement 

concerning the relationship between learning engagement and performance in the 

previous literature. Some scholars reported the positive relationship between 

academic performance and behavioral engagement (Trang Phan, Sara G McNeil, & 

Bernard R Robin, 2016) or emotional engagement (Olivier et. al, 2019). However, 

Deng, Benckendorff, and Gannaway (2020a) gave the opposite finding that 

engagement patterns didn’t correlate with learning performance in MOOC learning, 

which accords with our research. A possible explanation is that engagement in this 

research is conceptualized as psychological investment and input including 

enjoyment, effort or energy. The mental intention should be transferred into actual 

behavior such as knowledge sharing in discussion board, so that the academic 

performance will be positively affected. Moreover, the prior studies mostly discuss 

the relationship between knowledge sharing and satisfaction in the organization field. 

For example, Jiang and Hu (2016) indicated the close relationship between knowledge 

sharing and life satisfaction while Rafique and Mahmood (2018) proposed the 

positive effect of knowledge sharing on job satisfaction in organization. Nevertheless, 

this research expands the prior research by incorporating knowledge sharing in 

education field for assessing satisfaction with hMOOC learning. The result suggests 

that knowledge sharing is beneficial to the new knowledge creation which will 

enhance the learner’s satisfaction. In the meantime, the hMOOC learners who 

engaged in donating or collecting knowledge in the discussion forums were found to 

perform better than those who did not. This is consistent with the studies of  Eid and 

Al-Jabri (2016); Nabeel Gillani and Eynon (2014). 

In short, both learner engagement and knowledge sharing positively predict 

learners’ satisfaction with hMOOC learning, explained 82.4% of the variance toward 

satisfaction (see Figure 4.3). By contrast, learner engagement and knowledge sharing 

only explained 51% of the variance towards academic performance (see Figure 4.3), 
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which indicates that there may exist some other factors affecting learners’ final 

performance in hMOOC learning.  

 

5.1.4 The Mediating Roles of Learner Engagement and Knowledge 

Sharing between Presage and Product in hMOOC learning 

This section attem pts to answer RQ4, which is to further discuss the 

interrelationship among presage, process and product factors of hMOOC learning, by 

combing the quantitative and qualitative results.  

Under quantitative analysis, it is found that learner  engagem ent and 

knowledge sharing are taken as two active mediators influencing the relationship 

between presage and product of hMOOC learning. As for MB-LE/KS-SA (see Table 

4.13), the direct effect from motivation belief to satisfaction (65.671%) is stronger 

than the two indirect effects (27.099% for indirect effect1 MB-LE-SA and 7.251% for 

indirect effec2 MB-KS-SA), indicating if learners increase their motivation belief 

towards hM OOC learning, their satisfaction will be enhanced accordingly. 

Meanwhile, learners’ motivation belief will also indirectly affect their satisfaction by 

developing their level of learner engagement and knowledge sharing. In addition, the 

mediating effect of learner engagement is stronger than that of knowledge sharing. In 

the meantime, the qualitative results also demonstrated that learners, who considered 

hMOOC learning as being valuable to their final performance and knowledge 

enhancement, would invest more time and energy in MOOC learning and take an 

active part in knowledge sharing through MOOC platform (see D and E students), 

which made them feel satisfied with hMOOC learning and concluded that such 

learning design was better than traditional learning (see E student). Such finding is 

partially in accordance with the studies of Y. Sun et al. (2020) who stated the effect of 

relationship quality on psychological engagement and Tang and Chaw (2019) who 

reported the significant impact of positive motivation on engagement in MOOC 

learning. Liu, Zhang, Qi, and Zhang (2022) revealed that learners’ intrinsic motivation 

(interest) and extrinsic motivation (perceived knowledge value) were critical to 

learner engagement, and thus improved learner satisfaction in MOOC learning, but 

failed to discuss the mediating role of learner engagement. This research is similar to 

the study of Panigrahi et al. (2020) in e-learning, but expands their research by 
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incorporating learner engagement and knowledge sharing as two mediators, which are 

significant to hMOOC learning as it constitutes various constituents in the complex e-

learning ecosystem.  

Meanwhile, as for RQ-LE/KS-SA (see Table 4.14), the direct effect (41.093%) 

in RQ-SA is weaker than the two mediating effects (48.855% for indirect effect1 RQ-

LE-SA and 17.113% for indirect effec2 RQ-KS-SA). This implies that the relational 

quality of the MOOC community will exert a direct effect on learners’ satisfaction, 

that is, the higher level of relational quality, the more satisfaction with the hMOOC 

learning. Besides that, if learners have stronger trust and commitment in MOOC 

community, they will tend to have stronger psychological initiative in engagement and 

start to donate and collect more knowledge through the interaction on MOOC 

platform, which will finally affect learners’ satisfaction. As shown in qualitative 

results, most respondents (B, D, E and F students) agreed with the importance of good 

atmosphere in MOOC discussion board. The more relaxed and vibrant atmosphere, 

the more active and frequent knowledge sharing behavior. Moreover, the mediating 

effect of learner engagement is larger than that of knowledge sharing, which denotes 

the more importance of psychological engagement in hMOOC learning. This finding 

concurs with the prior research of  Pangil and Moi Chan (2014); Tong et al. (2015) by 

stating the mediating role of knowledge sharing between organizational culture such 

as relational quality and satisfaction. However, most of the prior studies conducted the 

empirical research in organization sector. This research expands the research of 

knowledge sharing into the educational sector. By exploring the co-effects of learner 

engagement and knowledge sharing (taken as learning process) on presage and 

outcome of hMOOC learning, the interrelationship among the three phases is found 

and the holistic mechanism of the adapted 3P model are verified.  

 

5.2 Conclusion 

This section will first give a summary of research findings. Then theoretical 

and practical implications are demonstrated. Furthermore, limitation of this research is 

addressed, based on which recommendation will be provided.  

 



 153 

5.2.1 Summary  

The objective of this research was to explore undergraduate learners’ 

perceptions towards hMOOC learning and build a functioning mechanism to examine 

the predictors and products of learner engagement and knowledge sharing under the 

context of hM OOC learning. To respond this, a mixed methods design was 

implemented to address four research questions, so that a broad but in-depth survey 

will be achieved from the perspective of undergraduate learners. 

In terms of the functions of MOOC in hMOOC learning (RQ1), statistical 

analysis showed that most of Chinese learners regarded MOOC as an added value and 

driver to on-campus learning, which demonstrated the strong support of Chinese 

government and institution in fund, policy, teaching facilities etc. Qualitative results 

not only highlighted the functions of added value and driver, but also revealed a new 

function of MOOC, a connector, indicating the strong tendency of interaction between 

student-student and student-instructor in hMOOC learning.   

In terms of relationship between presage and process of hMOOC learning 

(RQ2), both quantitative and qualitative findings demonstrated the strong impact of 

personal, environmental, and social factors on learner engagement and knowledge 

sharing. If learners have firm belief in the task value of hMOOC learning, they are 

willing to exert an initiative psychologically in the learning activities and log on the 

MOOC forum to exchange information with others behaviorally. Meanwhile, 

statistical analysis revealed that content quality did not predict learner engagement 

directly but may affect it indirectly through the mediation of motivation belief, stating 

only if learner considers MOOC content in consistence with their value belief, they 

will invest in their input. System quality predicted knowledge sharing significantly 

but negatively due to other factors, such as personal preference in system (L. A. Ho & 

Kuo, 2013). Qualitative results further confirmed that some learners dislike 

centralized MOOC platform (such as China University MOOC), but preferred 

decentralized platforms (such as Bilibili platform). Additionally, both instructor 

quality and relational quality significantly predicted learner engagement and 

knowledge sharing. However, instructor quality exerted a negative effect on learner 

engagement statistically. The possible reason was found in qualitative results 

concerning the task quantity and task difficulty assigned by the instructor, which 
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should not bring too much stress to learners.  

In terms of relationship between process and product of hMOOC learning 

(RQ3), quantitative and qualitative findings both supported the positive relationship 

between learning process and product in M OOC learning. However, learner 

engagement did not significantly predict academic performance statistically. 

Qualitative finding provided the explanation in that even if learners (such as B) intend 

to work hard and enjoy the hMOOC learning, they may not obtain good performance. 

The only 51% explaining variance of learner engagement and knowledge sharing on 

performance indicated that there may exist other hidden factors affecting the result 

such as personality (Alkış & Temizel, 2018), anxiety in final examination (Cassady & 

Johnson, 2002), and completion rate of MOOC (Deng et al., 2019). 

In terms of interrelationship between presage, process and product of hMOOC 

learning (RQ4), both quantitative and qualitative results yielded that learner 

engagem ent and know ledge sharing are two active m ediators affecting the 

relationship between motivation belief and satisfaction, relational quality and 

satisfaction. As for MB-LE/KS-SA, the direct effect from motivation belief to 

satisfaction is stronger than the two indirect effects (MB-LE-SA and MB-KS-SA). As 

for RQ-LE/KS-SA, the direct effect from relational quality to satisfaction is weaker 

than the two indirect effects (RQ-LE-SA and RQ-KS-SA).  

To sum up, hMOOC can be regarded as a complex ecosystem involving online 

and offline learning, where learner engagement and knowledge sharing are taken as 

centers of learning process, which is predicted by personal, environmental, and social 

factors, and affect learners’ emotional and academic outcome. It is essential to make a 

broad and in-depth survey, the result of which will provide a comprehensive 

understanding toward the hMOOC success.  

 

5.2.2 Implication  

This research has made four important theoretical contributions to the 

hMOOC literature. First, the adapted 3P model was built as an integrated framework 

for non-traditional hMOOC learning (integrating MOOC into classroom learning), 

which was based on Biggs’ 3P model of Teaching and Learning (1993, 2003) in 

traditional higher education. Personal, environmental, and social factors are regarded 
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as predeterminants in the presage by integrating the theory of expectancy value, IS 

success model, social capital theory, which have enriched the connotation of presage 

in hMOOC learning. Second, learner engagement was taken as a center of learn ing 

process, as well as knowledge sharing which are originally applied in organization 

sector and seldom discussed in education sector. The two constructs are the first time 

taken as two mediators indicating the psychological and behavioral investment in the 

hMOOC research, which has expanded the prior research. Third, emotional and 

academic variables are both adopted to examine the outcome of hMOOC learning, 

which will provide more efficient and integrated ways to assess the product of 

hMOOC learning (Deng et al., 2019). Fourth, a functioning mechanism has been built 

to explore the interrelationship among presage, process and product of hMOOC 

learning, by mixing quantitative and qualitative survey, which will provide a 

comprehensive view in exploring the quality of hMOOC learning. 

Meanwhile, the findings also inform some implications for administrators, 

instructors, MOOC designers, technicians, and learners in the field of education for 

conducting MOOC and hMOOC learning. For administrators, strong support should 

be provided to MOOC constructions and their application into the higher education, 

as online learning or blended learning are still novel to some undergraduate students, 

particularly in soft discipline. Based on the report of respondents, there are more 

MOOCs related to hard discipline such as science, computer, or engineer in Chinese 

universities. Nevertheless, fewer MOOCs are applicable to soft discipline students, so 

more encourage and help should be offered to them for improving their skills in using 

MOOC system and acceptance to blended learning styles. For instructors, attention 

should be paid to the hMOOC design including percentage of MOOC and classroom 

learning (more classroom learning hours are favorable to learners), functions of 

MOOC in hMOOC learning (more teacher-student interaction between online and 

offline is popular with learners), and close connection between MOOC learning and 

classroom learning. Furthermore, task difficulty, task quantity and task type should 

not go beyond the acceptance of learners, otherwise, they will bring high pressure to 

learners, reversely affecting the engagement in hMOOC learning. As the results 

highlights the importance of learning engagement and knowledge sharing in learning 

process, both of which affect the outcome of hMOOC learning, instructors should be 
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in a position to provide extra support and scaffolding to learners who have problems 

in psychological engagement or behavioral knowledge sharing. For MOOC 

designers, they should carefully sort, condense and refine the resources which lead to 

the rich and concise video or audio while discussion topics should be opened and 

involve brainstorming and quizzes in diverse forms and under stricter management, so 

as to avoid repeated or low-quality response. For technicians, focus should be laid on 

upgrading the system and designing synchronous and decentralized discussion 

forums, which will enhance the participation and interaction of more learners. For 

learners, they should improve their technical skills in using MOOC and other IS 

system as well as enhance the self-directed learning ability. As long as learners can 

manage their own learning and understand the actual benefits hMOOC learning may 

bring, they will engage more time, focus, energy and strategies in such hybrid 

learning.  

 

5.2.3 Limitation and Recommendation 

Although this study has presented a rigorous picture of the mechanisms 

exploring the predictors and outcomes of learner engagement and knowledge sharing 

in hMOOC learning, there were still some limitations. First, this research is conducted 

only in Fujian Province in China. Participants from different geographical and cultural 

backgrounds may have different experiences with hMOOC learning. As such, the 

generalization of these research findings should be performed with caution. Further 

study can be conducted toward the whole country in China or make a cross-country 

comparison by taking cultural factors into consideration. Second, despite mixed 

methods were adopted based on questionnaire and semi-structured interview for 

achieving a broad and in-depth survey, all the data was collected from the self-report 

of learners, which cannot avoid subjective bias toward hMOOC learning. For 

example, the self-reported performance may not reflect learners’ actual performance. 

Therefore, a longitudinal study can be employed in the future by observing the 

hMOOC learning class for at least one semester. One or two MOOCs will be taken 

and integrated into the classroom learning as a case study for at least one or two 

semesters. Thereafter, various data collection methods can be conducted including 

questionnaire, classroom observation, reflection log of learners, and in -depth 
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interview with instructors, administrators, online and offline learners, so that the 

actual performance will be collected and the causal relationships among the measured 

variables will be further tested. Third, personal factor is one of the most important 

dimensions affecting hMOOC learning. However, only one construct (motivation 

belief) is taken as personal factor in this study, which is not enough to overall reflect 

students’ characteristics. More personal constructs can be included as personal factors, 

such as personal habit, personal ability, personal technical preference and learning 

styles.  
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APPENDIX A 

 

Questionnaire 

  



 

 

Dear Respondents, 

I am currently taking my PHD at International College of NIDA, Thailand. I 

am conducting a study on “Factors Influencing the hMOOC Learners’ Engagement 

and Knowledge sharing Based on An Adapted 3P Model: The Case Study of Fujian 

Province, China”. hMOOC refers to a hybrid course which integrates MOOC into the 

classroom learning in the university. If you are an undergraduate student currently 

studying in a university of Fujian, I would like to request your participation in my 

study by completing the following questionnaire.  

This questionnaire is completely anonymous, and whatever information you 

provide here will be kept in complete confidentiality. Please answer the following 

questions as honestly as possible. There are no right or wrong answers. Thank you 

very much for your help. 
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Part I. Personal Information 

 

1. Gender             □ Male     □ Female 

2. Age _____ years old 

3. Are you an undergraduate student?  □ Yes     □ No  

If you say yes, please continue the following survey.  

4. The name of your university_____________ 

5. Your current grade    □ Year 1 □ Year 2  □ Year 3  □ Year 4 

6. Your major ______________ 

7. Your major belongs to ______ 

□ soft discipline  □ hard discipline 

If your major is soft discipline, please continue the following questionnaire.  

8. Have you ever attended hybrid MOOC learning, that is integrating MOOC into 

classroom learning?  

□ Yes       □ No  

9. If you say yes, can you tell me how many hybrid MOOCs have you ever joined? 

_______ 

Please write down one of hybrid MOOCs you like most_________ 

10. What are the percentage between MOOC and classroom learning for the hybrid 

MOOC you named?  

□ 80% above for MOOC learning and 20% below for classroom learning 

□ 51%-79% for MOOC learning and 49%-21% for classroom learning 

□ 50% for MOOC learning and 50% for classroom learning 

□ 49%-21% for MOOC learning and 50%-79% for classroom learning 

□ 20% below for MOOC learning and 80% above for classroom learning 

11. Which MOOC platform are you mostly recommended to use when taking a hybrid 

MOOC learning?    

□ Icourse  □ Xuetang X  □ Chaoxing Online  □Others ________ 

12. Which IS tool are you mostly recommended by instructors to use when taking a 

hybrid MOOC learning?  

□ Rain classroom  □ Mu Classroom  □ Xuexitong  □ Others _______ 
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13. Which level of MOOC do you often use when taking a hybrid MOOC learning? 

□ national level of MOOC □ Provincial level of MOOC  

□ university level of MOOC □ Others _______ 

14.  What are the functions of MOOC for your hybrid MOOC learning? 

□ MOOC as service 

□ MOOC as replacement 

□ MOOC as added value 

□ MOOC as a driver 

15. As for the hMOOC you like most, what range of scores did you get (including 

MOOC final score and final examination of classroom learning) 

□ < 60%    

□ 60%-69%   

□ 70%-79%   

□ 80%-89%  

□ > 90% 

 

Part II. Predictors and products of the learner engagement and satisfaction. 

 

Direction: The following statements reflect some factors affecting your learner 

engagement and satisfaction. Please read each item carefully and circle the 

appropriate number in the box.  

 

1 = strongly disagree; 2 = Disagree; 3 = Neutral; 4 = Agree; 5 = Strongly Agree 

Dimension Items 1 2 3 4 5 

Motivation 

belief 

1. I am very interested in the content of 

the hybrid MOOC. 

     

2. Completing this hMOOC course moved 

me closer to attaining my career goals. 

     

3. The knowledge I gained by taking this 

hMOOC course can be applied in many 

different situations. 
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Dimension Items 1 2 3 4 5 

4. This hMOOC can provide a lot of 

practical information to me. 

     

Content 

quality  

5. MOOC content in the system is up-to-

date. 

     

6. MOOC content in the system have 

sufficient resources required for me to 

complete the learning process.  

     

7. MOOC content is in a variety of forms 

– audio, video, texts, etc. 

     

8. The content of the course materials 

provided by the MOOC platform or other 

IS tools is complete. 

     

9. The content of the course materials 

provided by the MOOC platform other IS 

tools is easy to comprehend. 

     

10. The MOOC content that has been 

presented in the system helps me to better 

understand the course in the classroom. 

     

System 

quality  

11. IS system (MOOC platform or other 

apps) provides prompt responses to my 

request. 

     

12. IS system (MOOC platform or other 

apps) provides right solution to my 

request. 

     

13. IS system (MOOC platform or other 

apps) includes the contact information of 

technical personnel. 

     

14. IS system (MOOC platform and other 

apps) is well designed. 

     

15. IS system (MOOC platform and other      
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Dimension Items 1 2 3 4 5 

apps) can quickly load all the text and 

graphics 

16. IS system (MOOC platform and other 

apps) is easily navigated and functioned. 

     

Instructor 

quality  

17. hMOOC Instructors answer students' 

questions thoroughly through MOOC 

platform or other app. 

     

18. hMOOC Instructors pay attention and 

care for students on MOOC and in the 

classroom. 

     

19. hMOOC Instructors understand and 

respond to student needs quickly and 

efficiently on MOOC and in the 

classroom. 

     

20. hMOOC Instructors encourage and 

motivate students to do their best on 

MOOC and in the classroom. 

     

21. Instructors have knowledge in their 

fields. 

     

22. Instructors have an understanding of 

the materials provided on MOOC. 

     

Relational 

quality  

23. I know most of the learners attending 

the hMOOC learning will do everything 

within their capacity to help others. 

     

24. I know learners in the hMOOC 

learning community are truthful in dealing 

with one another. 

     

25. I feel a sense of belonging towards the 

MOOC and other app system. 
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Dimension Items 1 2 3 4 5 

26. I am proud of being a member of the 

hMOOC system. 

     

Knowledge 

sharing 

27. I share information I have with others 

through the MOOC or other IS 

community. 

     

28. There are a lot of people viewing 

discussions in the MOOC or other IS 

community. 

     

29. There are a lot of people providing 

responses to discussions in the MOOC or 

other IS community. 

     

 30. I share new content and knowledge or 

post it frequently through the MOOC and 

other IS community. 

     

Learner 

engagement 

31. When participating in hMOOCs, what 

I do really enjoys me.  

     

32. When participating in hMOOCs, I am 

enthusiastic about my work. 

     

33. When participating in hMOOCs, my 

work is personally fulfilling. 

     

34. When participating in hMOOCs, I 

often put more effort into my work than is 

required. 

     

35. When participating in hMOOCs, I 

often take extra initiative to get things 

done. 

     

36. When participating in hMOOCs, I 

often take extra focus to get things done. 

     

Satisfaction 37. Bring together face-to-face and 

MOOC learning enables me to 
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Dimension Items 1 2 3 4 5 

accomplish tasks more quickly. 

38. I felt a sense of satisfaction about this 

hybrid MOOC learning. 

     

39. hMOOC learning approach can be 

used to supplement traditional classroom 

approach. 
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English Version 
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Dear Respondents, 

I am currently taking my PHD at International College of NIDA, Thailand. I 

am conducting a study on “Factors Influencing the hMOOC Learners’ Engagement 

and Knowledge sharing Based on An Adapted 3P Model: The Case Study of Fujian 

Province, China”. hMOOC refers to a hybrid course which integrates MOOC into the 

classroom learning in the university. If you are an undergraduate student currently 

studying in a university of Fujian, I would like to request your participation in my 

study by completing the following questionnaire.  

This questionnaire is completely anonymous, and whatever information you 

provide here will be kept in complete confidentiality. Please answer the following 

questions as honestly as possible. There are no right or wrong answers. Thank you 

very much for your help. 
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Part I. Personal Information.  

 

1. Gender             □ Male     □ Female 

2. Age _____ years old 

3. Are you an undergraduate student?  □ Yes     □ No  

If you say yes, please continue the following survey.  

4. The name of your university_____________ 

5. Your current grade    □ Year 1 □ Year 2  □ Year 3  □ Year 4 

6. Your major ______________ 

7. Your major belongs to ______ 

□ soft discipline □ hard discipline 

If your major is soft discipline, please continue the following questionnaire.  

8. Have you ever attended hybrid MOOC learning, that is integrating MOOC into 

classroom learning?  

□ Yes     □ No  

9.  If you say yes, can you tell me how many hybrid MOOCs have you ever joined? 

_______ 

Please write down one of hybrid MOOCs you like most_________ 

10. What are the percentage between MOOC and classroom learning for the hybrid 

MOOC you named?  

□ 80% above for MOOC learning and 20% below for classroom learning 

□ 51%-79% for MOOC learning and 49%-21% for classroom learning 

□ 50% for MOOC learning and 50% for classroom learning 

□ 49%-21% for MOOC learning and 50%-79% for classroom learning 

□ 20% below for MOOC learning and 80% above for classroom learning 

11. Which MOOC platform are you mostly recommended to use when taking a hybrid 

MOOC learning?    

□ Icourse  □ Xuetang X □ Chaoxing Online  □ Others ________ 

12. Which IS tool are you mostly recommended by instructors to use when taking a 

hybrid MOOC learning?  

□ Rain classroom   □ Mu Classroom  □ Xuexitong  □ Others _______ 
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13. Which level of MOOC do you often use when taking a hybrid MOOC learning? 

□ National level of MOOC □ Provincial level of MOOC  

□ University level of MOOC □ Others _______ 

14.  What are the functions of MOOC for your hybrid MOOC learning? 

□ MOOC as service 

□ MOOC as replacement 

□ MOOC as added value 

□ MOOC as a driver 

15. As for the hMOOC you like most, what range of scores did you get (including 

MOOC final score and final examination of classroom learning) 

□ < 60% 

□ 60%-69% 

□ 70%-79%  

□ 80%-89%  

□ > 90%  

 

Part II. Predictors and Products of the Learner Engagement and Knowledge 

Sharing 

 

Direction: The following statements reflect some factors affecting your learner 

engagement and satisfaction. Please read each item carefully and circle the 

appropriate number in the box.  

 

1 = strongly disagree; 2 = Disagree; 3 = Neutral; 4 = Agree; 5 = Strongly 

Agree 

 

Dimension Items 1 2 3 4 5 

Motivation 

belief 

1. I am very interested in the content of 

the hybrid MOOC. 

     

2. Completing this hMOOC course moved 

me closer to attaining my career goals. 

     

3. The knowledge I gained by taking this      
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Dimension Items 1 2 3 4 5 

hMOOC course can be applied in many 

different situations. 

4. This hMOOC can provide a lot of 

practical information to me. 

     

Content 

quality  

5. MOOC content in the system is up-to-

date. 

     

6. MOOC content in the system have 

sufficient resources required for me to 

complete the learning process.  

     

7. MOOC content is in a variety of forms 

– audio, video, texts, etc. 

     

8. The content of the course materials 

provided by the MOOC platform or other 

IS tools is complete. 

     

9. The content of the course materials 

provided by the MOOC platform and 

other IS tools is easy to comprehend. 

     

System 

quality  

10. IS system (MOOC platform or other 

apps) provides prompt responses to my 

request. 

     

11. IS system (MOOC platform or other 

apps) provides right solution to my 

request. 

     

12. IS system (MOOC platform or other 

apps) includes the contact information of 

technical personnel. 

     

Instructor 

quality  

13. hMOOC Instructors answer students' 

questions thoroughly through MOOC 

platform or other app. 

     

14. hMOOC Instructors pay attention and      
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Dimension Items 1 2 3 4 5 

care for students on MOOC and in the 

classroom. 

15. hMOOC Instructors understands and 

responds to student needs quickly and 

efficiently on MOOC and in the 

classroom. 

     

16. hMOOC Instructors encourage and 

motivate students to do their best on 

MOOC and in the classroom. 

     

Relational 

quality  

17. I know most of the learners attending 

the hMOOC learning will do everything 

within their capacity to help others. 

     

18. I know learners in the hMOOC 

learning community are truthful in dealing 

with one another. 

     

19. I feel a sense of belonging towards the 

MOOC and other app system. 

     

20. I am proud of being a member of the 

hMOOC system. 

     

Knowledge 

sharing 

21. I share information I have with others 

through the MOOC or other IS 

community. 

     

22. There are a lot of people viewing 

discussions in the MOOC or other IS 

community. 

     

23. There are a lot of people providing 

responses to discussions in the MOOC or 

other IS community. 

     

Learner 

engagement 

24. When participating in hMOOCs, what 

I do really enjoys me.  
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Dimension Items 1 2 3 4 5 

25. When participating in hMOOCs, I am 

enthusiastic about my work. 

     

26. When participating in hMOOCs, my 

work is personally fulfilling. 

     

27. When participating in hMOOCs, I 

often put more effort into my work than is 

required. 

     

28. When participating in hMOOCs, I 

often take extra initiative to get things 

done. 

     

Satisfaction 29. Bring together face-to-face and 

MOOC learning enables me to 

accomplish tasks or goals more quickly. 

     

30. I felt a sense of satisfaction about this 

hybrid MOOC learning. 

     

31. Hybrid MOOC learning approach can 

be used to supplement traditional 

classroom approach. 

     

 

 



 

 

 

 

 

 

 

 

 

 

 

 

 

 

APPENDIX C 

 

Chinese Version 

 



 

 

问卷调查 

同学: 

 

您好！本人目前在攻读博士学位，正在进行一项关于“福建省高校混合

式慕课学习者学习投入度和知识共享的影响因素”的研究。混合式慕课指把慕

课应用于课堂学习，而开展的混合式课程。如果您是福建省某高校的在读本科

学生，非常欢迎您参加本次调查。 

本问卷完全匿名，您提供的任何信息都是保密的。因此请您根据实际情

况对问卷进行回答，答案没有对错之分。非常感谢您的支持！ 
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第一部分: 个人信息 

 

1. 性别    

□ 男  □女 

2. 年龄 ___________   

3. 您是在读本科生吗？  

□ 是  □否 

 如果您是在读本科生，请继续以下内容的回答。 

4. 您就读的大学______________________________________ 

5. 您所在年级:  

□ 大一  □ 大二  □大三  □大四 

6. 您所学专业 _______________________________________ 

7. 您所学专业属于:  

□ 文 □ 理科 

如果您所学专业属于文科专业，请继续一下内容的回答。 

8. 您是否参与过混合式慕课学习，即授课教师把在线慕课（MOOC)与课堂学

习进行融合？  

□ 是 □ 否 

9. 如果您确实参加过混合式慕课学习，那么您曾经参加过多少门此类课程学习？ 

___________________________________________________________ 

请您写下印象最深的一门混合式课程的名称__________________________ 

10. 对于您印象最深的那门混合式课程，线上线下课时占比分别是多少？ 

□ 80% 以上在线慕课学习以及 20% 以下课堂学习 

□ 51%-79% 在线慕课学习以及 49%-21% 课堂学习 

□ 50%在线慕课学习以及 50%课堂学习 

□ 49%-21% 在线慕课学习以及 50%-79%课堂学习  

□ 20%以下在线慕课学习以及 80% 以上课堂学习  
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11. 当您参加混合式慕课学习时，老师推荐的慕课平台是: 

□ 爱课程中国大学 MOOC 

□ 学堂在线 

□ 超星学银在线 

□ 其它 ____________ 

12. 当您参加混合式慕课学习时, 老师推荐的辅助课堂学习软件是: 

□ 雨课堂  □ 慕课堂 □ 学习通 □ 其它 _______ 

13. 对于您印象最深的那门混合式课程，所使用的慕课等级是： 

□ 国家级精品在线开放课程 □ 省级精品在线开放课程 

□ 校级精品在线开放课程 □ 教师自制课程资源 

14. 当您参加混合式慕课学习时, 您认为在线慕课所起的作用是： 

□ 慕课与课程内容无关, 仅仅起到拓展知识面的作用。 

□ 慕课课程内容完全与线下课程内容一致, 可以替代课堂学习。 

□ 慕课课程内容虽然与线下课程内容不完成一致, 但可以很好的补充课堂知

识，提高课堂学习的效果。 

□ 慕课课程内容与线下课程内容比较一致, 课堂授课以慕课课程的知识结构

为核心, 围绕慕课知识点在课堂进行进一步的拓展提升。 

15. 对于你印象最深的那门混合式慕课课程, 您的最终成绩（含慕课以及期末课

堂成绩）在如下哪个范围内？  

□ < 60%    

□ 60%-69%   

□ 70%-79%   

□ 80%-89%  

□ > 90%  
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第二部分: 影响学习投入度和知识共享的因素调查 

 

以下题项包括学习投入度以及知识共享的维度以及他们的影响因素。请

仔细阅读每一题项，并在您认为符合实际情况的题项上打√。 

 

1 = 强烈反对;  2 = 不同意; 3 = 中立;  4 = 同意; 5 = 非常同意 

因子 题项 1 2 3 4 5 

动机信念 1. 我对这门混合式慕课内容很感兴趣。      

2. 完成这门混合式慕课课程的学习有利于实现我的职业目

标。 

     

3. 通过这门混合式慕课课程的学习所获得的知识可以应用

于各 个方面。 

     

4. 这门混合式慕课可以提供许多实用信息。      

内容质量  5. 慕课平台系统上这门慕课内容较新。      

6. 慕课平台系统上提供的这门慕课资源丰富，有助于我完

成本课程学习。 

     

7. 慕课平台系统上提供的这门慕课资源形式多样，包括音

频, 视频和文本等。 

     

8. 平台系统上（含慕课平台以及其它辅助学习平台）提供

的这门慕课资源内容丰富和全面。 

     

9. 平台系统上（含慕课平台以及其它辅助学习平台）提供

的这门慕课资源内容易于理解。 

     

系统质量  10. 平台系统上（含慕课平台以及其它辅助学习平台）能够

及时回应我的请求。 

     

11. 平台系统上（含慕课平台以及其它辅助学习平台）能够

及时解决我的技术问题。 

     

12. 平台系统上（含慕课平台以及其它辅助学习平台）能够

提供技术人员的联系方式。 

     

教师质量  13. 混合式慕课授课教师在慕课平台以及其它辅助学习平台

都能够认真回答学生问题。 

     

14. 混合式慕课授课教师在平台以及课堂上都能够 

关爱学生。 
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因子 题项 1 2 3 4 5 

15. 混合式慕课授课教师在平台以及课堂上都能够迅速有效

回应学生需求。 

     

16. 混合式慕课授课教师在平台以及课堂上都能够 

激励学生努力学习。 

     

关系质量 17. 我知道大多数参加混合式慕课学习者都会尽其 

所能帮助他人。 

     

18. 我知道混合慕课学习社区中的学习者相互之间 

会真诚交流。 

     

19. 在混合式慕课学习社区中我有一种归属感。      

20. 我很自豪能够成为二混合式慕课学习社区一 

员。 

     

知识共享 21. 我会通过慕课学习平台以及其它学习社区与他 

人分享知识。 

     

22. 很多同学会观看慕课学习平台以及其它学习社 

区的讨论。 

     

23. 很多同学会对慕课学习平台以及其它学习社区 

的讨论进行回复。 

     

学习者参与

度 

24. 参加混合式慕课学习时，我所做的一切让我很开心。       

25. 参加混合式慕课学习时，我对各类学习活动很感兴趣。      

26. 参加混合式慕课学习时，参与各类学习活动让我充实。      

27. 参加混合式慕课学习时，我经常会付出更多努力完成学

习。 

     

28. 参加混合式慕课学习时，我经常会特别主动完成学习任

务。 

     

满意度 29. 课堂学习与慕课学习的混合让我能够更有效完成学习任

务。 

     

30. 我很满意混合式慕课学习方式。      

31. 混合式慕课学习可以弥补传统课堂学习的不    

足。 
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